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ABSTRACT

Accounting information is an integral part of the information set used by investors. However,
accrual based accounting earnings are susceptible to earnings management. Investors are con-
cerned about earnings management since earnings management can distort reported earnings
and they may make decisions that they otherwise would not have made. The purpose of this
thesis is to examine the impact of earnings management on the informativeness of reported
earnings about firm value and analysts’ forecasts.

Chapter 2 develops an earnings management model and examines the impact of earnings
management on income smoothing and the earnings response coefficient. Chapter 3 critically
reviews the existing discretionary accrual models and discusses the measurements of earn-
ings management and income smoothing, which are used in the subsequent empirical chap-
ters. Chapter 4 empirically examines the impact of earnings management on the_ earnings
response coefficient after controlling either for the smoothness of pre-managed earnings or for
the smoothness of reported earnings. Firms are further decomposed into income smoothing and
variance-increasing earnings management firms and the same analyses are repeated. Chapter
5 examines tﬁe impact of smoothness of reported earnings and earnings management on the
equilibrium démand for analysts’ services and the‘ properties of analysts’ forecasts.

This thesis contributes to our understanding of the impact of earnings management on firm
value and analysté’ forecasts by providing empirical evidence consistent with the hypothesis
that the financial market and analysts are aware of the nature of a firm’s discretionary accrual
policy, and use their beliefs about the firm’s discretionary accrual policy in assessing firm value

and deciding whether to follow the firm.
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Chapter 1

Introduction

Accrual based earnings are criticized because reported earnings are susceptible to earnings
management. The flexibility of Generally Accepted Accounting Principles (GAAP) gives
managers some discretion over accounting accruals. If this discretion is exercised to its ex-
treme, then the resulting accrual based earnings can be uninformative about firm value (Schip-
per (1989)). It is an empirical question whether earnings management decreases the informa-
tiveness of reported earnings about firm value. However, the understanding of the nature of
earnings management has an important policy implication with respect to uniformity versus
flexibility’ in accounting standard setting (Subramanyam (1996)). If the flexibility of GAAP is
opportunistically used and consequently impairs the usefulness of reported earnings in assess-
ing firm value, then accounting standard setters may want to choose uniformity over flexibility.
Investors are also concerned about earnings management since earnings management can dis-
tort reported earnings and they may make decisions that they otherwise would not have made
(Rosenzweig and Fischer (1994)).

Even if accrual based earnings are subject to manipulation, it is well documented that ac-
crual based earnings have a higher association with stock returns than cash based earnings (e.g.,

Rayburn (1986) and Dechow (1994)). Recent earnings management studies further decompose

accounting accruals into the non-discretionary (normal) and discretionary components. Ac-
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cording to Healy (1985), “non-discretionary accruals are accounting adjustments to the firm’s
cash flows mandated by accounting standard-setting bodies” while “discretionary accruals are
adjustments to cash flows selected by the manager.”! The superiority of accrual based account-
ing earnings in aSsessing firm value to operating cash flows may imply that non-discretionary
accruals are useful for valuation. However, it is not clear whether discretionary accruals are
informative or not. By definition, discretionary accruals are arbitrarily determined by man-
agers or the firm. The usefulness of discretionary accruals for valuation depends on the nature
of discretionary accruals. If discretionary accruals are correlated with or influenced by value
relevant information which is not known to investors, then discretionary accruals will be useful
for valuation. Otherwise, discretionary accruals can be viewed as noise. The latter case raises
a question about the flexibility of GAAP.

Most empirical earnings management studies take either an infdrmation or an opportunis-
tic perspective about earnings management (Jiambalvo (1996)). The information perspective
emphasizes that managers use the flexibility of accrual accounting to communicate their pri-
vate value relevant information whereas the opportunistic perspective emphasizes that man-
agers manage earnings to maximize their expected utility. Rather than taking one of these
perspectives, this thesis takes the view that all earnings management is opportunistic.? How-
ever, depending on the incentives faced by managers, some earnings management can be more
(or less) informative than others. Consistent with other earnings management studies (e.g.,
Healy (1985), Jones (1991), and DeFond and Park (1997)), this thesis assumes that earnings
management is implemented through the selection of discretionary accruals, and examines the

impact of earnings management on the informativeness of reported earnings about firm value

!'See chapter 2 for a discussion about the conceptual framework of the non-discretionary and discretionary
accruals.

2If we view managers as always acting in their own interests, then all earnings management is inherently
opportunistic.
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and analysts’ forecasts.

The thesis is organized as follows. Chapter 2 develops an earnings management model
based on Feltham and Ohlson (1996), and examines the impact of earnings management on
income smoothing and the earnings response coefficient. Income smoothing is defined as a type
of earnings management that induces a decrease in the ex-ante variance of unexpected earnings.
It is shown that information enhancing earnings management leads to income smoothing only
when income smoothing unravels the transient component of an earnings shock. It is also
shown that the earnings response coefficient, which is defined as the coefficient on unexpected
earnings regressed against share returns, is higher for more informative earnings management
than that for less informative earnings management. The implications of income smoothing for
earnings response coefficients are empirically examined in chapter 4.

Chapter 3 critically reviews the existing discretionary accrual models, focusing on the
Jones (1991) model and its variants. The strengths and weakness of the Jones model and
its variants are discussed and a possible improvement is suggested. This chapter discusses the
measurements of earnings management and income smoothing, which are used in the subse-
quent empirical chapters.

Chapter 4 empirically examines the impact of earnings management on the earnings re-
sponse coefficient (ERC) after controlling either for the smoothness of pre-managed earnings®
or for the smoothness of reported earnings. It is found that the ERC is an increasing function
of the degree of income smoothing. Firms are further decomposed into income smoothing and
variance-increasing earnings management firms. For the income smoothing firms, it is found
that income smoothing increases the stock price reaction to unexpected earnings. However, for

the variance-increasing earnings management firms, the hypothesis that variance-increasing

3Pre-managed earnings are defined as reported earnings minus discretionary accruals (see chapter 2 for de-
tails).
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earnings management decreases the stock price reaction to unexpected earnings is not sup-
ported by the data.

Chapter 5 examines the impact of earnings management on the equilibrium demand for
analysts’ services and the properties of analysts’ forecasts. When the demand for analysts’
services for a given firm is proxied for by the number of analysts following the firm, it is found
that the number of analysts flowing is a decreasing function of the measure of smoothness of
reported earnings. After controlling for the smoothness of reported earnings, it is found that
the number of analysts following is a decreasing function of the degree of income smoothing.
With respect to other properties of analysts” forecasts, it is found that smooth income decreases
dispersion, forecast error, and revision volatility. -

This thesis contributes to two strands of accounting research. First, this thesis contributes
to the earnings response coefficient literature by showing that earnings management is an im-
portant factor determining the magnitude of the earnings response coefficient. Second, this
thesis contributes to the analysts’ forecasts literature by showing that the demand for analysts’
services is negatively associated with the degree of smoothness of reported earnings and in-
come smoothing. The empirical evidence of this thesis is consistent with the hypothesis that
the financial market and analysts are aware of the nature of a firm’s discretionary accrual pol-
icy, and use their beliefs about the firm’s discretionary accrual policy in assessing firm value
and deciding whether to follow the firm. This thesis will contribute to our understanding of the

impact of earnings management on firm value and analysts’ forecasts.



Chapter 2

An Earnings Management Model

2.1 Introduction

Since Ball and Brown (1968), many accounting studies have reported the positive.relationship
between accounting earnings and stock returns. The earnings response coefficient literature
goes beyond the simple sign test, and examines the magnitude of the change in a stock’s price
in response to a release of accounting earnings. It is well documented that the earnings re-
sponse coefficient, which is defined as the coefficient on unexpected earnings regressed against
unexpected share returns, is affected by many factors including the cost of capital, firm size,
earnings predictability, etc.! In particular, the more persistent the earnings shock, the higher the
earnings response coefficient (e.g., Collins and Kothari (1989), Easton and Zmijewski (1989),
and Kormendi and Lipe (1987)). If an earnings shock is temporary, then its impact on stock
returns is weak since the shock does not repeat in the future. Furthermore, if an earnings shock
is not relevant for valuation, i.e., is pure noise, then the earnings shock will have no influence
on stock returns. In that sense, earnings with a low earnings response coefficient are defined to
have low information content.

Under an accrual based accounting system, managers have some discretion in reporting

!See the chapter 4 of Brown (1994) for a good summary.
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earnings through accounting accruals. In this thesis, accounting accruals are decomposed into
non-discretionary (normal) and discretionary accruals. Discretionary accruals are chosen by
management and can be viewed as total accruals minus non-discretionary accruals. Total ac-
cruals equal reported earnings minus cash flows. The problem is that the concept of non-
discretionary accruals or normal accruals is not well defined theoretically, and is particularly

problematic to measure empirically. For example, Healy (1985, p. 89) states that:

“Non-discretionary accruals are accounting adjustments to the firm’s cash flows
mandated by accounting standard-setting bodies (e.g., the Securities Exchange
Commission and the Financial Accounting Standards Board). --- Discretionary
accruals are adjustments to cash flows selected by the manager. The manager
chooses discretionary accruals from an opportunity set of generally accepted pro-

cedures defined by accounting standard-setting bodies.”

It is not clear what adjustments accounting standard-setting bodies mandate. Generally
Accepted Accounting Principles allow a wide range of alternatives for a transaction or an eco-
nomic event. In many cases, it is hard to determine which accounting method among alter-
natives is the most appropriate. Different people will often make different judgments about
the proper accounting treatment depending on the information available to them. Since man-
agers are usually better informed about the business than others, they can make a better judg-
ment about the proper accounting method and accounting estimates. That is a reason why
GAAP leaves the choice of accounting method to managers. A problem with leaving the se-
lection of accruals to managers is that their judgment is influenced by incentives such as their
bonus, thereby leading them to make inappropriate accounting choice. Conceptually, non-
discretionary accruals may be defined as accruals a panel of impartial professional accountants

might agree to implement if they have access to the same information available to managers.

Since a third party does not have the same information as managers, it is very difficult (or im-
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possible) to determine what is the most appropriate accounting treatment for a transaction or
an economic event.

Under informational asymmetry, the determination of ﬁon-discretionary accruals is con-
strained by the availability of information and the adopted non-discretionary accrual model.
For example, the Jones (1991) model, which is one of the most widely used non-discretionary
accrual models in empirical earnings management studies, uses only the change in sales and
gross property, plant, and equipment, and effectively ignore other information. Under the Jones
model, discretionary accruals fnay contain some accruals which might be recognized as non-
discretionary accruals if researchers had access to the same information available to managers.
Similarly, non-discretionary accruals may contain some accruals which might be recognized
as discretionary accruals if researchers had the same information as managers. For example,
assume that a firm expects an abnormally high level of uncollectible accounts, and that man-
agers set up the above normal allowance for doubtful accounts. Without the information about
the collectibility of doubtful accounts, the Jones model will misclassify those accruals as dis-
cretionary. On the other hand, if the same firm does not consider the information in setting up

_the allowance for doubtful accounts, then the Jones model misclassifies discretionary accruals

as non-discretionary accruals. In this thesis, non-discretionary accruals are defined as expected
(or normal) earnings based on the information available to investors or researchers. Note that
this definition does not assume that investors have access to the same information as managers.
Therefore, some non-discretionary accruals are classified as discretionary since investors do
not have access to the same information as managers.

Accounting accruals can be viewed as consisting of three components. The first compo-
nent consists of adjustments based on publicly available information. The second component
consists of adjustments based on management private information. The third component con-

sists of adjustments made due to management’s personal incentives. Most people will agree

that the first component of accrual adjustments should be classified as non-discretionary and
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the last component should be classified as discretionary. However, it is not clear whether
the second component should be classified as non-discretionary or discretionary accruals. If
non-discretionary accruals are defined as in Healy (1985), then the second component will be
classified as non-discretionary since a panel of impartial professional accountants will make
such ac\ljustments. But, under information asymmetry, the second component cannot be iden-
tified. Therefore, this thesis treats the second component as discretionary accruals. That is,
non-discretionary accruals consist of accrual adjustments that might be made by a panel of
impartial professional accountants based on publicly available information. Observe that dis-
cretionary accruals are composed of adjustments to accruals to reflect management private
information (adjustments that would be made by a “panel”) and manipulation due to manage-
ment’s personal incentives (would not be made by a “panel”) which may be influenced by
random events.

Pre-managed earnings are defined as operating cash flows plus non-discretionary accruals.
Therefore, reported earnings can be viewed as the sum of pre-managed earnings and discre-
tionary accruals. The information content of reported earnings depends on the nature of the
discretionary accruals chosen by management as well as pre-managed earnings. Depending
on the incentives faced by managers, discretionary accruals can be used to communicate man-
agers’ private value relevant information or can result in garbling of pre-managed earnings. For
example, the explicit and implicit contracts with shareholders or managerial reputation in the
labor market may induce managers to disclose value relevant information. On the other hand, if
debt covenants use accounting numbers, then managers have incentives to circumvent covenant
restrictions by managing repdrted earnings, which may result in garbling. Key (1997) reports
that firms in the cable television industry managed earnings in order to mitigate Congressional

scrutiny in late 1980s and early 1990s. The cable TV managers used discretionary accruals to

relieve the political pressure of rate regulation, not to communicate managers’ private informa-

tion. Big baths by incoming CEOs or large income increasing discretionary accruals by IPO
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firms are other examples of the garbling of pre-managed earnings.

If discretionary accruals add noise which is not valuation relevant, then the informational
value of reported earnings is much lower than that of pre-managed earnings. In that case, the
response of share price to managed earnings will be weaker than pre-managed earnings. In
that sense, noisy earnings management decreases the information content or quality of earn-
ings announcement. On the other hand, if earnings management is intended to communicate
managers’ private value relevant information, then reported (managed) earnings will be more
value relevant than pre-managed earnings.

Feltham and Ohlson (1996) and Ohlson and Zhang (1998) discuss an extreme income state-
ment based approach called permanent earnings accounting.? In the permanent earnings ac-
counting, current earnings are a sufficient statistic for the market value of the firm and the
value of the firm is determined by a multiple of current earnings, i.e., capitalized earnings. A
firm that implements the permanent earnings accounting will report a long-run earnings rather
than transitory earnings or will convert transitory earnings into permanent earnings equivalent.
In this thesis, persistent earnings are defined as a long run earnings that are expected to per-
sist in the future. The persistent earnings are similar to permanent earnings, but they do not
assume that the market value of the firm is represented by a multiple of earnings. The persis-
tent earnings emphasize that the transitory component of earnings is eventually offset by other
transitory earnings that have the opposite effect, hence, the transitory component of earnings
is not reported. If a firm reports the persistent earnings by eliminating transitory earnings,
then the response of share price to the reported earnings will be stronger than pre-managed
earnings which contain both persistent and transitory components. That is, earnings manage-

ment changes the characteristics of reported earnings. Depending on the nature of earnings

2The other extreme approach is called mark-to-market accounting, in which book value of the equity is a
sufficient statistic for market value.
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management, the price reaction to reported (managed) earnings can be stronger or weaker than
pre-managed earnings. This chapter analytically examines the impact of earnings management
on the market value of the firm.

Analytical earnings management research usually focuses on conditions where earnings
management occurs as an equilibrium behavior. Demski et al. (1984) show that delegation to
managers of accounting method choice leads to fnore efficient contracting in an one period prin-
cipal agent setting where risk averse managers have superior private information. Dye (1988)
shows that the breakdown of the Revelation Principle is important for earnings management to
exist since otherwise the owner of the firm can implement an equivalent truth telling mecha-
nism whenever there is an equilibrium.> Some studies focus on income smoothing, and exam-
ine under what conditions managers smooth earnings. Lambert (1984) shows that risk averse
managers without access to the capital market have incentives to smooth earnings. Dye (1988),
however, shows that even if managers have access to the capital market, managers smooth
earnings since their borrowing and lending rates are different from what the\y can achieve by
managing earnings. Fudenberg and Tirol (1995) show that a concern about tenure leads to
income smoothing.

Unlike the above mentioned analytical earnings management studies, this chapter does not
examine conditions which lead to earnings management. Rather it is assumed that managers
are engaged in different types of earnings management. The nature of earnings management is
determined by management incentives, political consideration, and institutional factors such as
auditors and accounting rules. That is, adopted discretionary accrual policies are management’s
endogenous reaction to the above mentioned factors, which this chapter treats as exogenous.

While it might be ideal to have a model in which the incentives and management’s response

3Arya et al. (1998) also emphasize that the violation of assumptions of the Revelation Principle is crucial for
earnings management to exist. For a good review of the breakdown of the Revelation Principle, see Table 1 of
Arya et al. (1998).
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to these incentives are endogenous, it is useful to understand the market’s rational reaction to
earnings management. Prior empirical earnings management studies focused on identifying
whether income smoothing exists (e.g., Subramanyam (1996) and DeFond and Park (1997))
or on the relation between the characteristics of earnings and the earnings response coefficient
(e.g., Collins and Kothari (1989)), but none of them examined the impact of earnings manage-
ment on the smoothness of reported earnings or the earnings response coefficient. By analyzing
how earnings management affects the variance of unexpected earnings and the association be-
tween the unexpected earnings and the unexpected returns, this chapter provides insights about
the relation between earnings management and market prices.

The rest of the chapter is organized as follows. Section 2 introduces the basic information
dynamics similar to that specified in Feltham and Ohlson (1996), and derives a linear valuation
function. In section 3, the accounting system is described. In section 4, discretionary accruals
are modeled as the sum of the informative and noisy components. The discretionary accruals
are valuation relevant as long as they are correlated with managers’ private value relevant
information. However, the presence of noise makes the discretionary accruals less useful for
valuation. The information content of reported earnings depends on the relative weights of
the informative and noisy components. The impact of earnings management on the variance of
unexpected earnings is examined in section 5. In section 6, the impact of earnings management
on the earnings response coefficient under a typical short window event study framework is

examined. Conclusions are reached in the final section.

2.2 Information Dynamics

As in Feltham and Ohlson (1996), the transactions and economic events for a firm are sum-

marized by a Markovian information dynamics based on cash flows and other information.

The firm sells its products or service on credit. Current period’s sales (s;) are influenced by
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prior period sales, cash investments, and other information about sales (v;). The collection of
credit sales is made in the next period. It will be referred to as operating free cash flows (cr;)
since it results from operating activities, not from investing or financing activities.* Current
period cash investment (ci;) is influenced by investment opportunities which are known prior
period. Current period investment opportunities (io;) are influenced by prior period investment
opportunities. In contrast to Feltham and Ohlson (1996), sales dynamics play a key role rather
than the operating free cash flows. In fact, the market value of the firm at time ¢, which will
be derived later, does not depend on the operating free cash flows at time ¢ since next pe-
riod expected operating free cash flows are determined by current period sales. The approach
starting with sales forecasts is more descriptive of the process used by investors or analysts
when they analyze a firm.> The information set available to managers at time ¢ is represented
by I; = [s,cry, ciryior, 0T, Note that the entire history of the information is available, but
the current information is sufficient for valuation due to the Markovian nature of the assumed

information dynamics. The information dynamics across periods are represented as follows:

L1 =QL 4%y, where Q= (IFD)

S O OV <
SO OO O
SO O OA
O E = O O
SO OO~

where &4 = [ést+1,?;,,H,éi,+1,§o,+1,§:m+1]T are unpredictable disturbance terms with zero
mean. For example, &1 and &,,1 are interpreted as unexpected sales and unexpected op-
erating free cash flows, respectively. For simplicity, &,1s are assumed to be independent of

each other except that &1 and &, may be correlated. The parameters in the information

“The terminology is motivated by the cash flow statement, which classifies cash flows into operating, investing,
and financing.

3In their study of the implication of non-discretionary accruals on market-based research, Dechow et al. (1998)
take a similar approach by stating that “The fundamental transaction/event for the computation of accrual account-
ing income is the sale.”
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dynamics are restricted such that y € (0,1), x > 0, p € (0,1), and ® € [0,R), where R repre-
sents one plus risk-free interest rate.® y € (0, 1) represents the persistence in sales, implying
that next period’s sales are expected to decay at a constant rate 1 —y. ¥ > O represents the im-
pact of current cash investment on next period’s sales. p € (0, 1) represents the impact of one
dollar in sales on next period’s operating cash flow. That is, p can be interpreted as expected
contribution margin. p is assumed less than 1 since there are costs associated with sales such
as production costs, collection costs, bad debts, and administrative costs. ® € [0, R) represents
one plus the expected growth in anticipated investment opportunities.’

The information dynamics assumed in this chapter extend Feltham and Ohlson (1996) by
including non-cash information such as credit sales and investment opportunities while they are
less general than Feltham and Ohlson (1996) because error terms are assumed to be indepen-
dent of each other. On the other hand, Ohlson and Zhang (1998) take a more general approach
by allowing an arbitrary number of cash and non-cash information. The information dynamics
adopted in this chapter is not designed to be comprehensive, rather it is done in the simplest
manner possible to accommodate two types of accruals associated with working capital and
property, plant, and equipment (see Section 3).2

In order to focus on the accounting for operations, it is assumed that the firm is an all-equity
firm, and that the net cash flow equals the net dividend. There is no borrowing and lending.
If operating cash flows exceed cash investments, the excess cash is distributed as a dividend

whereas if there are insufficient funds for cash investments, the equity holders contribute. It is

6See Feltham and Ohlson (1996) for a discussion on the restrictions on parameters.

"To ensure a bounded market value, the maximum eigenvalue of O must be less than R (see Ohlson and
Jhang (1998, page 8)). The eigenvalues of the transition matrix are (0, y, ®). Hence, the upper bound for y and ®
should be less than R.

8 A somewhat more general model would recognize that sales generate cash outflows in the current period and
cash inflows in the next period. Furthermore, sales would be decomposed into cash sales and credit sales (as in
Appendix B of Ohlson and Zhang (1998)).




Chapter 2 An Earnings Management Model ' 14

assumed that the present value of future expected net cash flows determines the value of the

firm (¥;).° The interest rate (R — 1) is assumed constant over time.

Vi= Y RE[¢ri iz — Cirgs). (PVCF)
=1 .
Under the assumption of a linear valuation function, the value of the firm is expressed as

follows: 10

Vi(dy) = nly, 2.1

_p2
where n= P 0 P Kp—R”+Ry P

R—y (R—Y)R R(R-y)(R—w®) (R—Y)R

The valuation function does not depend on operating free cash flows at time ¢ since the
expected future operating free cash flows are determined by sales and other information about
sales at time 7. That is, current sales, cash investments, available investment opportunity, and
other information about sales are sufficient for valuation.

Feltham and Ohlson (1996) assume that managers and investors have the same information,
and that part of the information may be represented by accounting numbers. The accounting
system influences the part represented by accounting numbers, but does not influence the in-
vestors’ fotal information. Hence, in their case, accounting does not affect the market price

of the firm. In contrast, this chapter assumes that managers may know more than investors,

% Alternatively, the no-arbitrage condition can be imposed. Ohlson (1991)’s proposition 1 shows that the no-
arbitrage condition is equivalent to the present value of expected future dividends.

0PVCF implies

Vi(h) = R E/[érny — Cirg1 + il
=R7'([0 1 -1 0 0]QL+nQp).

Hence, the coefficients of the valuation function are computed by

n=[0 1 —1 0 O0]QRI-Q)"!, wherelisan identity matrix of order 5.




Chapter 2 An Earnings Management Model 15

and that the accounting system can influence Whét investors know. It will be useful to distin-
guish the intrinsic value of the firm from the market value of the firm. The intrinsic value of
the firm is based on all information available to the managers while the market value of the
firm is based on information known to investors. Since the accounting system can be used to
communicate the managers’ private value relevant information, it can affect what is known to
investors. Hence, the accounting system can affect the market value of the firm. However, the
accounting system does not affect the intrinsic value of the firm since it is assumed that the
accounting system does not affect the accounting for taxes and contractual obligations.

I, and I} will be used to represent the managers’ information set and investors’ information
set at time ¢, respectively. Managers are assumed to have superior information, /; D Il. In
particular, it is assumed that v, is known to the managers at time ¢, but is not directly known to
investors until time ¢+ 1. That s, ; = [s, ¢y, ci¢, i0s,0,)T and I} = sy, ¢ry, ciz, iog, 0,—1]T .1 This
assumption reflects that managers have some information in advance, but their information is
eventually known to investors with delay. If v, is not correlated with information available
to investors at time ¢ and the accounting system is not used to communicate managers’ pri-

vate value relevant information, then the information dynamics for investors are represented as

follows:
Yy 0 x 0 O
. o A p 00 0O
~,’+1:QI,’+€:,+1, where Q= |0 0 0 1 O
000 o O
000 00O

€41 is the same as &1 except that v; + £ isredefined as €511, and &, | is replaced with

1

g, is known to investors as well as managers. It is not explicitly included in the information set since it can
be inferred from other variables.
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€ur- The corresponding valuation function consistent with the above information dynamics is:

Vt(Iti):nIti’
_p2
where wn= P 0 px kp— R+ Ry 0].
R—y (R=7)R R(R~—7v)(R—w)

Note that the coefficient on v;_; is zero since it is not valuation relevant information (its
information content is reflected in s;). If the accounting system can be used to communicate
the managers’ private value relevant information (v,), investors form a conditional expectation
about v;. In that case, the valuation function (2.1) is used with I! = [s;, cry, ciy, io;, 0] 7, where
Uy is a conditional expectation about v, given information available to investors including ac-
counting numbers. The following two sections describe the accounting system and examines

how the accounting system is used to communicate managers’ private information.

2.3 Accounting

This section discusses accounting procedures a firm might take if the firm does not manage
earnings. The pre-managed (or unmanaged) earnings derived in this section will be used as a
benchmark when managed earnings are introduced in the next section.

Accounting earnings are different from operating free cash flows due to accounting accru-
als. In this model, it is assumed that accounting accruals consist of depreciation and the change
in working capital. For depreciation, a simple declining balance policy is assumed. That is,

depreciation is a fixed percentage of the beginning property, plant, and equipment (ppe;_1):
dep; = (1-9;)ppe;-1, (2.2)

where 6; denotes the depreciation policy on property, plant, and equipment. The above model
allows managers’ discretion over depreciation rate (1 — &;). However, the appropriate depre-

ciation expense may be determined by applying the matching principle, i.e., by equating the
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depreciation expense of an asset with future benefits it produces. It is assumed that the ap-
propriate depreciation rate is equal to the decay rate of sales, 1 —y. 8; < y represents an over-
depreciation while &; > y represents an under-depreciation. Under non earnings management,

depreciation expense is as follows:

dep; = (1—Y)ppe,—1. (2.3)

The property, plant, and equipment at time ¢ equals the remaining balance of the property,
plant, and equipment at time ¢ — 1 plus cash investments. Cash investments are fully capitalized

and added to the property, plant, and equipment, which is subject to depreciation:

ppe: =Yppe;—1 +Ciy.
Operating assets at time ¢ (oa,) consist of property, plant, and equipment and working
capital at time ¢ (wc,):

oay = ppe; + Wce;.

Working capital, defined as the excess of current assets over current liabilities, includes
accounts receivable and accounts payable. There are, however, no financial assets or debt since
the firm is assumed to be an all-equity firm and to immediately distribute all cash flows to

equity-holders.

The clean surplus relationship is assumed to hold:
0a; = 0a;_1 + ox; — (cry — ciy), (CSR)

where ox; denotes operating earnings for period ¢. By definition, operating earnings for period
t are the sum of operating free cash flows and total accruals for period ¢, where total accruals

(¢ay) equal the change in working capital minus depreciation:

ox; =crr+tay

= cry + Awe, — (1 —y)ppe;—_1,
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where Awc; = wey — w1 is the change in working capital. Consistent with most empirical
earnings management studies (e.g., Jones (1991), Dechow et al. (1995), and Subramanyam (1996)),
it is assumed that the change in unmanaged working capital is influenced by the change in the
firm’s activity level, which is measured by the change in sales, As, = s; —s,_1. More specifi-
cally, unmanaged working capital is determined by Awc; = pAs;, implying that working éapital
is determined by the expected cash receipts from sales.!? Pre-managed operating earnings are

determined by a proportion of sales, depreciation, and unexpected operating free cash flows.
ox; = ps; — (1 —y)pper—1 + & 2.4)

Observe that if there is an unexpected increase in uncollectible accounts receivable, i.e.,
cry < psi—1, then bad debt expense for period ¢ will increase. In that case, the accrual based
reported earnings decrease since &, is negative. Similarly, if the collection of accounts receiv-
able is above expectation, i.e., cr; > ps;—1, then bad debt expense for period ¢ will decrease and

the reported earnings increase since £, is positive.

2.4 Earnings Management

The flexibility of generally accepted accounting principles gives managers some discretion in
choosing accounting policy and determining accounting estimates. Under the assumption that
managers can manage earnings through accounting accruals, this section formally introduces
earnings management based on the information asymmetry between managers and investors.
Jones (1991) proposes an empirical discretionary accrual model. The Jones model assumes

that the change in working capital is explained by the change in sales and depreciation is

12For simplicity, it is assumed that the change in working capital is fully determined by a multiple of the
change in sales. In empirical earnings management literature, the measurement error is a big concern (Bernard
and Skinner (1996)). Even if it is stochastic, the basic results do not change.
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explained by gross property, plant, and equipment.

ta; = Bo + P1ARev; + BoPPE; + &,
where ARev; = change in revenues from the prior period,

PPE; = gross property, plant, and equipment.

In the Jones model, Bo + B1 ARev, + B, PPE; are interpreted as non-discretionary accruals whereas
the prediction error, & is interpreted as discretionary accruals.

Before introducing the total accrual model adopted in this chapter, the empirical implica-
tions of the Jones model will be briefly discussed. In the previous section, non-discretionary
accruals are assumed to be determined by pAs; — (1 —y) ppe;—;. If the empirical Jones model
correctly measures non-discretionary accruals, then By will be zero, and B; and B2 will be p
and y — 1, respectively. Even though the model in this chapter aassumes that those parameters
are known to investors or researchers, empirical earnings management research estimates those
parameters using the past data. Therefore, the parameters estimated by the Jones model can be
different from the theoretical counterparts suggested in this chapter. The failure of obtaining
the correct parameters leads to measurement error in non-discretionary and diécretionary ac-
cruals. For example, the deprecation rate parameter estimated from the Jones model () will
be the average of 1 — §; which were chosen by a firm over the estimation period. If the firm had
applied a conservative depreciation rate, then the estimated B, will be greater than the theoret-
ically correct y — 1. In that case, the Jones model cannot properly measure non-discretionary
depreciation. Similarly, the parameter for the change in sales estimated from the Jones model
(B1) may not be equal to p. B; will be the average rate of changes in working capital.

The model in this chapter assumes that total accruals are determined by the change in sales,
beginning capital assets, and the prior and current period discretionary accruals. In contrast
to the Jones model, this chapter considers additional non-discretionary accruals, the fraction

of prior period discretionary accruals that are reversed in the current period. That is, & is
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further decomposed into current period discretionary accruals and the reversion of prior period
discretionary accruals. The reversion of prior period discretionary accruals is anticipated by

investors, hence it is a part of non-discretionary accruals. Total accruals are modeled as follows:
tay = pAs; — (1 —y)pper—1 —niday_1 +day, (2.5)

where da; denotes discretionary accruals for period ¢, and 1, € [0, 1] represents the fraction of
prior period discretionary accruals that are reversed in the current period.!3

Compared to the Jones model, the total accrual model does not have an intercept term,
and &; equals da; —n,da;_1. Note that only da, (out of &, = da; — n,da,_1) constitutes discre-
tionary accrual. As noted by Bernard and Skinner (1996), the misclassification of discretionary
accruals as non-discretionary accruals has great impact on the interpretation of market-based
earnings management research. The above specification suggests a possible improvement in
non-discretionary accrual models by considering an ARMA type error term rather than a stan-
dard independent error term. !4 |

The reversion parameter (1)) is determined by earnings management instruments used by
the firm. For example, if the firm reports credit sales early or underestimates allowance for
bad debts, then full reversion will occur in the next period. In that case, da; equals extra
accounts receivable times contribution margin (p) and 1,41 = 1. On the other hand, in valuing

marketable securities, if the decline in the market price below acquisition costs is treated as

permanent rather than temporary, then reversion does not occur in the next period. In that case,

13For simplicity of the model, it is assumed that sales are not subject to earnings management or that unmanaged
sales are known. However, Dechow et al. (1995) do assume that sales are subject to earnings management. They
use the change in sales less the change in accounts receivable as a proxy for unmanaged sales amount. Similarly
for depreciation, most empirical earnings management studies (e.g., Jones (1991), Dechow et al. (1995), and
Subramanyam (1996)) use gross property, plant, and equipment rather than net property, plant, and equipment.

4Healy (1996, p.113) suggests this line of improvement by stating: “Accounting rules also constrain accruals
to reverse over time. --- Most accrual models do not reflect this relationship, which presumably increases the
noise in estimates of discretionary accruals.”
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da; equals the decrease in the market price and 1,41 = 0. If depreciation is used to manage
earnings, then reversion will occur in the remaining life of the asset. For example, assume that
a firm takes income increasing discretionary accruals by taking 8; > y. In that case, da; equals
(3: —Y)ppe;—1. The discretionary accruals will affect the next period’s depreciation expense.
If the firm did not manage. depreciation, then the next period non-discretionary depreciation
will be (1 —y)(yppe;—1 + ciy). But, under earnings management, it will be (1 —y)ppe,, where
ppe: = O;ppe;_1 +ci;. Due to the earnings management, the next period depreciation will
increase by (1 —y)da;. Therefore, 0,11 = (1 —7).

Accruals are a flow concept and they are accumulated in related assets accounts such as
working capital and property, plant, and equipment. If earnings are managed through accruals
other than depreciation, then discretionary accruals do not affect property, plant, and equip-
ment, but do affect working capital. Working capital consists of accumulated non-discretionary
accruals associated with sales, accumulated past unreversed discretionary accruals, and current
discretionary accruals. Unreversed discretionary accruals, (1 —n;)da;—1, remain as working
capital. However, past unreversed discretionary accruals cancel each other over time since da;s
are assumed independent of each other. Therefore, working capital on avérage equals accumu-
lated non-discretionary accruals associated with sales and current discretionary accruals. On
the other hand, if earnings are managed through depreciation, then discretionary accruals do
not affect working capital. Therefore, discretionary accruals are accumulated in property, plant,
and equipment. Working capital consists of accumulated non-discretionary accruals associated
with sales. In general, both working capital and property, plant, and equipment will be affected
by discretionary accruals. Discretionary accruals related with depreciation will be accumu-

lated in property, plant, and equipment and other discretionary accruals will be accumulated in

working capital accounts.
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Under earnings management, operating earnings are represented as follows:
ox; = ps; — (1 —y)ppe;—1 —eda;—1 +da; + & (2.6)

da; and &,; are unanticipated components of operating earnings while (1 —y) ppe;_1 and n,da;_;
are anticipated components. ps; consists of both the anticipated and unanticipated components.

This chapter does not explicitly incorporate what determines the characteristics of discre-
tionary accruals. Rather it is assumed that the nature of discretionary accruals is exogenously
determined. Of course, the nature of discretionary accruals are endogenously determined by
the incentives faced by managers. Prior research has identified a variety of reasons for earn-
ings management, including maximizing bonus, proxy contests, meeting debt covenants, top
executive change, etc. The nature of discretionary accruals depends on circumstances faced by
managers. Therefore, even if investors hold some beliefs about the on average nature of discre-
tionary accruals, they do not know about the exact nature of reported earnings. It is assumed
that investors’ assessment of the nature of earnings management on average coincides with the
real nature of earnings management, but there is some randomness.

Discretionary accruals are modeled as the sum of the informative and noisy components:
da; = Ev; + €, ‘ Q2.7

where € is a disturbance term with mean zero and variance o2, and & is the weight on the
other information (v;). This model does not assume that every firm has the same incentives to

manage earnings. The discretionary accrual model encompasses the following four types.

Type a (Non Earnings Management): If the accounting system is totally inflexible and does
not allow any discretion over discretionary accruals, then both & and o2 are set to zero
(da; = 0). In that case, there is no room for the discretionary accruals to signal other

value relevant information. This setting also includes the case in which managers have

no incentives to manage earnings.
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Type b (Uninformative Earnings Management): If £ is zero and o2 is not zero, it is the
case of uninformative earnings management. In that case, discretionary accruals are not

informative about v, and they are not used for valuation.

Type ¢ (Perfectly Informative Earnings Management): If discretionary accruals are perfectly
informative about v,, then o2 is equal to zero and & takes on a non-zero value. In com-
municating managers’ private information, managers can choose any non-zero &. It is,
however, reasonable to assume that managers choose £ such that it reflects the persistent

change in earnings.

Type d (Informative Earnings Management): The previous two settings are extreme cases.
In general, £ and 62 will be non-zero. Note that as long as & is non-zero, the discretionary
accruals are informative about v;. Due to the noise, discretionary accruals provide less
than perfect information about v;. The larger o2, the noisier the discretionary accruals

about v;. The informativeness of discretionary accruals is determined by the amount of

2

the noise, G;,.

Noisy earnings management includes cases in which earnings management is uninforma-
tive (type b) and earnings management contains a lot of noise (large 2) that is not correlated
with managers’ private value relevant information (type d). Earnings management can be noisy
due to one of two reasons. First, the institutional restrictions such as auditing or accounting
rules restrain managers from communicating the full dimension of their private information
and these institutional restrictions are randomly applied. Sometimes they are very strict and
sometimes they are not. Furthermore, the larger the magnitude of earnings management, the
more difficult it is to circumvent the restrictions. For example, it will be hard to provide reason-
able explanations for excessive earnings management. Second, under certain circumstances,
underlying incentives faced by managers may induce them to make earnings management that

is due to factors unrelated to the other value relevant information. For example, assume that
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a firm’s long term prospects are very good. Under information enhancing motive, managers
usually take income increasing earnings management to communicate the favorable informa-
tion. However, they find that the labor union will be particularly tough next year. In that case,
they also have income decreasing earnings management incentives to have a better position in
negotiating with the labor union. If the latter incentives dominate the information enhancing
earnings management incentives, then earnings management becomes unrelated to managers’
other value relevant information.

Under the assumption that managers do not have other channels to effectively communicate
their private value relevant information, accounting can have an impact on the market value of
the firm since discretionary accruals may reflect other value relevant information. Therefore,
what matters is the correlation between managers’ private value relevant information and dis-
cretionary accruals. Assume that the other information about sales (v;) may be correlated with
unexpected sales (&) and/or discretionary accruals (da;). It is further assumed that v,, £, and

da; are normally distributed as follows:

Uy 0 C% Ou,s E.aotz)
§st ~ N 0 b) Go,s Gg gco,s
d~at 0 &0'12) &Go,s &25\2) + 0'%

The conditional expectation of v, given €5 and da; is as follows:!?
Ov,sOatst + §(020% — o3 )day
2 2
0'3(5,2, + &2 (0-300 - c50,s)

E[Ut|8_gt,daz] = (28)

If there is no earnings management, or it is uninformative, then g, is the investors’ only in-

formation about v;. In those cases, E[v;|esr,da;] = E[v;|€s]. Furthermore, if 6, s = 0, then the

BE[v;|es, day] is calculated by:

0'3 E_vo'o,s - Est
[Gu,s {50.12)] [gcu,s 520.‘2)4_0%] [da,] .
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conditional expectation of v, is equal to the prior mean of vy, 0. The value relevant information

set for investors are represented as follows:
[ . . T
Itl = [ShcrtaCIHlotaE[Utls_gt,dat]] .

Note that v, is not known to investors at time ¢, therefore, the conditional expectation of v,
is used. If &5 and da, are independent of v;, then the prior mean of v, is used. If F, is zero,
discretionary accruals are not informative about v;. On the other hand, if there is a perfect
correlation between v, and &g, there is no room for the discretionary accruals to provide new
information about v,. Therefore, discretionary accruals are valuation relevant if, and only if, &

is not zero and the correlation between v, and & is not perfect.

Definition 2.1 Discretionary accruals are informative with respect to the value of the firm
if, and only if, discretionary accruals are correlated with managers’ private value relevant

information, which is not perfectly correlated with other available information.

If v; and g, are perfectly correlated, then the two terms can be combined and reiabeled as
a single term. Therefore, it is assumed that v, and & are not perfectly correlated. From now
on, non-zero & implies that discretionary accruals are informative about v,. The degree of the
informativeness of discretionary accruals is determined by the variance of the noise.

As was noted by Feltham and Ohlson (1996), v; can be interpreted in two ways. One is
that v, represents time ¢ information about events that have not influenced time ¢ sales but will
influence time ¢ 4 1 sales (setting I). The other is that v, represents time ¢ information about

events that have influenced time ¢ sales but will not influence time ¢ + 1 sales (setting II). An

analysis of the former setting is followed by an analysis of the latter.
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Setting I: Information about Future Sales

In the first setting, we assume that v, is not correlated with random factors affecting current
period’s sales, but is informative about random factors affecting next period’s sales. More
specifically, the other information (v;) is assumed to be uncorrelated with unexpected sales
(&st), ov,s = 0. No correlation implies that current period’s sales are not influenced by the other
information, and that the conditional expectation of v, does not depend on &.

&G%da,

E[Ut[sst,dat] = m

An example of this type of information is sales orders for next period.!® Sales orders re-
ceived for the next period have not influenced the current period’s sales, but definitely will in-
fluence beliefs about next period’s sales. In our setting, v, represents above (or below) normal
sales orders which are expected to persist in the future. It is assumed that managers commu-
nicate the persistent earnings by letting & = p since one dollar in sales generates p dollar of

operating free cash flow.

Setting I1: Information about Current Sales

In the second setting, we assume that the unexpected sales (£5) can be decomposed into per-

sistent and transitory components:

X 2 =t
Est = espt + &g,
where eb, = persistent component of unexpected sales,

€., = transitory component of unexpected sales.

16This type of information can be public or private. This type of information is publicly available for some in-

dustries. For example, the Semiconductor Industry Association provides industry level monthly order information
(Fargher et al. (1998)).




Chapter 2 An Earnings Management Model ‘ 27

The transitory and persistent components are assumed to be uncorrelated, and the variances
of the transitory and persistent components are 6> and cf,, respectively. For valuation purpose,
the persistent component of unexpected sales is more important than the transitory component.
By definition, the persistent sales shock affects future sales while the transitory sales shock does
not. Note that in setting I, the sales shock is all permanent. In order to consider management

information about the transitory sales shock, v is assumed to take the following form.
O = —y&,.
Then, the sales dynamics are represented as follows:!’
St1 =Y(st — €5) + it + Egr 11 (2.9)

Next period’s sales are not influenced by the transitory component of current sales. &,
represents a sales shock that has influenced current sales, but not future sales. It is assumed
that managers communicate the persistent earnings by taking & = %, i.e, da; = —pgl + €.
Since the covariance between v; and unexpected sales is —yc?, the conditional expectation of
vy 1s:

—y07 (ohes — Eoday)

Elvi|es,da;) = 20307 +03(0% +067)

2.5 Earnings Management and Income Smoothing

Many empirical accounting studies argue that firms manage earnings to report smooth earnings

(e.g., Ronen and Sadan (1981), Gaver et al. (1995), and DeFond and Park (1997)). Income

17Alternatively, if we let O; denote transitory sales at time t, i.e., v; = —yV,, then the sales dynamics are
represented as follows:

Sr41 = y(st —Or) +wcip + Ory1 + Ese1.

In this setting & is not directly observable at time ¢ + 1, only the sum of U,,; and g1 is observable. Setting
I is a special case in which ¥, and &g, 1 are not correlated.
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smoothing is defined as management’s intentional intervention to reduce the ex-ante variance

of unexpected operating earnings.

Definition 2.2 Income smoothing is a type of earnings management which induces a decrease

in the ex-ante variance of unexpected operating earnings.

In this section, the impact of earnings management on the variance of unexpected operating
carnings is examined. The unexpected operating earnings for period ¢ (uox;) are calculated by
subtracting the expected earnings for period ¢ at time ¢ — 1 from the operating earnings for

period ¢ (2.6):
uox; = ox; — Er—y[ox|I_]
= p(&st + V=1 — E[vr—1|est—1,dar—1]) + & + day. (2.10)
The unexpected earnings are determined by unexpected sales, resolution of uncertainty

about v, unexpected operating free cash flows, and discretionary accruals.

Type a: If there is no earnings management, then

Ovu,s
"778st—1) + €.
Oy

uox; = p(€sr +Vr—1 —

Type b: If discretionary accruals are uninformative, then

Ovu,s n
UOXy = p(gst + V-1 — 0_2,83[—1) + Ept + 8[ .

N

That is, uninformative earnings management is characterized by adding noise (&) to pre-
managed earnings.

Type c: If discretionary accruals are perfectly informative, then E|v,—;|eg—1,da;_1] =
V;—1. Therefore, uox; = peg + &u; 4 €. Compared to the non earnings management (type
a), Uy is replaced with'v,, and the €y term drops. That is, perfectly informative earn-
ings managemént eliminates the uncertainty about v;_1, but brings new uncertainty, the future

information (v;), into current earnings.
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The variance of unexpected earnings (2.10) is as follows:!8

VAR(uox;) = p*(c; + 0 — 68) + 7 + E205 + 0F + 2pEGu s, (2.11)
where 2 = o3 05 +E205 (0705 — 03 )

o3} +E2(cF0f — o s)
Type a: If there is no earnings management, then the variance of the unexpected operating

earnings is:
VAR(uoxl |§=0,0'§=0) = p2 ((S? + 0‘% - clz),s/c.%) + 6%

Type b: If discretionary accruals are not informative, then the variance of the unexpected

operating earnings is:
VAR(uox:|e—o) = (0} + 64 — 3, 5/0%) + 07 + o3

That is, uninformative earnings management increases the variance of the unexpected operating
earnings due to the noise of earnings management (c2). It can be shown that the variance of
unexpected operating earnings (2.11) is an increasing function of the variance of the noise (0,2,).

Differentiating VAR (uox; ) with respect to the variance of the noise yields:

2 262 2 \2
aVAR(Zox,) _ &(oyop—ou,) 410 (2.12)
dc2 (0202 +£2(c20% — o3 ()2

Type c: If earnings management is perfectly informative, then

VAR(uox:|53-0) = P’} +2pE0y,s +E70, + 07

18The variance of E[v;1|esr—1,da;-1), 62, is calculated by:

0'_% gcu,s - Ou,s
[ovs Eo3) [&%,s &203,+02n] [E,c%]

In addition, it can be shown that the covariance between v,_; and E[v;_|ey—1,das—1] is equal to the variance
of E[v-1|esr—1,da,-1].
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The information dynamics assumed in the chapter are quite general, therefore they can be
applicable to a wide range of settings. In order to provide more explicit implications, this
chapter focuses on two representative settings described in the previous section. The perfectly
informative earnings management case will be compared to non earnings management case in
order to examine whether earnings management can induce income smoothing.

Setting I: o, s = 0 and § = p. The variances of unexpected earnings under non earnings

management and under perfectly informative earnings management are as follows:

CASE Ia: VAR(uox|gg 52-0) = p* (7 +02) + G2

CASE Ic: VAR(uox| 529) = p*(02 +02) + o2,

where CASE Ia refers to setting I and type a (i.e., non) earnings management and CASE Ic
refers to setting I and type c (i.e., perfectly informative) earnings management. Observe that
the variance of unexpected operating earnings does not decrease even if discretionary accruals
are perfectly informative about v;. Note that under the perfectly informative earnings manage-
ment, vy is replaced with v;. Since v, is assumed to be identically distributed over time, there
1s no change in the variance of unexpected operating earnings. For example, if next period’s
permanent sales orders are recorded early in current period, then the current period’s unex-
pected sales increase as much as the next period’s unexpected sales decrease. There is a shift
in unexpected sales across periods, but there is no net change in total unexpected sales across
periods; Since there is no change in the total amount of surprise, there will be no decrease in
the variance of unexpected operating earnings. |

Setting I: 67 = 63 + 67, 62 =y?07, Gy s = —y07, and & = 2. The variances of unexpected

earnings under non earnings management (CASE Ila) and under perfectly informative earnings
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management (CASE IIc) are as follows:

CASE Ila: VAR(uox;|¢—9 20) = p* (07 + 05 — 05 ; /%) + 62
=p2<c§+cﬁ—g}2—f%>+c%

CASE Ilc: VAR(uox;| 20) = p* (02 + lec%) + %oo,s) +2
= (02 + 1303 ~207) + o2

It can be easily seen that the perfectly informative earnings management decreases the vari-
ance of unexpected operating earnings. In the case in which earnings management is intended
to report persistent earnings by removing transitory earnings, the variance of unexpected earn-
ings will decrease because transitory earnings cancel each other over time and do not emerge
as unexpected earnings.

The following proposition summarizes the impact of the noise in the discretionary accruals
on the variance of unexpected operating earnings, which is derived in equation (2.12), and
the above discussion of the differential impact of the two representative settings on income

smoothing.

Propesition 2.1 (1) The variance of unexpected operating earnings is an increasing function
of the noise of the discretionary accruals. (2) If discretionary accruals are perfectly informative
and the covariance between discretionary accruals and other information is negative (zero),
then the variance of unexpected operating earnings under earnings management is lower than

( the same as) that under no earnings management.

Even if discretionary accruals are informative (& # 0), the variance of the unexpected oper-
ating earnings is not reduced unless the covariance between the unexpected sales (&) and other

information (vy) is negative. In particular, if the covariance between the other information (v,)

and unexpected sales (&) is zero (setting I), compared to non earnings management case, the
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variance of unexpected operating earnings does not decrease regardless of whether earnings
management is informative or not. Only when the covariance between v, and g, is negative
(setting II), is there a possibility of variance reduction. Note that proposition (2.1) implies that
there exists a cutoff of 5% such that if o2 is less than &2, then the variance of the unexpected
operating earnings under earnings management is less than that under non earnings manage-
ment. Therefore, if discretionary accruals are not too noisy, earnings management decreases
the variance of the unexpected operating earnings.

The variance of unexpected operating earnings decreases only when temporary earnings
shocks are unraveled (setting II). If earnings shocks are permanent (setting I), any attempt to
communicate managers’ private information increases the variance of the unexpected operating
earnings unless it is perfectly informative. Therefore, income smoothing is not achieved if all
earnings shocks are permanent. For example, if earnings follow a random walk, all earnings

shocks are permanent. In that case, income smoothing is not possible.

2.6 Earnings Response Coefficient

In this section, the impact of earnings management on the earnings response coefficient is ex-
amined. When the unexpected returns (ur;) are regressed on the unexpected operating earnings
(uox;), the coefficient on the unexpected operating earnings is called the earnings response

coefficient (ERC). The earnings response coefficient is:

COV (ur;,uox;)
VAR(uox;)

ERC=

To begin with, unexpected return is computed. If there is no information asymmetry be-
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tween managers and investors, the unexpected return is calculated as follows:!?

ury(ly) = V() +dr — RVi_1(I—1)
=7l + DIy — Rnl;—y
= (mQ+DQ ~Rn)l;_y + (n+D)g,

= (n+ D)g;,

where D = [0,1,—1,0,0]. The second equality is obtained by substituting the assumed infor-
mation dynamics (IFD), and the last equality comes from nQ + DQ = Rr. The unexpected
return is a function of only news, ;. That is, the anticipated earnings do not affect the unex-
pected return. |

If there is information asymmetry and accounting is used to communicate managers’ private

value relevant information, then the unexpected return is represented as follows:

ury(If) = Vi(l}) +di — RV, (1))

= (n+ D)news; + R P

(Ut—l —E[Ut—1|3st—ladat—l]), (2.13)

where news; is the same as € except that v, is replaced with E[v;|eg,da;]. (n + D)news,
represents the impact of new information on the value of the firm and expected dividend. The
last term denotes the resolution of the uncertainty about v,_;, which is known to investors
before the earnings announcement date. If there is no information asymmetry, the last term
vanishes and news becomes identical to g;.

In an empirical setting in which the focus is to examine the impact of new information on
stock returns, it is important to know when information arrives. If some information about

news; is revealed before the earnings announcement date, some of news; is already stale. In

19The correct definition of unexpected return is [V; +d; — RV;_1]/V;_1. For simplicity, the undeflated difference
is used.
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that case, only part of news; will be new information to investors. In reality, accounting reports
are not the only source of information. Investors receive information through many different
channels. A substantial portion of the uncertainty about news; may be resolved well before
the earnings announcement date. In an attempt to take care of this informational problem,
many accounting and finance studies use analysts’ forecasts close to earnings announcement
date rather than time series based earnings forecasts. The unexpected return in equation (2.13)
can be interpreted as unexpected return for a long window, that is, from ¢ — 1 to . The unex-
pected return for a short window such as the day before and the day of earnings announcement
should consider some portion of news; which is already known tb investors before earnings
announcement date as well as v,, which is assumed to be known to investors before earnings
announcement date. Therefore, the unexpected return for the short window is represented as

follows:
urs(I}) = (n+D)(news; — E[news|Il]),

where I/_ represents information available right before earnings announcement date. In the
model in this chapter, however, we assume that all valuation relevant information including
accounting information arrives at a discrete time except for v;, which is assumed to arrive

between ¢ and ¢ + 1. Therefore, the unexpected return for the short window is:
ur;(I') = (n+ D)news;. (2.14)

The short window approach is appropriate in examining the effect of new information on
unexpected returns while the long window approach is appropriate in examining the association
of accounting information and unexpected returns. This chapter focuses on the informational

role of accounting. Hence, the short window ERC will be examined.?® In the previous section,

203ee appendix for the long window ERC.
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the unexpected earnings for the long window is shown in equation (2.10). The corresponding

unexpected earnings for the short window are:

uox; = pegt + €4 +day. (2.15)

First, the earnings response coefficient under non earnings management (ERC?) is com-

puted.

ERC® — p*(Ro? +6u,5)/[RR—7)] + o2
p*ci+of '

(2.16)

Consistent with Collins and Kothari (1989), it can be shown that ERC? is an increasing
function of the persistence of sales (y), and that ERC? is a decreasing function of the discount

rate (R). Differentiating (2.16) with respect to y and R yields:

Sous
OERC® _ p*(Ro3 +0us+(R—1)732)

o  RR-y?(pcl+o?)
OERCY _ p*(RoZ + 2Roy s — YOy s)
6R ~  RA(R-v)*(p*c}+oc?)
In setting I where o, s = 0, it is trivial to show that % > 0 and aEalfeCO < 0.
. a L,
In setting IT where 6y = —yo7 and 67 = 67 + 63, Ro? + Gy + (R —7) %Y = Ro?, and
RG? +2R0y,s — YO = (R—7)?c? + Ro?%. Therefore, ZB > 0 and % < 0. In addition,

for a given cf, the ERC? is an increasing function of Oy,s. Since the variance of the transitory
earnings shock is negatively associated with o, s, the ERC? is a decreasing function of the
proportion of the total sales variance that is attributable to the transitory sales shock. Equiva-
lently, the ERC? is an increasing function of the proportion of the total sales variance that is
attributable to the persistent sales shock. Under non earnings management, the proportion of
the total sales variance that is attributable to the persistent sales shock is equal to the persistent
sales shock percentage perceived by investors (E g5, |esx]/ &s). Therefore, the ERC® will be an

increasing function of the persistent sales shock percentage.
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The persistence of sales is determined by two factors. One is the persistence rate, and
the other is the persistent component of the current period’s sales. The following next period
expected sales equation, which is derived from the sales dynamics defined in equation (2.9),

clearly shows the two factors.
E[§t+1] = 'Y(St ...st‘t) + Kci;.

If there is no capital investment, the next period expected sales are determined by the per-
sistent component of the current period’s sales (s; — &.,) times the persistent rate of sales (y).
The higher y , the more persistent the current sales. If all sales are persistent (as in setting I),
then the persistence of sales is determined by the current period sales times the persistence rate
of sales. But if sales also contain a transitory (non-persistent) component, then the persistence
rate does not apply to the transitory component (g/,). More precisely, y is the rate of persistence
for the persistent component of sales. The persistent component of the current period’s sales
is the sum of the expected current period’s sales and the persistent component of unexpected
sales (E[s;] + €&) or the realized current period’s sales minus the transitory component of unex-
pected sales (s; — €%;). The following proposition summarizes the factors affecting the earnings

response coefficient under non earnings management.

Proposition 2.2 When there is no discretion over accruals, the earnings response coefficient
is an increasing function of the rate of persistence for the persistent sales, and a decreasing
Junction of the discount rate. In addition, for a given sales shock, the higher the persistent

sales shock variance percentage, the higher the earnings response coefficient.

The concept of the persistence of sales and unexpected sales may be generalized into the
persistence of earnings and unexpected earnings. If other things such as the persistence rate of
earnings and the discount rate are equal, firms with a higher persistent earnings shock percent-

age have a higher earnings response coefficient.
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Under earnings management, the earnings response coefficient (ERC) is represented as
follows.

[Pz (RGE +6Gu,s) + &P(G%) + Roy,5)l/[R(R—Y)] + 03 .

ERC =
p?0? + 02 +E20% + 0% +2pE0u s

(2.17)

It can be seen that the ERC is a decreasing function of 62. By definition, the smaller o2,
the more informative earnings management. Therefore, as discretionary accruals become more
informative, the earnings response coefficient becomes larger. If other things are equal, infor-

mation enhancing earnings management increases the ERC while noisy earnings management

decreases the ERC.

Propeosition 2.3 Ceteris paribus, the more informative the discretionary accruals, the higher

the earnings response coefficient.

The ERC derived in (2.17) gives some empirical implications. In setting II where da;, =
—pel + €7, the earnings response coefficient is as follows:

p’oy/R—y)+ o}

ERC =
pzc%, + 02+ o2

(2.18)

It can be seen that the ERC is a decreasing function of o2. In addition, it can be shown that
the ERC under perfectly informative earnings management is greater than the ERC under non
earnings management. Therefore, there exists a cutoff of 62 such that if 62 is less than 52, then
the ERC under earnings management is greater than the ERC under non earnings management.
If a firm is perceived to smooth earnings by unraveling the transitory earnings shock, the ERC
of the firm will be higher than others which do not manage earnings. Equation (2.18) also
implies that the ERC is an increasing function of the persistent earnings shock percentage.
The persistent earnings shock percentage increases as the firm is more aggressively engaged in
income smoothing. Therefore, the ERC will be higher for firms which are more aggressively

engaged in income smoothing.
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On the other hand, if 6, s = 0 (setting I), then the ERCs under non earnings management

and under perfectly informative earnings management are as follows:

22 /(p
CASE Ia: ERC® =P "s/z (R2 v) 2“’3
p-os + o5
2(Pe2 1 2 _ 2
CASE Ic: ERC="P (RGS;-zo'U)/[R(R YZ)]‘H’r.
. poitoi+plo]

It can be shown that the ERC under perfectly informative earnings management is not
always greater than the ERC under non earnings management. If y is close to zero, the ERC
under perfectly informative earnings management becomes smaller than the £RC under non
earnings management. Therefore, the ERC is not an exact measure of the informativeness of
reported earnings. However, if all firms are engaged in earnings management and only the
magnitude and characteristic of earnings management differ, Proposition (2.3) applies. The
ERC for informative earnings management is greater than that for less informative earnings
management. That is, within earnings management firms, the ERC correctly measures the
degree of the informativeness of discretionary accruals.

Finally, it should be emphasized that investors are assumed to know the management’s
discretionary accrual policy, but not the realization of its random component. That is, investors
know that some firms’ discretionary accruals are on average more informative than others.
But, the realized discretionary accruals for the former firms can be less informative than the
latter. The ERC depends on the perceived informativeness of discretionary accrual policy, not

the informativeness of the realized accruals.

2.7 Conclusions

This chapter examines the impact of earnings management on the variance of unexpected earn-

ings and the earnings response coefficient in a setting where managers can communicate their

private value relevant information through discretionary accruals.
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The analysis shows that the variance of unexpected earnings is an increasing function of the
noise contained in the discretionary accruals, but information enhancing earnings management
does not necessarily decrease the variance of unexpected earnings. It depends on the nature
of the information communicated through the discretionary accruals. If earnings management
is intended to eliminate the transitory component of current earnings shock, then the variance
of unexpected earnings decreases. But, if earnings management is to communicate persis-
tent future information, the variance of unexpected earnings is not reduced. When income
smoothing is defined as a type of earnings‘ management which induces a decrease in the ex-
ante variance of unexpected earnings, income smoothing is achieved by information enhancing
earnings management that unravels the transitory component of earnings shock.

With respect to the earnings response coefficient, the analysis shows that the ERC is not an
exact measure for the informativeness of reported earnings. In fact, it is a statistical measure
of how strongly the market reacts to one dollar of ungxpected earnings. The ERC depends
on the persistence of earnings and the discount rate as well as the informativeness of the dis-
cretionary accruals. This poses a problem since many empirical accounting studies use the
earnings response coefficient as a proxy for the information content of reported earnings. In
assessing the information content of reported earnings, researchers must carefully control for
other factors affecting the earnings response coefficient. However, the ERC for informative
earnings management is higher than that for less informative earnings management. There-
fore, if other things are equal, the ERC is at least a good measure for the informativeness of
reported earnings within earnings management firms.

This chapter has some empirical implications. First, this chapter has an implication for the
earnings response coefficient research. In contrast to the extant earnings response coefficient
research, this chapter explicitly examines the impact of earnings management, and shows that
the nature of earnings management is another important factor in the earnings response coef-

ficient. Second, this chapter has an implication for income smoothing research. Information
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enhancing earnings management leads to income smoothing only when earnings management
eliminates the transitory component of earnings shock. If earnings follow a random walk, it is
not possible to decrease the volatility of earnings. Finally, providing anew piece of information
is not the only role for accounting. The low R? reported in many empirical returns-earnings
studies?! implies that the informational role of accounting is minimal. In fact, accounting is
used for many other purposes. For example, accounting numbers are used for executive com-
pensation, debt covenants, pricing, etc. Therefore, researchers should not evaluate accounting

earnings only from an ex-ante informational perspective.

213ee table 1 of Lev (1989).



Chapter 3

Measurement of Earnings Management
and Income Smoothing

3.1 Introduction

Many empirical accounting studies examine whether managers manage earnings and under
what conditions earnings management is expected. Earnings management studies require a
measure of earnings management. Some studies examine a specific accounting method choice
or a single accrual (e.g., Zmijeswki and Hangerman (1981) and McNichols and Wilson (1988)).
Recently earnings management studies have focused on total accruals.! In assessing earnings
management, total accruals are decomposed into non-discretionary (normal) accruals and dis-
cretionary accruals. As pointed out by Healy (1985), management exercise discretion over dis-
cretionary accruals only. Since discretionary accruals are not directly observable, many proxies
and estimation techniques for detecting discretionary accruals have been suggested. For exam-
ple, Healy (1985) uses total accruals as a proxy for discretionary accruals and DeAngelo (1986)

uses the change in total accruals as a proxy for discretionary accruals. The Jones (1991) model

ITotal accruals are defined as the difference between cash from operations and net income. Accounting ac-
cruals are affected by accounting method choices and accounting estimates made by managers in the past and
currently. v
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uses a more sophisticated approach to estimating earnings management. Recently most earn-
ings management studies use the Jones model or one of its variants. This chapter critically
evaluates the strengths and weakness of the Jones model and its variants in providing an es-
timate of earnings management, and discusses the measurement of earnings management and
income smoothing. It will be the foundation for the subsequent empirical chapters.

In carnings management studies, it is important to segregate discretionary accruals out of
total accruals. For example, in his information content study, Subramanyam (1996) regresses
annual stock returns on operating cash flows, non-discretionary income, and discretionary ac-
cruals. He finds that discretionary accruals are associated with annual stock returns, and inter-
prets this as implying that discretionary accruals are informative with respect to annual stock
returns. Many studies have shown that accrual based accounting earnings are more informa-
tive with respect to stock returns than cash flows (e.g., Rayburn (1986) and Dechow (1994)).
Under the assumption that accounting accruals mainly consist of non-discretionary accruals,
this can be interpreted as implying that non-discretionary accruals have incremental informa-
tion content above cash flows. However, if discretionary accruals erroneously contain a non-
discretionary component, then discretionary accruals are expected to be positively associated
with annual stock returns. That is, even if discretionary accruals are uninformative, measure-
ment error can make researchers conclude that discretionary accruals are informative.2 Bernard

and Skinner (1996, p. 317) state that:

“Mismeasurement of discretionary accruals will at best lower the power of the
research design to detect earnings management, and at worst cause the researcher

to conclude that there is earnings management when none actually exits.”

Since the measurement error in discretionary accruals can result in incorrect conclusions,

2Subramanyam (1996) is aware of this potential problem, but assumes that the discretionary accrual model
correctly decomposes total accruals into the discretionary and non-discretionary components.
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the power of a test for earnings management critically depends on the adopted discretionary
accrual model. The rest of the chapter is organized as follows. Section 2 reviews the Jones
model and its variants and suggests an alternative discretionary model. Section 3 explains the
measurement of earnings management and income smoothing used in the subsequent empirical

chapters.

3.2 Discretionary Accrual Models

Total accruals are the difference between cash from operations and net income and are opera-
tionally defined as the sum of depreciation (including amortization) and the change in working
capital excluding change in cash and short term debt. Under earnings management, total ac-

cruals are decomposed into non-discretionary accruals and discretionary accruals:

TAjy = NDAj + DAy, 3.D
where, for firm i in year ¢,
TA; = Total accruals,
ND4;; = Non-discretionary accruals,

DA;; = Discretionary accruals.

In order to examine whether earnings management exists and to identify the impact of
earnings management on stock returns, empirical earnings management studies require ei-
ther a discretionary or non-discretionary accrual model in order to decompose total accruals.
Jones (1991) proposes a model which controls for changes in the economic circumstances of
a firm. Unlike Healy (1985) and DeAngelo (1986) which assume that non-discretionary ac-
cruals are zero or constant, non-discretionary accruals are modeled as a linear function of the

change in revenues and fixed assets. It is assumed that the unmanaged change in working cap-

ital is proportional to the unmanaged change in revenues, and depreciation is proportional to
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the level of gross property, plant, and equipment. The change in revenues is used as a proxy
for the unmanaged change in revenues. The Jones model for total accruals is represented as

follows:

TA4;t = Bo; + B1:AREV; + B2 PPE;; + €4, (3.2)
where, for firm i in year ¢,
AREV; = Change in revenues from the prior period,

PPE;; = Gross property, plant, and equipment.

The non-discretionary and discretionary accruals are computed as the forecasted value and

the prediction error, respectively.

NDAy = Bo: + B1:AREVy, + By PPEy,

DAI'[ = TAit '—NDA,'t.

The Jones model implicitly assumes that managers do not exercise discretion over revenues.
Dechow et al. (1995) raise a question about this assumption and further consider the change
in receivables since revenues may be shifted across periods by adjusting recognition timing.
They use the change in revenues minus the change in receivables as a proxy for the unmanaged

change in revenues.

TAi = Bos + B1(AREV;; — ARECy) + Bo PPE; + €4, (3.3)

where AREC; = Change in receivables from the prior period for firm i in year ¢.

Key (1997) proposes a refinement on the estimation of deprecation and amortization ex-
pense. The Jones model does not differentiate between depreciation and amortization. That is,

it is assumed that the level of gross property, plant, and equipment explains both depreciation

and amortization. Since amortization expense can be better explained by intangible assets, she
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explicitly includes gross intangible assets as an additional explanatory variable.

TAj = Bor + B1:AREV; + B2t PPEss + B3 Air + €41, 34)

where AlA4; = Gross intangible assets for firm i in year ¢.

The improvements proposed by Dechow et al. (1995) and Key (1997) lead to the following

modified Jones model:
TA[I = Bot + ﬁlt(AREI/iz _ ARECit) + thPPEit + B3t1Ait + Eit. (35)

DeFond and Jiambalvo (1994) propose a cross-sectional Jones model rather than time-
series model. The cross sectional Jones model has some advantages over the original time-
series model. The cross-sectional model usually yields larger samples, and does not assume
the stationarity of the discretionary accrual model. (Subramanyam (1996)). The cross-sectional
model is usually estimated by year and industry. Therefore, the cross-sectional Jones model
controls for year and industry specific effects. On the other hand, the cross-sectional model has
some problems. Researchers may have an ex-post data advantage over investors. That is, the
data required for the cross-sectional model may not be available to investors when they assess
total accruals. However, investors are assumed to hold a rational expectation about the firm’s
accrual policy and industry factors. Hence, they are assumed to consider the year and industry
effects when they assess total accruals. Another problem is the implicit assumption made by
the cross-sectional model. The cross-sectional model assumes that the discretionary accrual
model is the same for all firms in an industry regardless of their operating strategy or their
stage in their product life cycle. If firms in an industry are not homogeneous, the estimated
discretionary accrual model will suffer from measurement error.

Some studies have examined the relative performance of discretionary accrual models. For

example, Dechow et al. (1995) examine five discretionary accrual models including Healy (1985),

DeAﬁgelo (1986), the industry model by Dechow and Sloan (1991), the Jones (1991) model
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and the modified version of Jones model suggested by Dechow et al. (1995). They compare
the performance of the five representative discretionary accrual models using four samples: (i)
a random sample; (ii) a sample of firm-years experiencing extreme financial performance; (iii)
a sample of firm-years with artificially induced earnings management; and (iv) a sample of
firm-years in which the SEC alleges earnings are overstated. They find that the Jones model
and Dechow et al.’s (1995) modified Jones model best detect earnings management. Guay et
al. (1996) also compare the relative performance of the five representative discretionary accrual
models by regressing annual stock returns on operating cash flows, non-discretionary accruals,
and discretionary accruals. If the adopted discretionay accrual model randomly divides total
accruals into discretionary and non-discretionary accruals, then there will be no difference in
the coefficients on the discretionary accruals and the non-discretionary accruals. They find
that the estimated coefficients employing the Healy, DeAngelo, and industry models are indis-
tinguishable from those assuming a random decomposition of accruals into non-discretionary
and discretionary accruals. They conclude that the Jones model and Dechow et al.’s (1995)
modified Jones model perform best in segregating discretionary accruals out of total accru-
als, but still the power of test is low due to the measurement error. Hansen (1998) examines
the relative performanc¢ of the Jones model, the modified Jones model proposed by Dechow
et al. (1995), and the DeAngelo model by regressing aggregate future earnings on operating
cash flows, discretionary accruals, and non-discretionary accruals. He finds that the coefficient
on non-discretionary accruals is significantly higher than that on discretionary accruals in the
Jones and modified Jones models, but not in the DeAngelo model. He concludes that the Jones
and modified Jones models perform better than the DeAngelo model in isolating discretionary
accruals out of total accruals, but still contain very little manipulation content. He also exam-
ines the working capital discretionary accrual proxy used by DeFond and Jiambalvo (1994),

and reports that the result is insensitive to whether total accruals or working capital accruals
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are used as a proxy for earnings management.>

Even if the Jones and Dechow et al.’s (1995) modified Jones model perform bettér than the
Healy, DeAngelo, and industry models in separating total accruals into non-discretionary and
discretionary accruals, they have a lot of deficiencies. Bernard and Skinner (1996) point out
that the Jones model misclassifies some non-discretionary accruals as discretionary accruals.
For example, gains or losses from lawsuit are not likely to be discretionary, but the Jones
model treats them as discretionary.* Since the Jones model and its variants assume that the
non-discretionary change in working capital is explained by the change in revenues, other
non-discretionary accruals which do not depend on revenues are misclassified. Healy (1996)
criticizes that the existing accrual models do not properly incorporate the effect of accounting
principles such as conservatism. For example, the existing models do not reflect the asymmetric
treatment of gains and losses. He also points out that accounting rules constrain accruals to
reverse over time, but most accrual models do not capture this feature. Chapter 2 of this thesis

suggests this line of improvement by taking &;; = v; — MLy 1.
TAi = Bor + B1:(AREVy; — ARECy) + B PPEj; + Vi — MitLi_1,

where v; denotes the discretionary accruals taken by firm i in year ¢, and 1; denotes the

reversion parameter. The reversion of discretionary accruals made last year is captured by

3There is no study testing the power of Key’s (1997) modification to the Jones model. Table 4 of Key (1997),
who examines earnings management by firms in the cable television industry during periods of Congressional
scrutiny, reports negative coefficients on gross property, plant, and equipment, gross intangible assets and the
change in revenues. Only the coefficients on gross property, plant, and equipment and gross intangible assets are
significant.

4Reca!l that, in this thesis, total accruals are measured by the change in working capital minus depreciation (see
section 3). If gains or losses from lawsuits are received or paid in the same period in which they are recognized,
then they are not captured in total accruals. In that case, there is no misclassification problem. Only when the
gains or losses from lawsuits are recorded in working capital accounts before they are received or paid, they are
miss-classified as discretionary accruals. If total accruals are measured from cash flow statement, then the gains
or losses from lawsuits will always be captured as accruals. In that case, the misclassification problem always
exists since the gains or losses from lawsuits are classified as discretionary rather than non-discretionary under
the Jones model.
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NiVie—1. The error term, however, does not need to be of first-order moving average type. It
may be generalized into an ARMA (m,n) type error term. Combining this line of improvement

with the one suggested in equation (3.5) leads to the following non-discretionary accrual model:

7

TA4;; = Bor + P1:(AREV; — ARECjy) + BotPPE;; + B3I Ay

Mz jVir— (3.6)
1

m
+ D Gujeir—j+ Vi —
~ }

n
j =
where C; j represents the j™ autoregressive parameter for firm i in year ¢ and m;; represents the
7 moving average parameter for firm i in year ¢. In this model, only v; constitutes discre-
tionary accruals while 27’:1 Gitj€it—j — 254:1 MitjVi—; are part of non-discretionary accruals. A
drawback of the above model is that it is specified for time-series data, not for cross-sectional
data.

It is an empirical question whether the cross-section model outperforms the time-series
based model or vice versa. For example, Subramanyam (1996) compares the time-series and
cross-sectional versions of the Jones and the modified Jones model proposed by Dechow et
al. (1995). He finds that the cross-sectional based models have less average standard error
of the estimated coefficients than the time-series based models, and that the proportion of
the correct signs of the estimated coefficients is higher for the cross-sectional based models
than for the time-series based models. Based on this, he concludes that the cross-sectional
model is better specified than the time-series based model. Dechow et al. (1995) and Guay
et al. (1996) consider a naive cross-sectional industry model, but do not directly compare the
time-series based Jones model and the cross-sectional based Jones model. Hence, the question
as to whether the cross-sectional based model better detects earnings management than the
time-series based model remains open.

To summarize, this section evaluates the strengths and weakness of the existing non-discretionary

accruals model. There are two types of measurement errors.

(1) Incorrectly including non-discretionary items in discretionary accruals.
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(if) Incorrectly including discretionary items in non-discretionary accruals.

Even if the Jones model and its variants perform better than other availalbe models, mea-
surement error can induce incorrect conclusions about the existence of earnings management
and the nature of discretionary accruals. If the error introduce by (i) is uncorrelated with the
event of interest, then type (i) measurement error will just lead to noise in the estimate of dis-
cretionary accruals and lower power of a test. However, if the misclassified non-discretionary
item is correlated with the event of interest to the researcher, then type (i) measurement error
could lead to erroneous results that lead to incorrectly accepting or rejecting the null hypoth-
esis. If type (ii) measurement error occurs, then some discretionary accruals are not properly
identified. In that case, researchers may fail to identify earnings management even if earnings

management exists.
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3.3 Measurement of Discretionary Accruals and

Income Smoothing

3.3.1 Measurement of Discretionary Accruals

Consistent with previous studies (e.g., Jones (1991), Dechow et al. (1995), and Subramanyam (1996))

>

the total accruals for firm i in year ¢ (T4;) are calculated from COMPUSTAT as follows.

T4y = (ACAy — ACASH; ) — (ACL;; — ACD;;) — DEP;, 3.7
where, for firm i in year £,
ACA;; = Change in current assets (COMPUSTAT item #4),
ACASH;; = Change in cash and cash equivalents (COMPUSTAT item #1),
ACL;; = Change in current liabilities (COMPUSTAT item #5),
ACD;; = Change in debt in current liabilities (COMPUSTAT item #34),

DEP; = Depreciation and amortization (COMPUSTAT item #14).

Note that ACD; is added back since it is an item of cash from financing activities.

The modified Jones model proposed by Dechow et al. (1995) is used to disaggregéte total
accruals into discretionary and non-discretionary accruals. In order to reduce the heteroscedas-
ticity and to enhance comparability across firms, variables are deflated by the lagged total

assets. In order to consider the industry differences, each regression is run by year and two

digit SIC code as in DeFond and Jiambalvo (1994). That is, a cross-sectional version of the
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modified Jones model is used.

T4;; 1 AREV;j; — AREC;;
- = oji o+ Brji— =

PPE;,
Aijr—1 ﬂAijt——l Aijr—1

Aije-1

+ Bajr + &ijt, (3.8)

where, for firm i in industry j for year ¢,
AREV;j; = Change in revenues from the prior period (COMPUSTAT item #35),
AREC;j: = Change in net receivables from the prior period (COMPUSTAT item #2),
PPE;j; = Gross property, plant, and equipment (COMPUSTAT item #7),

Ajj—1 = Lagged total assets (COMPUSTAT item #6).

Firms in the same industry j are assumed to have the same coefficients, g jt» B1jz, and Ba
for a given year . It is predicted that By is positive and B, is negative since an increase in
working capital increases total accruals and an increase in depreciation decreases total accruals.

The non-discretionary and discretionary accruals are computed as the forecasted value and

the prediction error, respectively.

NDAy 5 1 . AREVyi—ARECy o PPEy
\_J Ajje—1 / Ajjr—1 M Aijer’
DAijt _ TAijt _NDAljt

Aiji—1 Aijp1 Aiji—1

Aijr1

3.3.2 Measurement of Income Smoothing

The variability of earnings can be represented by the standard deviation of earnings. The
srﬁoothness of earnings, therefore, is measured by the negative of the variability of earnings.
Before measuring the smoothness of earnings, the earnings generating process must be identi-
fied. It can be independent of current earnings, a random walk, or more possibly in-between
(see Watts and Zimmerman (1986)). If the earnings generating process is independent of the

current period’s earnings, that is, next period’s earnings are not affected by the realization of
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the current period’s earnings, then it can be represented as follows:

Er =po+pit+e,
where E; = Earnings in year ¢,

g€; = Disturbance term, iid with mean zero.

A simple variance of E; cannot be used to measure the variability of earnings because the
trend term (p; ) influences the variance. The impact of growth can be eliminated by considering
the change in earnings (E; — E;—1), which is represented by p; + (g; — &-1). The average of
the change in earnings is py, which can be used as a measure of growth of earnings. Note that
the variance of the change in earnings does not depend on growth (p;).

On the other hand, if the earnings generating process follows a random walk with a trend,

D, it is represented as follows:
Ei=E_1+p+e.

If &, is assumed to be independent and identically distributed with mean zero, then the average
of the change in earnings is p and the variance of the change in earnings is independent of
growth (p).

Under the assumption that the earnings generating process is independent of the realization
of the current period’s earnings or follows a random walk,” the smoothness of reported earnings
for firm i in year ¢ (SRE;) is calculated over the ten year period preceding year ¢ as the negative

of the standard deviation of the change in reported earnings per share deflated by the average of

>If the earnings generating process is E; = £E;_| + p + & or other variations, then the use of the change in
earnings does not solve the problem arising from growth. Researchers have to identify the earnings generating
process for each firm, which is very costly to implement in a large scale study. Unless the earnings generating
process follows a random walk or is independent of current earnings, the measure of smoothness used in this
thesis suffers from measurement error.
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the beginning of the fiscal period stock prices.® In this thesis, the primary earnings per share is

used for earnings per share (EPS). Growth is measured as the average of the change in earnings

per share.”
SD(AEPS;)
SRE;} = ———+——+
YT AVG(R)
AV G(AEPSy)
ROWTH)y = ————~ 3.
GROWTHy = = e, (3.9)

where, for firm i in year ¢,
SD(AEPS;;) = Standard deviation of changes in EPS,
AV G(AEPS;) = Average of changes in EPS,

AV G(P;-1) = Average of beginning stock prices per share .

In order to measure the degree of earnings management, a measure of pre-managed earn-
ings is needed. The pre-managed earnings are calculated by subtracting discretionary accruals
from reported earnings. The pre-managed earnings per share for firm i in year ¢ (EPS%) is
measured as follows:

DA,
No. of shares Outstanding

EPS) = EPS; —

Based on the pre-managed earnings per share, the smoothness of pre-managed earnings for
firm i in year ¢ (SPE;;) is measured as follows:

SD(AEPS?)

SPEy = ——————1t’,
YT AVG(P)

®In this thesis, all years refer to COMPUSTAT years. A COMPUSTAT year starts June 1 and ends May 31 of
the following year.

7Some research uses the market to book value of the equity as a proxy for growth (i.e., Teoh and Wong (1993)
and Shevlin and Shores (1993)). Note that factors other than growth can affect the market to book ratio. The
average of changes in EPS is a straightforward measure for growth, but it may not reflect unrealized growth
potential which the market already recognizes.
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The subsequent empirical analysis requires a measure of income smoothing. Income smooth-
ing for firm / in year ¢ (IS;;) is measured by the difference between the smoothness of reported

earnings and the smoothness of pre-managed earnings.
ISi[ = SRE,’[ - SPEit.

Firms are categorized into income smoothing firms and variance increasing earnings man-
agement firms by the sign of IS;. By definition, income smoothing firms manage earnings so
as to reduce the variance of unexpected earnings while the variance of reported earnings for
variance increasing earnings management firms increases as a result of earnings management.
Therefore, a firm is classified as an income smoothing firm in year ¢ if IS;; is positive whereas
a firm is classified as a variance increasing earnings management firm if 1.Sj is negative.

The measures of smoothness of reported and pre-managed earnings are also estimated over
the entire data period from 1978 to 1995. In order to increase the probability of identifying
the adopted earnings announcement policy, the maximum number of years available on COM-
PUSTAT are used.® The long estimation window assumes that earnings announcement policy
is stable over the examination period. If the long estimation window is used, the measures of
smoothness of reported and pre-managed earnings are represented by SRE; and SPE;. Simi-

larly, GROW T H; represents a measure of growth esitmated over the period from 1978 to 1995.°

3.4 Concluding Remarks

This chapter reviews the existing discretionary accrual models, focusing on the Jones model

and its variants. For the subsequent empirical chapters, a cross-sectional version of the De-

8The COMPUSTAT PC Plus 96 CD ROM contains most recent 20 years of annual data. Since the measure of
smoothness of earnings requires variables that are twice lagged, at most 18 years of data are available.

Asa primary measure of smoothness of earnings and growth, chapter 4 uses SRE;,, SPE;;, and GROWTH,:,
whereas chapter S uses SRE;, SPE;, and GROW TH;.

o
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chow et al.’s (1995) modified Jones model is adopted to decompose total accruals into non-
discretionary and discretionary components. Even if the Jones model and its variants are the
most sophisticated discretionary accrual models available today, they have many shortcomings.
In particular, measurement error in estimating discretionary accruals can lead to incorrect con-
clusions about the existence and nature of earnings management. Therefore, researchers must
be very careful in interpreting their results. In an attempt to improve the existing discretionary
accrual model, a modified Jones model, which incorporates the reversal aspect of accruals and
the suggestions of Dechow et al. (1995) and Key (1997), is proposed. This thesis does not ex-

amine whether the proposed model will perform better than other existing discretionary accrual

models. It will be left for future research.




Chapter 4

The Information Content of Earnings
Announcements

4.1 Introduction

This chapter examines the impact of earnings management on the relation between stock re-
turns and unexpected earnings. The flexibility of Generally Accepted Accounting Principles
gives managers some discretion over accounting accruals. If this discretion is exercised to
its extreme, then the resulting accrual based earnings can be uninformative about firm value
(Schipper (1989)). However, it is well documented that accrual based accounting earnings
are more informative about stock returns than operating cash flows (e.g., Rayburn (1986) and
Dechow (1994)). Consistent with other earnings management studies (e.g., Healy (1985),
Jones (1991), and DeFond and Park (1997)), it is assumed that accruals can be decomposed
into non-discretionary and discretionary components, and that earnings management is imple-
mented through the selection of discretionary accruals.! Subramanyam (1996) finds that discre-
tionary accruals are associated with annual stock returns after controlling for non-discretionary

accruals and operating cash flows. He concludes that discretionary accruals are on average

ISee chapter 2 for a discussion about the conceptual framework and related empirical issues regarding the
decomposition of total accruals into non-discretionary and discretionary accruals.

56
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informative about stock returns. Rather than examining the on average nature of earnings
management, this chapter focuses on the individual firm’s discretionary accrual policy and
examines its impact on the earnings response coefficient, which represents the association be-
tween unexpected earnings and abnormal share returns.

In examining the relation between earnings management and the earnings response coef-
ficient, this study focuses on the smoothness of reported earnings, which is measured by the
negative of the ex-ante variance of unexpected earnings shock (see section 4.2.2 for details).
Depending on the nature of the chosen discretionary accrual policy, reported earnings can be
smoother or more volatile than pre-managed earnings, which are defined as operating cash
flows plus non-discretionary accruals. A firm is classified as an income smoothing firm if re-
ported earnings are smoother than pre-managed earnings. Otherwise, the firm is classified as
a variance-increasing earnings management firm. Many studies consider income smoothing as
the main motive for earnings management. For example, Trueman and Titman (1988) model
a firm that is going to issue debt and has an incentive to smooth earnings in order to lower the
cost of capital. In addition, consumption smoothing and job security are also mentioned as mo-
tives for income smoothing (e.g., Lambert (1984) and Fudenberg and Tirol (1995)). DeFond
and Park (1997) find that if current earnings are low (high), but expected future earnings are
high (low), managers take income increasing (decreasing) discretionary accruals.

A firm’s choice of discretionary accruals depends on the incentives faced by the firm or
managers. As evidenced in the empirical section, most firms are engaged in income smoothing.
However, there are circumstances in which incentives other than income smoothing dominate.
Under these circumstances, a firm will take discretionary accruals that are not intended to
smooth earnings. If these circumstances are expected to happen more frequently for a given
firm, then investors will assess that this firm is more likely to select accruals that deviate from

income smoothing. In this thesis, the term “discretionary accrual policy” is used to refer to

what investors perceive as the on average nature of discretionary accruals. If there are more
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occasions under which a firm takes discretionary accruals that deviate from the default income
smoothing policy, then the firm’s discretionary accrual policy will be classified as variance
increasing earnings management.

A short window event study is employed to examine the relation between the degree of
income smoothing and the earnings response coefficient. The degree of income smoothing is
measured by the change in smoothness between reported and pre-managed earnings. The re-
gression results indicate that the earnings response coefficient is an increasing function of the
degree of income smoothing. The more actively a firm is engaged in income smoothing, the
stronger the stock price reaction to one dollar of unexpected earnings. This result is consis-
tent with Chaney et al. (1998), who report that income smoothing firms have higher earnings
response coefficients than non-income smoothing firms in their annual window study.? In or-
der to check whether the type of earnings management affects the relation between the degree
of income smoothing and the earnings response coefficient, the same analyses are performed
separately on the income smoothing and variance-increasing earnings management subgroups.
It is found that income smoothing increases the stock price reaction to unexpected earnings.
However, the hypothesis that variance-increasing earnings management decreases the stock
price reaction to one dollar of unexpected earnings is not supported by the data.

This study has two features that differ from other earnings management and earnings re-
sponse cbefﬁcient studies. First, this study employs a short window (the day before and the day
of earnings announcements) event study design rather than a long window association study
design. For example, Ramakrishnan and Thomas (1998) use an annual window in investigating

the relation between the time series characteristics of excess earnings and the earnings response

2Chaney et al. (1998) use a different classification scheme. A firm is assumed to be engaged in income
smoothing if the firm takes a positive (negative) discretionary accrual when the firm’s pre-managed earnings are
below (above) the last year’s reported earnings. A firm is classified as income smoothing firms if the frequency of
their measure of income smoothing is greater than that of the median firm in their sample.
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coefficient.> Subramanyam (1996) also uses an annual window in his examination of the in-
formativeness of discretionary accruals with respect to firm value. The long window research
design provides evidence that discretionary accruals reflect value relevant information, but not
necessarily new information. In investigating the impact of new information on stock returns,
the short window study design is more relevant than the long window association test design
(Jeter and Chaney (1992) and Easton (1998)). Since the focus of this chapter is to examine
whether discretionary accruals are informative about stock returns, the short window event
study design is more appropriate. Secondly, this study examines variance increasing earnings
management firms as well as income smoothing firms. By using a dummy variable design,
Chaney et al. (1998) focus on income smoothing, but do not examine the differential impact
of income smoothing and variance-increasing earnings management on the earnings response
coefficient. By decomposing earnings management into income smoothing and variance in-
creasing earnings management, this study provides a more complete picture about the impact
of the nature and magnitude of earnings management on the information content of earnings
reports.

The rest of the chapter is organized as follows. Section 2 develops empirical hypotheses
and the research design is explained in section 3. Data and empirical results are presented in

section 4 and conclusions are reached in section 5.

3Ramakrishnan and Thomas (1998) define excess earnings as the change in reported earnings minus expected
return due to dividend retention. They develop a model that links unexpected earnings and unexpected returns,
and provide empirical evidence consistent with the hypothesis that the market uses non-earnings information to
identify the components of an earnings shock. However, their focus is not earnings management.
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4.2 Development of Hypotheses

4.2.1 Classification of Firms

Pre-managed earnings are defined as operating cash flows plus non-discretionary accruals.
Therefore, (managed) reported earnings can be viewed as the sum of pre-managed earnings
and discretionary accruals. If investors can identify the discretionary accruals, then they ef-
fectively know both pre-managed earnings and reported earnings. It is assumed that investors
can identify the discretionary accruals by using the Jones (1991) model, which is one of the
most widely used discretionary accrual model in accounting research.* In order to estimate
the discretionary accruals, investors need data such as operating cash flows and detailed line
items. These data are not usually available to investors at the time of an earnings announce-
ment. Therefore, investors cannot identify the discretionary accruals until they have access to
the full set of financial statements. Investors are assumed to form a rational expectation about
the nature and magnitude of the discretionary accruals based on their beliefs about the ex-ante
characteristics of the earnings shock. Even if the ex post realization of discretionary accruals
may be different from the investors’ ex ante expectation, investors will on average correctly
assess the informativeness of the discretionary accruals.

In a setting where earnings are managed thrdugh discretionary accruals, the information
content of the reported earnings relative to pre-managed earnings depends on the nature of
discretionary accruals. If the discretionary accruals reflect value relevant information, which
are not captured by pre-managed earnings, then managed earnings will be more useful for val-

uation.> On the other hand, if the discretionary accruals are not correlated with other value

4This chapter uses a modified version of the Jones model proposed by Dechow et al. (1995).

SFor example, the explicit and implicit contracts with shareholders or managerial reputation in the labor market
may induce managers to disclose value relevant information.
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relevant information, then managed earnings will not be as useful as pre-managed earnihgs
for valuation purposes. In that case, managed earnings can be characterized as the garbling of
unmanaged earnings. In a more general setting in which discretionary accruals imperfectly
reveal other value relevant information, the discretionary accruals can be modeled as the sum
of the informative and noisy components. In this setting, the usefulness of discretionary ac-
cruals depends on the relative weight of the informative and noisy components. The more
informative earnings management, the more weight is put on the informative component. The
informativeness of discretionary accruals is endogenously determined by the incentives faced
by managers.

A firm is deemed to manage earnings if the smoothness of reported earnings is different
from the smoothness of pre-managed earnings, as classified in Figure 4.1. The horizontal axis
represents the degree of smoothness of pre-managed earnings (SPE) and the vertical axis the
degree of smoothness of reported earnings (SRE). Firms off the 45 degree line are engaged in
earnings management whereas firms on the 45 degree line are not engaged in earnings man-
agement. For example, firm A and firm B do not manage earnings whereas firm C and firm D
do manage earnings. Firm A and firm B will be referred to as non-earnings management firms,
and firm C and firm D will be referred to as earnings management firms. Earnings manage-
ment firms are further decomposed into income smoothing and variance-increasing earnings
management firms. Depending on the nature of earnings management, earnings management
leads either to smoother earnings or to more volatile earnings. Firm C will be referred to as an

income smoothing firm because (managed) reported earnings are smoother than pre-managed

STf debt covenants use accounting numbers, then managers have incentives to circumvent covenant restrictions
by managing reported earnings, which may result in garbling. Key (1997) reports that firms in the cable television
industry managed earnings in order to mitigate Congressional scrutiny in late 1980s and early 1990s. The cable
TV managers used discretionary accruals to relieve the political pressure of rate regulation, not to communicate
managers’ private information. Big baths by incoming CEOs or large income increasing discretionary accruals
by IPO firms are other examples of the garbling of pre-managed earnings.
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earnings. Firm D will be referred to as a variance-increasing earnings management firm be-

cause reported earnings are more volatile than pre-managed earnings.

4.2.2 Hypotheses

This subsection presents a simplified version of earnings management model developed in
chapter 2, which is used to develop empirical hypotheses about the relation between earnings
management and the earnings response coefficient.

Assume that a firm’s pre-managed earnings (X;) are represented by expected earnings given
the information available to investors before the earnings announcement (E[X;|/]) plus an un-
expected shock to pre-managed earnings (¢;), X; = E[X;|;] + ¢;. The unexpected shock to

pre-managed earnings is further decomposed into persistent and transitory components:
E:It = S‘tD + 8;,

where ¢’ and &/ represent persistent and transitory earnings shocks, respectively. The persistent
earnings shock (&) affects both current earnings and expected future earnings whereas the
transifory earnings shock (g}) affects only current earnings. It is assumed that the firm has
private information about the components of the pre-managed earnings shock, and that earnings
management is implemented through the selection of discretionary accruals. The unexpected
shock to (managed) reported earnings (g;) can be viewed as consisting of pre-managed earnings

shock (&) and discretionary accruals (d;):
& =¢ +e+d.

A firm chooses its discretionary accrual policy based on the incentives faced by the firm.

The discretionary accrual is modeled as follows:

dy = Eeb+ €l
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where &7 is a disturbance term with mean zero, and & € [—1,0] is the weight on the transitory
carnings shock. The discretionary accrual policy adopted by a firm is fully characterized by &
and /. By taking d; = —¢, a firm can effectively report persistent earnings by eliminating all
of the transitory earnings shock. Ifa firm takes d; = €7, then the resulting reported earnings will
be the garbling of pre-managed earnings. The structure of the discretionary accrual is chosen to
highlight the impact of earnings management on the smoothness of earnings. The smoothness
of earnings is measured by the negative of the volatility of earnings. In particular, the volatility
of earnings is measured by the ex-ahte variance of earnings shock. Under the assumption that
persistent earnings shock (&), transitory earnings shock (€}), and noise (¢7) are independent

2

and normally distributed with variances 62, 67, and o2 respectively, the ex-ante variances of

the pre-managed and reported earnings shocks are as follows:
Var(ét) = Gf, + Gtz
Var(g) = G?, +(1+&)%c? + o2

Depending on the nature of the adopted discretionary accrual, reported earnings can be
smoother or more volatile than pre-managed earnings. Chapter 2 shows that reported earnings
can be smoother than pre-managed earnings only if the discretionary accrual is negatively
correlated with the transitory earnings shock.” For example, if the discretionary accrual is the
negative of the transitory earnings shock (d; = —e&}), then the discretionary accrual effectively
eliminates all of the transitory earnings shock. In that case, the reported earnings are smoother
than the pre-managed earnings. On the other hand, if a firm’s earnings management effectively
adds noise to pre-managed earnings (d; = &f'), the reported earnings become more volatile than
the pre-managed earnings. Note that income smoothing is characterized by a negative \}alue of

€ and variance-increasing earnings management is characterized by a positive value of 2.

"1t is well known that if a firm’s earnings generating process follows a random walk, it is not possible to
smooth earnings because the earnings shock is all persistent,
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It is assumed that investors observe the total earnings shock, but do not observe the com-
ponents of the earnings shock at the time of an earnings announcement. However, investors
hold beliefs about the composition of the earnings shock. The conditional expectation of the
persistent earnings shock given the total observed earnings shock (87 = E[ef|¢,]) is calculated
byel = cf,st /Var(e,).® Similarly, the conditional expectations of the transitory earnings shock
(), and the noise (&) are calculated by & = (1 + &)?c?¢,/Var(e,), and & = o2e, /Var(e;),
respectively. The price reaction to an earnings announcement depends on the beliefs about the
composition of the earnings shock. Firm value is only affected by the unexpected shock to
reported earnings, not by the anticipated earnings. The unexpected change in firm value (ur;)

can be represented as follows:’
ur, = O + &, 4.1)

where @ > 1 is the multiplier for the conditional expectation of the persistent earnings shock.!?
® > 1 implies that the value implication of one dollar of persistent earnings shock is greater
than that of one dollar of transitory earnings shock. Note that firm value is not affected by the
noise component. When the unexpected changes in firm value are regressed on the unexpected

earnings, the coefficient on the unexpected earnings is called the earnings response coefficient

81t is assumed that the discretionary accruals are not observable at the time of the earnings announcement
(see section 4.2.1). If the discretionary accruals are known to investors, then the conditional expectation of the

224 22
H . . . G017 & +EC%50;
persistent earnings is F [e{’ |&,di] = 17 & +50p07

o0} +o7)+E20%a7

The model assumes that transitory earnings have a dollar for doliar impact on firm value. Ramakrishnan and
Thomas (1998) derive a similar function.

1The magnitude of @ is affected by many factors including the persistence parameter of earnings and interest
rate. See chapter 2 for details.
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(ERC). The earnings response coefficient is:

COV(urt, 8[)
Var(g;)

@l +(1+¢&)%c?
o3+ (14+&)%0? + 02

ERC =

(4.2)

If there is no earnings management (i.e., £ = 0 and 62 = 0), then the corresponding earnings

response coefficient (ERC?) is as follows:

If a firm smooths earnings by taking & = —1 and o2 = 0, the ERC becomes @, which is
greater than the ERCO. If a firm adds noise to pre-managed earnings (i.e., §£=0and 62 > 0),
then the ERC is less than the ERC?. It can be seen that the ERC is a decreasing function of &
and the variance of noise (62). Since income smoothing is characterized by a negative value
of &, income smoothing will increase the earnings response coefficient. On the other hand,
variance-increasing earnings management is characterized by a positive value of 52. Therefore,

variance-increasing earnings management will decrease the earnings response coefficient.

The following example depicts the four points in Figure 4.1.

PE RE Change in
Firm || (63,07) | (05,(1+&)%6?,62) | firmvalue | &/, | ERC

A || 65 (5,5.,0) 40 |50.00% | 4.0
B (8,8) (8,8,0) 40e |50.00% | 4.0
C (8,8) (8,2,0) 58¢ | 80.00% | 5.8
D | 55 (5,5.,6) 25e |3125% ]| 25

PE: Composition of the variance of pre-managed earnings shock

RE: Composition of the variance of (managed) reported earningé shock
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Firms A and B do not manage earnings, hence the smoothness of reported earnings is
the same as that of pre-managed earnings. Firms C and D do manage earnings, hence the
smoothness of reported earnings is different from that of pre-managed earnings. Firm C reports
smoother earnings by taking d; = —0.5¢.. As a result, the perceived variance of the reported
earnings decreases by 6. Firm D adds noise by taking d; = £ with 62 = 6. As a resuilt, the
reported earnings become more volatile than the pre-managed earnings. Note that firm A has
the same smoothness of reported earnings as firm C, and firm B has the same smoothness of
reported earnings as firm D. For simplicity, assume that the value implication of one dollar
of persistent earnings shock (®) equals 7. The change in firm value given the total earnings
shock (g;) is computed by equation (4.1). The earnings response coefficient is computed by
equation (4.2). It can be seen that the earnings response coefficient is a weighted average of
the market’s reaction to beliefs about the persistent, transitory, and noise components. For
example, the ERC for firm D is calculated by (3 x 7) + (Fx1)+ (T% x 0) =2.5.

In examining the impact of earnings management on the earnings response coefficient,
firms that manage earnings are compared to those that do not manage earnings. First, earnings
management firms are compared to non-earnings management firms after controlling for the
smoothness of pre-managed earnings. For exampie, firm C is compared to firm B. Firm C has
the same smoothness of pre-managed earnings as firm B, but as a result of income smoothing,
firm C reports smoother earnings than firm B. Since smoother earnings are achieved by elimi-
nating the transitory component of unexpected earnings, the ERC of firm C is greater than that
of firm B (5.8 > 4.0). That is, income smoothing increases the percentage of the total earnings
shock that is expected to be persistent, hence the price reaction to one dollar of unexpected
earnings is higher for income smoothing firms than for non-earnings management firms. It is
predicted that income smoothing firms will have a higher earnings response coefficient than

non-earnings management firms.




Chapter 4 The Information Content of Earnings Announcements 67

Hypothesis 4.1 If the smoothness of pre-managed earnings is equal, income smoothing firms

have a higher ERC than non-earnings management firms.

Similarly, firm D is compared with firm A. As a result of earnings management, firm D
reports more volatile earnings than pre-managed earnings. Due to the noise added to pre-
managed earnings, the ERC of firm D is less than that of firm A (2.5 < 4.0). Variance-
increasing earnings management reduces the market reaction to one dollar of unexpected earn-
ings since the anticipated noise component does not affect firm value. It is predicted that
variance-increasing earnings management firms will have a lower earnings response coeffi-

cient than non-earnings management firms.

Hypothesis 4.2 [fthe smoothness of pre-managed earnings is equal, variance-increasing earn-

ings management firms have a lower ERC than non-earnings management firms.!!

Next, earnings management firms are compared with non-earnings management firms after
controlling for the smoothness of reported earnings. If the smoothness of the reported earnings
for earnings managers is the same as that for non-earnings managers, what matters is the per-
sistent earnings shock percentage (% = m—f%&—)). If other things are equal, the earnings response
coefficient is an increasing function of the persistent earnings shock percentage. If income
smoothing eliminates transitory earnings shocks, then the persistent earnings shock percentage
will increase. For example, firm C has the same smoothness of reported earnings as firm A, but
the persistent earnings shock percentage of firm C is higher than that of firm A (80% > 50%).
The ERC of firm C is greater than that of firm A (5.8 > 4.0). On the other hand, if discretionary

accruals contain a lot of noise, then the persistent earnings shock percentage will decrease. For

"Variance-increasing earnings management can be viewed as a negative income smoothing (or income de-
smoothing), and the ERC is an increasing function of the degree of income smoothing. Therefore, hypotheses (4.1)
and (4.2) can be combined: “If the smoothness of pre-managed earnings is equal, the ERC is an increasing
function of the degree of income smoothing.”
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example, firm D has the same smoothness of reported earnings as firm B, but the persistent
earnings shock percentage of firm D is lower than that of firm B (31.25% < 50%). The ERC of
firm D is less than that of firm B (2.5 < 4). If the smoothness of reported earnings is equal, it
is predicted that income smoothing firms will have a higher earnings response coefficient than
non-earnings management firms, and that variance-increasing earnings management firms will

have a lower earnings response coefficient than non-earnings management firms.

Hypothesis 4.3 If the smoothness of reported earnings is equal, income smoothing firms have

a higher ERC than non earnings management firms.

Hypothesis 4.4 If the smoothness of reported earnings is equal, variance-increasing earnings

management firms have a lower ERC than non-earnings management firms.\2

4.3 Research Design

In this study, the measurement of discretionary accruals and the smoothness of earnings is
important. As pointed out by Bernard and Skinner (1996), if non-discretionary accruals are
erroneously classified as discretionary accruals, it is not surprising to find that discretionary
accruals are associated with annual returns. This study does not directly use discretionary ac-
cruals as an explanatory variable, but uses estimates of discretionary accruals in the estimation
of pre-managed earnings. Since the measurement error will decrease the power of the test,
this study jointly tests the efficacy of the model used to identify discretionary accruals and the
information content of discretionary accruals.

The measures of smoothness of pre-managed earnings (SPE; ) and reported earnings (SRE}),

and growth (GROWT Hj,) for firm i in year ¢ are estimated over ten year period preceding year ¢

AY

12 As in hypotheses (4.1) and (4.2), hypotheses (4.3) and (4.4) can be combined: “If the smoothness of reported
earnings is equal, the ERC is an increasing function of the degree of income smoothing.”
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(see chapter 3 for detail). In the previous modeling section, the volatility of earnings is defined
as the ex-ante variance of earnings shocks. In the empirical measurement of the volatility of
earnings, earnings shocks are proxied for by the change in earnings. As explained in chapter
3, the adopted proxy is valid under the assumption that the earnings generating process is in-
dependent of the realization of the current period’s earnings or follows a random walk. Unless
the earnings generating process follows a random walk or is independent of current earnings,
the measure of smoothness used in this thesis suffers from measurement error. Measurement
error can be reduced by identifying the earnings generating process for each individual firm.
However, it is very costly to identify the earning generating process for each firm in a large
scale study like this. Therefore, this thesis uses the change in earnings as a noisy proxy for an
earnings shock.

A short window event study is employed to examine the differences in the informative-
ness of reported earnings between firms with different degrees of earnings management and
smoothness of reported earnings. The informativeness is measured by the earnings response
coefficient (ERC), which represents the association between unexpected earnings and stock
price movements. The following pooled time-series cross-sectional regression is used to inves-

tigate differences in the ERCs:
CARj = Bo + B1UE; + B2SIZE; + B3GROWTH; + €, (4.3)
where CAR;; = Cumulative abnormal returns,

UE;; = Unexpected earnings,

SIZE;; = In(market value of the equity at the fiscal period end).

The cumulative abnormal returns are measured around the earnings announcement date (from

day -1 to day 0). The abnormal return is calculated as the excess return above the equally
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weighted market return.'® The unexpected earnings are calculated as reported earnings minus
expected earnings scaled by the beginning of the fiscal period stock price. Expected earnings
are proxied for by the last I/B/E/S analysts’ consensus (median) forecast before the eafnings
announcement. The earnings response coefficient () is expected to be positive. Size and
growth are further included as control variables for risk.'* Since size is more likely to be
negatively related to risk, the sign of B, is predicted to be negative.!> Similarly, B3 is predicted
to be positive since growth firms are generally riskier than non growth firms.

In the regression that examines the impact of earnings management on earnings response

coefficient, firms are ranked by the smoothness of pre-managed earnings (SPE;;) and reported

earnings (SRE}), and the ranks are converted into percentiles by (rank - 1)/(number of firms in
year t - 1).16 The percentiles of the smoothness of reported and pre-managed eamiﬁgs of firm
i in year ¢ are represented by SREY and SPEZ, respectively. Hypotheses 4.1 and 4.2 predict
that income smoothing increases the ERC while variance-increasing earnings management de-

creases the ERC after controlling for the variance of pre-managed earnings. These hypotheses

BFor simplicity, the residual of the market model is not used. This procedure can be justified by Fama and
French (1992) which report that systematic risk () is not successful in explaining the cross-sectional variation of
the expected rates of return. Rather size and book-to-market equity better explain the cross sectional differences
of average stock returns. In regression tests, market-to-book is also considered as an alternative proxy for growth.

14The capital market requires a higher return for riskier firms. However, in a short window event study like this
study, the adjustment for risk has less effect on the required return than in long window association tests.

15In contrast, Teoh and Wong (1993) state that there is no consensus on the predicted sign of the size variable.

16The same analyses are repeated using raw SPE and SRE scores rather than percentiles. After winsorizing
the most volatile 5 percent of the observations, the results are similar to those using percentiles. Winsorizing is
performed to abate the impact of influential data. Lang and Lundholm (1996) use the same percentile transfor-
mation in their rank regression. Rank regression does not assume the linearity between independent variables
and dependent variables. In particular, if the relation is monotonic, but non-linear, then the rank regression works
better than OLS (Iman and Conover (1979)). Rank regression is also less vulnerable to extreme observations and
violations of the distributional assumptions regarding error term (Chaudhury and Ng (1992)).
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are tested by the following regression:

CARj; = Bo+B1UE; + [32(5'PEZ-ItJ X UE,'t) + B3 (IS,'; X UEi,)
+B4SIZE; + BsGROWTH; + &x, (4.4)
where IS;; = (SREY — SPE?) is the change in smoothness between reported and pre-managed
earnings. A positive change implies income smoothing while a negative change implies variance-

increasing earnings management. A positive B3 is consistent with hypotheses 4.1 and 4.2.

Similarly, hypotheses 4.3 and 4.4 are tested by the following regression:

CAR;‘t = B() + Bl UEjt + Bz(SREII; X UEjt) + B} (ISit X UEit)

+ B4SIZE; + PsGROW T H; + . (4.5)

After controlling for the variance of the reported earnings, hypotheses 4.3 and 4.4 predict
a positive coefficient on the change in smoothness between reported and pre-managed earn-

ings.!”

4.4 Data and Results

4.4.1 Data and Descriptive Statistics

Data for computing discretionary accruals and the smoothness of earnings were collected from

COMPUSTAT PC Plus 96 CD ROM, CRSP, and I/B/E/S 96 CD ROM. An initial sample of

17The same tests can be performed using the following single regression.

CARy = Bo+ B1UE + B2(SREL x UEy) + B3 (SPE? x UEy)
+ B4SIZE; + BsGROW TH; + ¢z,

Separate regressions (4.4) and (4.5) are used for expositional convenience. It can be seen that a positive B3 in
regression (4.4) is equivalent to a positive B2, and that a positive B3 in regression (4.5) is equivalent to a negative
P3. On the other hand, B, in regressions (4.4) will be the same as B, in regression (4.5) because B, is equal to

B2+ Bs.
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5,975 firm-years was selected in the following manner.

1. A sample of 64,586 firm-years meeting the following criteria was collected.

(a) SIC is not from 6000 to 6999, that is, financial institutions are excluded.!®

(b) Firms are listed on at least one of the New York Stock Exchange, the American

Stock Exchange, and the NASDAQ.
(c) There is no change in fiscal year ends.

(d) All of the financial data required for estimating the non-discretionary accrual model

is available.

2. For the estimation of non-discretionary accrﬁal models, there should be at least 20 data
points per two-digit SIC and year. As a result, 680 SIC-year non-discretionary accrual
models are estimated. This requirement reduced the sample to 52,542 firm-years. Ta-
ble 4.1 presents the estimated non-discretionary accrual models. B; has an average of
0.076 and B; has an average of -0.053. The signs of coefficients are consistent with previ-

ous research (Jones (1991), DeFond and Jiambalvo (1994), and Subramanyam (1996)).1°

3. In calculating measures of smoothness of reported and pre-managed earnings, 10 years
of data per firm are required.”® In addition, earnings announcement dates, last median
I/B/E/S analysts forecasts before earnings announcements, CRSP returns data for the
day before and the day of earnings announcements, and beginning stock prices must be

available. The resulting sample consists of 5,975 firm-years.

18In addition, the same empirical tests are performed after excluding utilities. The empirical results are insen-
sitive to the exclusion of utilities.

19For example, Subramanyam (1996) reports that the average coefficients on change in revenues and on the
gross property, plant, and equipment are 0.03 and —0.06, respectively.

2There is a survivorship bias. That is, recently incorporated firms and de-listed firms are not included.
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One of the concerns about the data is the reliability of the EPS provided by I/B/E/S.
Philbrick and Ricks (1991) report that the I/B/E/S EPS agrees with the COMPUSTAT EPS
in only 33 percent of their sample. Note that in this study, for consistency, the I/B/E/S EPS was
converted into the primary basis if I/B/E/S indicates that it is the fully diluted EPS. Table 4.2
presents the distribution of the absolute value of the difference between the COMPUSTAT
primary EPS and the I/B/E/S primary EPS. The I/B/E/S primary EPS matches with the COM-
PUSTAT primary EPS in about 45 percent of firm-year observations.?! For about 70 percent
of the observations, the difference between the I/B/E/S EPS and COMPUSTAT EPS is less
than 10 cents. If the same basis (primary in this study) is used for EPS, the magnitude of the
difference between two data bases is not so big as that reported by Philbrick and Ricks (1991).
After deleting observations in which the COMPUSTAT primary EPS and the I/B/E/S primary
EPS differ by more than or equal to one cent, the final sample comprises 2,653 firm-years (926
firms).

Panel A of table 4.3 presents the distribution of the sample by year. The sample is fairly
evenly distributed over the examination period except for 1995. The restriction on data avail-
ability reduced the number of observations in 1995. Panel B of table 4.3 reports the number of
observations per firm. More than 70 percent of firms have more than one observation over the
examination ;‘)eriod. Table 4.4 reports the industry composition of the sample. Thirty five in-
dustry groups are represented in the sample. Utilities represent 14% of the sample. The sample
contains a high proportion of manufacturing firms (SIC 2000s, 3000s, and 4000s).

Descriptive statistics are reported in table 4.5. Panel A reports that firms in the sample
are quite large on average. The average market value of equity and annual sales are $1,832.5

million and $1,945.5 million, respectively. The average discretionary accruals deflated by the

2I'The I/B/E/S EPS and the COMPUSTAT EPS differ in precision and the conversion from the fully diluted
EPS to the primary EPS results in a round-off error. In this study, if the absolute value of the difference is less
than one cent, those observations are treated as the same.
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beginning of the fiscal period total assets is -0.0022 and is not significantly different from
zero. The average smoothness of reported earnings is -0.0561 while the average smoothness of
pre-managed earnings is -0.1451. The magnitude of change in smoothness between reported
and pre-managed earnings is quite large. The average absolute change in smoothness between
reported and pre-managed earnings is 0.093. As a result of earnings management, the variance
of reported earnings decreased by more than 60 percent. The measure of growth indicates that
earnings per share has increased over the estimation period.

The sample is partitioned into income smoothing and variance increasing earnings man-
agement firms. More than 95 percent of firm-years (2,532 out of total 2,653) are classified
as income smoothing firms, while only 121 firm-years are classified as variance-increasing
earnings management firms. This extreme result must be interpreted with caveats since the
classification of firms is affected by two factors. One is the efficacy of the Jones model, which
is used to identify discretionary accruals. The measurement error (or bias) of the Jones model
will affect the classification of firms. A second factor is the way the smoothness of reported
earnings is measured. The smoothness of reported earnings is measured over the ten year pe-
riod preceding earnings announcement. Since it is based on past earnings information, it does
not reflect other information about expected future earnings that investors may have at the time
of an earnings announcement.??

Panel B of table 4.5 reports descriptive statistics of income smoothing firms and variance-
increasing earnings management firms. The two groups of firms are very similar in terms of
size. The t-test implies that there is no difference between the two groups in the market value
of equity and total assets. However, the Wilcoxon rank sum test shows that the median annual

sales are greater for income smoothing firms than for variance-increasing earnings management

22This concern is partially dealt with in section 4.4 by measuring the smoothness of earnings using future
earnings as well as past earnings.
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firms. While both groups start out with very similar smoothness of pre-managed earnings, not
surprisingly, the income smoothing firms end up with much smoother reported earnings than
the variance-increasing earnings management firms. The Wilcoxon rank sum test shows that
variance-increasing earnings management firms use more discretionary accruals than income
smoothing firms, and that the growth of earnings per share is higher for income smoothing

firms than for variance-increasing earnings management firms.

4.4.2 A Preliminary Examination of Earnings Response

Coefficients

In order to examine the impact of earnings management on earnings response coefficients,
firms are partitioned into a four by four matrix by the smoothness of reported and pre-managed
earnings. Table 4.6 reports earnings response coefficients, number of observations, and ad-
justed R? of each cell. The top leftmost cell (IVA) represents a group of firms that report the
smoothest earnings, but pre-managed earnings are the most volatile. The bottom rightmost cell
(ID) represents a group of firms that report the most volatile earnings, but their pre-managed
earnings are identified as smooth. The cells in the top left represent income smoothing firms
whereas the cells in the bottom right represent variance-increasing earnings management firms.

Hypotheses 4.1 and 4.2 predict that the earnings response coefficient (ERC) is an increasing
function of the degree of income smoothing after the smoothness of pre-managed earnings is
controlled for.23 That is, for each column, the ERC will increase as we move up. In the first
column (A) which includes firms with the most volatile pre-managed earnings, cell (IIA) has
a greater ERC than cell (IA), and cell (IIIA) has a greater ERC than cell (ITA). The ERC of

the top cell (IVA) is also greater than those of other cells below, but the estimated ERC is not

Z*Note that variance-increasing earnings management can be thought of as a negative income smoothing.
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significant due to the small sample size. A similar trend can be found in the second column (B).
However, in the last two columns (C and D), which include firms with relatively smooth pre-
managed earnings, the predicted trend is weak or reversed. Observe that the predicted trend
is weak or reversed for cells that contain a relatively high proportion of variance-increasing
earnings management firms, for example, cells in the bottom right. It should be noted that
the sample contains only 121 variance-increasing earnings management firms and these firm-
years show up in the first row (I), the last column (D), and cell (IIC). For example, cell (ID)
consists entirely of variance-increasing earnings management firms, while cell (IVD) includes
two variance-increasing earnings management firm-years out of a total of 428 firm-years.

Hypotheses 4.3 and 4.4 predict that earnings response coefficient is an increasing function
of the degree of income smoothing after controlling for the smoothness of reported earnings.
Therefore, for each row, the ERC will increase as we move to the left. In the top row (IV) which
includes firms with the smoothest reported earnings, the ERCs of cells on the left are greater
than that of the rightmost cell (IVD) although the earnings response coefficient for cell (IVA)
is not greater than that for cell (IVB). A similar trend can be found in other rows. However, as
before, the trend is weak for cells that contain relatively high proportion of variance increasing
earnings management firms. Overall, the result is consistent with hypotheses 4.3 and 4.4.

To summarize, it seems that the ERC is an increasing function of the degree of income
smoothing. However, it is difficult to draw a definitive conclusion for variance-increasing

earnings management firms due to the small sample size.

4.4.3 Regression Tests

Table 4.7 reports the results of the regression of abnormal returns on earnings surprise, change
in smoothness between reported and pre-managed earnings, size, and growth after controlling

for either the smoothness of pre-managed earnings or the smoothness of reported earnings. Re-
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gressions are estimated using 2,653 firm-year observations. The adjusted R? is 1.92 percent.2
Consistent with previous research, the coefficient on the unexpected earnings is significantly
positively correlated with abnormal stock returns.

In regression (1), which controls for the smoothness of pre-managed earnings, the coeffi-
cient on the change in smoothness between reported and pre-managed earnings is significantly
positive as predicted. That is, income smoothing increases market reaction. However, it is
also consistent with the view that smooth earnings have stronger market reaction than volatile
earnings regardless of earnings management. What matters may be the smoothness of reported
earnings, not earnings management. That is, the effect of earnings management on the ERC
might be secondary rather than primary. This concern is taken into account in regression (2)
by controlling for the smoothness of reported earnings. It is found that the coefficient on the
change in smoothness between reported and pre-managed earnings is significantly positive.

Measurement error with respect to discretionary accruals can also affect the results. If
the discretionary accrual model used in this chapter (the modified Jones model) actually ran-
domly divides total accruals into discretionary and non-discretionary components, there will
be no difference between firms with different degrees of income smoothing if the smoothness
of feported earnings is equal. However, the results show that there are significant differences
among firms, implying that the discretionary accrual model adopted in this study does not ran-
domly divide total accruals into discretionary and non-discretionary components. On the other
hand, it is quite possible that the fundamental characteristics of income smoothing firms and
non-earnings management firms are different. Firms may smooth earnings because they have
naturally more transitory earnings shocks. If that is the case, even after earnings management,
the proportion of transitory earnings shocks for income smoothing firms can be higher than that

for non earnings management firms. This should work against finding that income smoothing

24The low R? is not surprising in return-earnings studies (Lev (1989)).
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firms have a higher ERC than non-earnings management firms.

There is no prediction about the smoothness of reported and pre-managed earnings. How-
ever, it is found that the ERC is positively associated with the smoothness of earnings after
controlling for the change in smoothness between reported and pre-managed earnings. As pre-
dicted, the coefficient on size is significantly negative, which is consistent with the hypothesis

that size is negatively associated with risk. The coefficient on growth is insignificant.?> -

4.4.4 Sensitivity Analyses

Additional analyses are performed to check on the robustness of the results. First, the smooth-
ness of reported and pre-managed earnings are measured differently. In the original regres-
sion, the smoothness of earnings was measured over the ten year period preceding earnings
announcement. That is, only past reported earnings are used. However, the investors’ informa-
tion set is not confined to past reported earnings, and includes information from many different
sources. In an attempt to consider whether the investors’ information set is richer than past
reported earnings, the estimation window is extended such that the smoothness of reported
and pre-managed earnings is measured using future earnings as well as past earnings. This
extended estimation window assumes that investors’ richer information is better captured by
future realized earnings. It does not assume that investors have a perfect foresight, but that
investors’ rational expectation about the nature of earnings management on average matches
with the realization of earnings. In addition, if the earnings generating process is stable over
timé, it will be better estimated by using a longer estimation window.

Table 4.8 reports the results of the regression‘ when SRE and SPE are measured over the

period from 1978 to 1995. The coefficient on the change in smoothness between reported and

25 As an alternative proxy for growth, the market-to-book value of equity was also used, and the results are
qualitatively similar to the ones presented in table 4.7.
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pre-managed earnings is significantly positive as in the original regression. Overall, the results
are very similar to those of the original regressions. The increase in the adjusted R? from
1.92% to 3.16% is consistent with the argument that investors’ information set is richer- than
past reported earnings, and that the long window better captures what investors know at the
time of the earnings announcement.

Next, the restriction on the difference between the I/B/E/S primary EPS and COMPUSTAT
primary EPS is relaxed. The tolerance level of the discrepancy is increased from one cent to
10 cents. Observations are retained as long as the absolute difference between the I/B/E/S
primary EPS and COMPUSTAT primary EPS is less than 10 cents. As a result, the sample
size increased from 2,653 firm-years to 4,073 firm-years. Table 4.9 reports that the adjusted R?
dropped from 1.92% to 1.66%. This may be due to the increased noise in unexpected earnings.
Regression results are similar to those of the original regression.

Finally, fiscal year dummies were also included in the original regressions in order to con-

sider possible fixed time effects. The regression results are very similar to those of the original

regressions (not reported here).

4.4.5 Further Classification of Firms

Earnings management firms are further decomposed into income smoothing and variance-
increasing earnings management firms. In order to examine the differential impact of income

smoothing and variance-increasing earnings management, the following piecewise regression

is used:
CAR;; = Bo + B1UE;y + B2(SPEL x UE;) + B (IS;; x UEy)
+ B3 (IS; X UE) + B4SIZEy + PsGROWTHy + & (4.6)

where IS}, equals IS;; = SREZ — SPE?. for income smoothing firms, otherwise, zero. Similarly,

IS;, equals IS; for variance-increasing earnings management firms, otherwise, zero. Since
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income smoothing increases the ERC and variance increasing earnings management decreases
the ERC, both B;r- and PB; are expected to be positive. The original regression (4.4) can be
viewed as a restricted regression since BgL and B3 are assumed to be equal. However, if there
is no difference between income smoothing and variance-increasing earnings managenient, B;‘
will be the same as B; .

Similarly, regression (4.5) is modified as follows:

CARys = Bo + B1UEy + B2(SREL x UE;) + B (IS; x UEy)

+B3 (ISy X UEx) + BaSIZE; + BsGROW T Hy + ei (4.7)

Table 4.10 reports the results of the piecewise regressions. The coefficient on IS} x UEy
is significantly positive in both regressions, but the coefficient on IS}, x UE is only signifi-
cantly positive for the regression that controls for the smoothness of pre-managed earnings. It
seems that the impact of earnings management on the earnings response coefficient is weak
for variance-increasing earnings management firms. However, it should be noted that there are
only 121 variance-increasing earnings management firm-years.

The four by four partition analysis reported in table 4.6 suggests that the impact of earn-
ings management is weak for firms below the 45 degree line. For the next test, firms are
partitioned into income smoothing and variance increasing earnings management firms by the
relative measure of SRE and SPE rather than the raw value of SRE and SPE. A firm is classi-
fied as income smoothing firms if the rank of smoothness of reported earnings is higher than
the rank of smoothness of pre-managed earnings. Otherwise, the firm is classified as variance-
increasing earnings management. Under the original classification scheme, 95 percent of the
sample are identified as smoothing earnings. Under the new classification scheme, income
smoothing firms include firms that are extensively engaged in income smoothing whereas vari-
ance increasing earnings management firms include variance-increasing earnings management

firms and income smoothing firms that are less aggressively engaged in income smoothing.
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Table 4.11 reports descriptive statistics of these two groups. They differ in size when prox-
ied for by market value of equity or total assets or annual sales. the Wilcoxon rank sum test
reports that income smoothing firms are bigger than variance-increasing earnings management
firms. However, the average test shows that variance-increasing earnings management firms
are bigger than income smoothing firms. It should be noted that the average test is affected by
large firms that are classified as variance-increasing earnings management firms. The growth
of earnings per share is greater for income smoothing firms than for variance increasing earn-
ings management firms. There is no significant difference in discretionary accruals between
the two groups.

Table 4.12 reports the piecewise regression results when firms are partitioned by the rela-
tive measure. The coefficient on IS;' x UE} is significantly positive for both regressions, but
the coefficient on IS;, x UEj is not significant for both regressions. It seems that earnings
management has an impact on the earnings response coefficient for income smoothing firms,
but not for variance-increasing earnings management firms. For aggressive income smoothing
firms, the ERC is found to be an increasing function of the degree of income smoothing, but not
for less aggressive income smoothing firms. It should be noted that the classification of firms
is sensitive to the measurement error (or bias) of the Jones model, which is used to identify
discretionary'accruals and pre-managed earnings. A more sophisticated discretionary accrual

model may provide more conclusive evidence.

4.5 Conclusions

This chapter contributes to the earnings response coefficient literature by providing evidence
that the earnings response coefficient is an increasing function of the degree of income smooth-

ing. Rather than examining the on average nature of earnings management as in Subra-

manyam (1996), this chapter classifies earnings management into income smoothing and variance-
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increasing earnings management, and examines the differential impact of these two different
types of earnings management on the earnings response coefficient. Consistent with Chaney et
al. (1998), most firms are found to be engaged in income smoothing. For the income smooth-
ing subsample, it is found that income smoothing increases the earnings response coefficient.
However, for the variance-increasing earnings management subsample, the relation between
earnings management and earnings response coefficient is not significant.

This study has some caveats. First, this chapter critically depends on the measurement
of discretionary accruals and the classification of firms by the nature of earnings manage-
ment. If the discretionary accrual model and the measure for smooth earnings used in this
chapter do not have enough discriminatory power, the power of the tests will be low.2® A
more sophisticated estimation model might sharpen the results. Second, the positive economic
consequences of variance-increasing earnings management are not considered. For example,
variance-increasing earnings management may be necessary to alleviate the incentive problems
or to reduce political costs, or to minimize or delay the payment of taxes. It is quite possible that
earnings management increases the value of the firm. It may be an alternative explanation why
variance increasing earnings management does not decrease the earnings response coefficient.
In order to understand better about the nature of variance-increasing earnings management, it
will be useful to further break down variance-increasing earnings management firms by some
metric that captures value implication. Finally, there is no attempt to explain why some firms
manage earnings and some do not. It is not explicitly modeled why some firms are engaged
in income smoothing and others do not. Rather it is implicitly assumed that each firm is en-

dowed with different earnings management opportunities and incentives. It will be interesting

~

26Guay et al. (1996) compare five non-discretionary accrual models and conclude that the performance of all
models is not satisfactory in estimating discretionary accruals even though the Jones and the modified Jones
models perform better than other models. They consider Healy (1985), DeAngelo (1986), Jones (1991), Dechow
et al. (1995), and Dechow and Sloan (1991).
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to investigate what characteristics of firms determine the nature of earnings management.



Chapter 4 The Information Content of Earnings Announcements 84

Figure 4.1: Classification of Firms by the Smoothness of Reported and Pre-managed
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Table 4.1: Non-discretionary Accrual Estimation Models (by Year and two-digit SIC)

Non-discretionary accruals are estimated as the expected value of the following two-digit SIC
and year regression.

Tdy . 1 _AREV;j, — ARECyy, PPE;;;

Aijt—l = BOJtAijt—— +Bl_]t Aijt—-l +B2]t Aijt—l + &jr-

Year N mean of Bo mean of 31 mean of 3,
1977 36 0.148 0.076 -0.053
1978 36 0.079 0.097 -0.050
1979 35 0.008 0.080 -0.038
1980 35 0.027 0.066 -0.053
1981 34 0.028 0.060 -0.060
1982 34 0.160 0.059 -0.063
1983 35 0.113 0.086 -0.045
1984 35 0.057 0.080 -0.043
1985 ‘ 36 0.059 0.074 -0.050
1986 36 0.284 0.078 -0.041
1987 36 0.254 0.091 -0.049
1988 36 0.123 0.078 -0.048
1989 36 -0.067 0.059 -0.052
1990 36 0.135 0.087 -0.076
1991 37 -0.002 0.061 -0.078
1992 39 0.012 0.077 -0.055
1993 39 0.136 0.075 -0.051
1994 39 0.066 0.083 -0.062
1995 30 -0.290 0.066 -0.041

Whole

Period 680 0.073 0.076 -0.053

Variables used to estimate the non-discretionary accruals are as follows:
For firm i in industry j for year ¢,
T4;j: Total accruals,
AREYV;j,: Change in revenues from the prior period,
AREC;j;:  Change in net receivables from the prior period,
PPE;j;:  Gross property, plant, and equipment,
Aijs—1: Lagged total assets.
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Table 4.2: Difference between the COMPUSTAT Primary EPS and the I/B/E/S Primary

EPS

Absolute Cumulative Cumulative
Difference  Frequency Percent  Frequency Percent
< $0.01 . 2,653 44 .4 2,653 444
0.01-0.1 1,477 24.7 4,130 69.1
0.1-0.2 430 7.2 4,560 76.3
02-03 233 3.9 4,793 80.2
03-04 160 2.7 4,953 82.9
04-05 115 1.9 5,068 84.8
0.5-0.6 99 1.7 5,167 86.5
0.6 -0.7 86 14 5,253 87.9
0.7-0.8 84 1.4 5,337 89.3
0.8-0.9 69 1.2 5,406 90.5
09-1.0 52 0.9 5,458 913
>1.0 517 8.7 5,975 100.0




Chapter 4 The Information Content of Earnings Announcements 87

Table 4.3: Distribution of the Sample

Panel A: Number of observations by year

Cumulative Cumulative

YEAR  Frequency Percent  Frequency Percent
88 409 15.4 409 15.4
89 359 13.5 768 28.9
90 380 14.3 1,148 433
91 347 13.1 1,495 56.4
92 328 12.4 1,823 68.7
93 335 - 126 2,158 81.3
94 411 15.5 2,569 96.8
95 84 3.2 2,653 100.0

Panel B: Number of observations per firm

No. of obs. Cumulative Cumulative
per firm Frequency Percent  Frequency Percent

1 272 294 272 294

2 188 20.3 460 49.7

3 165 17.8 625 67.5

4 119 12.9 ' 744 80.3

5 88 9.5 832 89.8

6 67 7.2 899 97.1

7 24 2.6 923 99.7

8 3 0.3 926 100.0
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Table 4.4: Industry Composition

Cumulative
2-digit SIC Frequency Percent Percent
10 (Metal Mining) 9 0.3 0.3
13 (Oil and Gas Extraction) 75 2.8 3.2
20 (Food and Kindred Products) 112 4.2 7.4
22 (Textile Mill Products) ' 38 1.4 8.8
23(Apparel) 40 L.5 10.3
24 (Lumber and Wood Products) 17 0.6 11.0
25 (Furniture and Fixtures) 60 23 13.2
26 (Paper and Allied Products) 58 2.2 154
27 (Printing and Publishing) 96 3.6 19.0
28 (Chemicals) 218 8.2 273
29 (Petroleum Refining) 42 1.6 28.8
30 (Rubber & Misc. Plastics) 68 2.6 314
32 (Stone, Clay, Glass & Concrete) 14 0.5 319
33 (Primary Metal) . 73 2.8 34.7
34 (Fabricated Metal) 91 34 38.1
35 (Machinery & Computer Equipment) 262 9.9 48.0
36 (Electrical & Electronics) 239 9.0 57.0
37 (Transportation Equipment) ' 73 2.8 59.7
38 (Measurement Instruments) 179 6.7 66.5
39 (Misc. Manufacturing) 48 1.8 68.3
42 (Trucking and Warehouse) 15 0.6 68.9
45 (Air Transportation) 18 0.7 69.5
48 (Communications) 33 1.2 70.8
49 (Utilities) 377 14.2 85.0
50 (Wholesale - Durable Goods) 68 2.6 87.6
51 (Wholesale - Nondurable Goods) 61 23 89.9
53 (General Merchandise Store) 22 0.8 90.7
54 (Food Stores) 35 1.3 92.0
56 (Apparel and Accessory Stores) ' 5 0.2 92.2
58 (Eating and Drinking Places) 42 1.6 93.8
59 (Misc. Retail) 45 1.7 95.5
73 (Business Services) 84 3.2 98.6
79 (Amusement Services) 1 0.0 98.7
80 (Health Services) 10 0.4 99.1

87 (Engineering & Mgt. Services) 25 0.9 100.0
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Table 4.5: Descriptive Statistics

Panel A: Whole Sample (N = 2,653)
Variable Mean Std Dev Median Minimum Maximum
MKVALF 1,832.5 4,857.9 450.6 3.6 75,605.4
ASSET 1,978.0 5,424.9 451.4 6.9 87,707.0
SALE 1,945.5 5,426.2 552.1 1.0 105,519.0
LEVERAGE 0.5157 0.7811 0.2440 -0.0000 9.8949
SRE -0.0561 0.1055 -0.0314 -2.8948 -0.0021
SPE -0.1451 0.1672 -0.0980 -2.4298 -0.0072
SRE — SPE 0.0890 0.1311 0.0563 -1.4407 1.915
|SRE — SPE| 0.0930 0.1283 0.0575 0.0001 1.9157
GROWTH 0.0049 0.0200 0.0051 -0.1318 0.7985
TA -0.0316 0.0756 -0.0372 -0.3599 1.2333
DA -0.0022 0.0764 -0.0010 -0.4441 1.2553
NDA -0.0294 0.0516 -0.0338 -0.4358 0.4989
CAR 0.0006 0.0452 -0.0006 -0.2419 - 0.7059
UE -0.0029 0.0442 0 -0.7464 1.2857

Panel B: Income Smoothing Firms and Variance-increasing Earnings Management Firms

Group I:  Income smoothing firms (N = 2,532).

Group II:  Variance-increasing earnings management firms (N= 121).
Group I Group II -

Variable Mean Median Mean Median T-test Wilcoxon
MKVALF 1,838.3 452.6 1,710.9 3727 | 042 0.33
ASSET 1,977.0 4579 1,998.0 351.1 | -0.07 0.68
SALE 1,955.9 558.1 1,727.5 379.5 | 0.75 2.04%*
LEVERAGE 0.5086 0.2435 0.6631 0.2687 | -1.60 -0.64
SRE -0.0496 -0.0299 -0.1927 -0.1189 | 4.34%** 12 37%*x*
SPE -0.1449 -0.0979 -0.1488 -0.0983 | 0.16 -1.44
SRE — SPE 0.0954 0.0595 -0.0439 -0.0196 | 11.06*** 2 49%*
|SRE — SPE| 0.0954 0.0595 0.0439 0.0196 | 4.09*** ]8.6]***
GROWTH 0.0048 0.0053 0.0057 -0.0012 | -0.11 7.14%**
TA -0.0308 -0.0369 -0.0486 -0.0441 | 2.70%** 2 5]**
DA -0.0016 -0.0006 -0.0150 -0.0072 | 1.95 2.12%*
NDA -0.0292 -0.0337 -0.0336 -0.0346 | 0.99 1.09
CAR 0.0006 -0.0006 0.0001 -0.0001 | -0.10 0.23
UE -0.0026 0 -0.0093 0| 1.16 0.37

***(**): Significant at 1% (5%) level (two-tailed test).

continued on next page
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Table 4.5: continued from previous page

| MKVALF: market value of equity in millions.
ASSET: total assets in millions.
SALE: annual sales in millions.
LEVERAGE: long term liabilities plus preferred shares divided by market value of the equity.

SRE: smoothness of reported earnings is measured by — %E}{%‘—)).
SPE: smoothness of pre—managéd earnings is measured by —%%Eﬁ‘:‘_s?).

GROWTH: growth is measured by ’%‘%‘%,

TA: total accruals deflated by lagged total assets.

DA: discretionary accruals deflated by lagged total assets.
NDA: non-discretionary accruals deflated by lagged total assets.
CAR: cumulative abnormal returns (from -1 to 0).

UE:  unexpected earnings (4<%l £PS o ccted EPSy;y
.

SD(AEPS;): standard deviation of changes in EPS,
AVG(AEPS;): average of changes in EPS,
AV G(Py—1): average of beginning stock prices.
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Table 4.6: Comparison of Earnings Response Coefficients

Firms are partitioned into a four by four matrix based on the measures of smoothness of re-
ported earnings (SPE) and smoothness of pre-managed earnings (SRE).

CARi; = Bo+ BIUEy + B2SIZEy + B3GROW T Hyy + &5

SRE 2.0405 2.2308%* 0.8978%** 0.0953
(high)
v N= 14 N=49 N=174 N =428 [2¢]
R?=-0.153 R2=10.011 R? =0.049 R? =-0.007
1.4096*** 0.6207** 0.5059 -0.1730%**
III N =66 N=170 N= 256 N =172 [99]
R? =0.349 R? =0.002 R? =-0.005 R? =0.041
0.8304*** 0.4286*** 0.3959%*** 1.2272%*
II N=162 N=259 N =179 [39] N =60 [19%]
R2=10.075 R? =0.046 R?=0.034 R? =0.046
SRE 0.0895%** 0.0491 0.9398*** 0.1818
(low)
I N =422 N=182 N =55 [229] N =5[54]
[219] [404]
R? = 0.020 R? =-0.001 R?=0.234 R?=0.997
A ‘B C D
SPE (low) SPE (high)
¢ No. of firm-years in which SRE is less than SPE.
***(**): Significant at 1% (5%) level (one-tailed test).
CAR;:  Cumulative abnormal returns.
UE;: Unexpected earnings.
SIZE;: In(market value of the firm).
- PSis
GROWTH,: £ ZEP), |
SPE;: The smoothness of the pre-managed earnings, which is measured by —%%%).

SRE;: The smoothness of the reported earnings, which is measured by —%E%;.




Chapter 4 The Information Content of Earnings Announcements 92

Table 4.7: Test of ERC Differences

(1) CAR; = Bo + P1UEy + BZ(SPE{; X UEy) + B3 (IS x UEy)
+ B4SIZE;; + BsGROW T Hy + ;¢
and
(2) CARjy = Bo+B1UE; + Bz(SREg X UEit) + B3 (IS,', X UE,',:)
+ B4SIZE; + BsGROW T Hj + ;¢

. Predicted Regression (1) Regression (2)
Variable Sign Coefficient t-value Coefficient  t-value
Intercept ? 0.0106  3.17*** 0.0106 3.17***
UE; + 0.0938  3.86%** 0.0938  3.86%**
SPEf; x UE; ? 0.4117  3.35%**
SRE; x UEq ? | 04117  3.35%#+
ISy x UEy + l1.0815' 4 84 %% 0.6698» 4.05%**
SIZE;t - -0.0015 -2.971*** -0.0015 -2.91*%**
GROWTHj + -0.0560 -1.29 -0.0560 -1.29
N= 2,653 2,653
Adjusted R? 0.0192 0.0192

*okk

Significant at 1% level (one-tailed test when the sign is predicted; two-tailed otherwise).
Significant at 5% level (one-tailed test when the sign is predicted; two-tailed otherwise).

*ok

CARy:  Cumulative abnormal returns.
UE;: Unexpected earnings.

SPEf: Percentile of the smoothness of the pre-managed earnings, which is measured by — A'I%Dl}éf%‘%.
SREf:  Percentile of the smoothness of the reported earnings, which is measured by — %C%,‘;if%.

ISi: A measure of income smoothing, which is measured by SREY — SPEY.
SIZE;: In(market value of the firm).

GROWTH,: %%?%'
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Table 4.8: Test of ERC Differences (SPE and SRE are measured over the period from
1978 to 1995)

(1) CAR;; = Bo+ B1UEis + B2(SPEP x UEy) + B3 (IS; x UEy)
+ B4SIZE; + BsGROW T H; + €5
and
(2) CAR;t = Bo + B1UEy + P2 (SREF x UEy) + B3(IS; x UEy)
+ B4SIZEj; + BsGROWTH; + €

Predicted Regression (1) Regression (2)
Variable Sign Coefficient t-value Coefficient  t-value
Intercept ? 0.0107  3.22%** 0.0107 3.22%%x*
UE; + 0.0607  2.50*** 0.0607  2.50%**
SPE{ x UEy ? 13404 6.75%++
SRE! x UEy ? | 13404 6.75%%
IS; x UEy + 2.0870  7.60*** 0.7466 4..81 *okk
SIZEy - -0.0016 -3.10%** -0.0016 -3.10%**
GROWTH,; + 0.0732  0.62 0.0732 0.62
N= 2,653 2,653
Adjusted R? 0.0316 0.0316

***  Significant at 1% level (one-tailed test when the sign is predicted; two-tailed otherwise).

Significant at 5% level (one-tailed test when the sign is predicted; two-tailed otherwise).

*k

CAR;;:  Cumulative abnormal returns.
UE;: Unexpected earnings.

SPE?:  Percentile of the smoothness of the pre-managed earnings, which is measured by — %f%).
. . D SD(AEPS;
SRE?: Percentile of the smoothness of the reported earnings, which is measured by —-—(—’%

AVG(Pyer)”
IS;: A measure of income smoothing, which is measured by SRE? — SPE?.
SIZE;: In(market value of the firm).

. AVG(AEPS;
GROWTH;: AVG(Pi:—Ig.
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Table 4.9: Test of ERC Differences (the difference between COMPUSTAT primary EPS

and I/B/E/S primary EPS is less than 0.1)

(1) CARys = Bo+ P1UEs + B2 (SPEL x UEy) + B3 (IS x UEy)
+B4SIZEy + BsGROWTHy + &
and '
(2) CARy = Bo+ B1UEj + B2(SREL x UEy) + B3 (ISi x UEy)
+B4SIZE; + BsGROWTHy + ¢,

Predicted Regression (1) Regression (2)
Variable Sign Coefficient t-value Coefficient  t-value
Intercept ? 0.0086  3.31%** 0.0086  3.31***
UE; + 0.1010 4.99%** 0.1010  4.99%**
SPEf x UEy ? 0.1955  2.42%**
SREL x UEy ? 0.1955 2.41**
ISy x UEy + 0.7884  5.27*** 0.5928  5.18***
SIZE; — -0.0013  -3.16*** -0.001.3 -3.16***
GROWTH; + 0.0639 1.14 0.0639 1.14
N= 4,073 4,073
Adjusted R? 0.0166 0.0166

kkk

*k

CARi} .
UE, ite

SPE}: |
SREL:
ISit .
SIZE,;:
GROWTH;,;:

Significant at 1% level (one-tailed test when the sign is predicted; two-tailed otherwise).
Significant at 5% level (one-tailed test when the sign is predicted; two-tailed otherwise).

Cumulative abnormal returns.

Unexpected earnings.

SD(AEPS?) .

AV G(Py—y)

_ SD(AEPS;)
AVG(Py-1) "

Percentile of the smoothness of the pre-managed earnings, which is measured by —

Percentile of the smoothness of the reported earnings, which is measured by

A measure of income smoothing, which is measured by SRE? — SPE? .
In(market value of the firm).
AVG(AEPS;)

AVG(Py—1) -
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Table 4.10: Test of ERC Differences Between Income Smoothing and
Variance-increasing Earnings Management Firms
(1) CAR;y = Bo + B1UEy + B2(SPES x UEy) + BT (ISF x UEy)

+PBy (IS;; X UEy) + B4SIZE; + BsGROW TH; + €

and
(2) CAR;y = Bo+ B1UE; + B2 (SREL x UE;) + BT (IS} x UEy)
-+ B; (IS; X UE,',) + B4SIZE;; + BsGROW T Hj; + ;4
Predicted Regression (1) Regression (2)

Variable Sign Coefficient t-value Coefficient  t-value
Intercept ? 0.0109  3.27*** 0.0109 3.27***
UEy + 0.0880 3.61*** 0.0880 3.61%**
SPE}, x UE; ? 0.4607  3.71%**
SRE? x UEy ? 0.4607  3.71%**
IS} x UEy + 1.5175  5.45%%* 1.0568  4.78%**
IS, x UEy + 0.7303  2.81*** 0.2696 1.20
SIZE; — -0.0016 -3.00%** -0.0016 -3.00***
GROWTH,; + -0.0579 -1.33 -0.0579 -1.33
N= 2,653 2,653
Adjusted R? 0.0214 0.0214

*kk

*%

CAR,‘t .

UE ite

SPEZ:
SRE}:

IS,‘; .

I8}

IS;:

SIZE[; .
GROWTH;,;:

Cumulative abnormal returns.
Unexpected earnings.

Percentile of the smoothness of pre-managed earnings, which is measured by —

Significant at 1% level (one-tailed test when the sign is predicted; two-tailed otherwise).
Significant at 5% level (one-tailed test when the sign is predicted; two-tailed otherwise).

SD(AEPS?)
AVG(Py_y) "

Percentile of the smoothness of reported earnings, which is measured by — %&—EI%%.
A measure of income smoothing, which is measured by SREY, — SPE?..

If SRE; > SPE;, then IS} = ISj,. Otherwise 0.
If SRE;; < SPE;;, then IS}, = IS;,. Otherwise 0.
In(market value of the firm).

AV G(AEPS;, )
AVG(Py—y) -
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Table 4.11: Comparison of Income Smoothing and Variance-increasing Earnings
Management Firms (based on relative measure)

Group I: Income smoothing firms (N = 1,249).

Group II:  Variance-increasing earnings management firms (N = 1,404).

Group I . Group II

Variable Mean Median Mean Median | T-test Wilcoxon
MKVALF 1,596.1 480.2 2042.9 429.0 | -2.45** 2.00**
ASSET 1,730.4 540.2 2198.2 372.5 | -2.30%* 3.63%**
SALE 1,883.6 678.6 2000.5 451.8 | -0.57 6.41%**
LEVERAGE 0.5378 0.2726 0.4961 0.2244 | 1.35 2.61%**
SRE -0.0354 -0.0229 -0.0745 -0.0435 | 10.19%**  15.45%**
SPE -0.1788 -0.1180 -0.1151 -0.0804 | -9.81%** .13 35%*:x
SRE — SPE 0.1434 0.0918 0.0406 0.0304 | 21.10***

|SRE — SPE| 0.1434 0.0918 0.0482 0.0325 | 19.75%**

GROWTH 0.0065 0.0065 0.0034 0.0033 | 4.20%**  11.40%**
TA -0.0250 -0.0335 -0.0374 -0.0412 | 4.26%** 5.05%**
DA 0.0001 -0.0001 -0.0043 -0.0022 | 1.48 1.65
NDA -0.0251 -0.0297 -0.0332 -0.0368 | 4.04*** 4.89***
CAR 0.0003 -0.0017 0.0008 0.0002 | -0.30 -0.55
UE -0.0028 0 -0.0030 0| 0.17 0.32

¥**(**): Significant at 1% (5%) level (two-tailed test).

MKVALF: market value of equity in millions.
ASSET: total assets in millions.
SALE: annual sales in millions.
LEVERAGE: long term liabilities plus preferred shares divided by market value of the equity.
SRE: smoothness of reported earnings is measured by — %%'
SPE:  smoothness of pre-managed earnings is measured by — %(GA(E—;%.
GROWTH:  growth is measured by 2750225
TA: total accruals deflated by lagged total assets.
DA: discretionary accruals deflated by lagged total assets.
NDA: non-discretionary accruals deflated by lagged total assets.
CAR: cumulative abnormal returns (from -1 to 0).
. . . actual EPSy—expected EPS;
UE: unexpected earnings ( !1’.'.«—1 L),
SD(AEPS;): standard deviation of changes in EPS,
AVG(AEPS;): average of changes in EPS,
AV G(P;-1): average of beginning stock prices.
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Table 4.12: Test of ERC Differences Between Income Smoothing and
Variance-increasing Earnings Management Firms (based on relative measure)

(1) CAR;y; = Bo+ B1UEy + B2(SPEY x UEy) + B (ISf x UEy)
+ B; (]S; X UEy) + BaSIZE; + BsGROWTHjy; + €
and
(2) CAR;; = Bo + P1UEi + B2 (SREL x UEy) + B (IS} x UEy)
+ B3 (IS; x UE;;) + BaSIZE; + BsGROW T Hy; + €5

Predicted Regression (1) Regression (2)
Variable Sign Coefficient t-value Coefficient  t-value
Intercept ? 0.0113  3.4]1*** 0.0113  3.41%**
UE; + 0.0669  2.69*** 0.0669  2.69%**
SPEL x UEy ? 0.0033 0.02
SREL x UEy ? 0.0033  0.02
IS x UEy + 2.5798  6.53%** 2.5765  5.77%**
IS; x UE; + -0.0432 -0.13 -0.0465 -0.21
SIZE; - -0.0016 -3.12%** -0.0016 -3.12%**
GROWTH,, + -0.0602 -1.39 -0.0602 -1.39
N= 2,653 2,653
Adjusted R? 0.0266 0.0266

***  Significant at 1% level (one-tailed test when the sign is predicted; two-tailed otherwise).

Significant at 5% level (one-tailed test when the sign is predicted; two-tailed otherwise).

*k

CAR;:  Cumulative abnormal returns.
UE;: Unexpected earnings.

SPE/:  Percentile of the smoothness of pre-managed earnings, which is measured by —%—fﬁlg‘%.
SRE’: Percentile of the smoothness of reported earnings, which is measured by —%&E—Pf)s#‘).
zt-—l)

IS;: A measure of income smoothing, which is measured by SRE? — SPE?.
IS;:  IfIS; > 0, then IS} = ISj,. Otherwise 0.
IS, : IfIS; <0, thenIS; = IS;. Otherwise 0.

SIZE;: In(market value of the firm).

. AVG(AEPS;
GROWTH;;: % ZePi)




Chapter 5

The Impact of Earnings Managment on
the Properties of Analysts Forecats

5.1 Introduction

Many accounting and finance studies use analysts’ forecasts as a proxy for the market’s expec-
tation for earnings. It is well known that analysts’ forecasts are more accurate than time series -
based forecasts (e.g., Fried and Givoly (1982), Brown and et al. (1987a), and O’Brien (1988)).
Since analysts are considered to be one of the most important channels for transmitting in-
formation to capital markets, an investigation of factors affecting analysts’ forecasts will en-
hance the understanding of how the market reacts to financial statements as well as analysts’
forecasts. Accounting information is an integral part of the information set used by analysts.
Therefore, the characteristics of earnings reports will influence various aspects of analysts’
forecasts. Many studies have investigated whether there are firm characteristics that determine
the superiority of analysts’ forecasts over time series based forecasts (e.g., Brown et al. (1987b)
and Wiedman (1996)). Kross et al. (1990) find that an analyst’s advantage over a time series
model increases with earnings variability, which is measured by the residual standard error
from a time series forecast model. They suggest that analysts have greater incentives to gather

information for firms with volatile earnings than for firms with smooth earnings. Based on
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this, this chapter posits that the smoothness of reported earnings plays an important role for the
demand for analysts’ services and other properties of analysts’ forecasts such as the dispersion,
the forecast error, and the revision volatility.

Kross et al. (1990) presume that the demand for analysts services is affected by the relative
usefulness of analysts’ forecasts versus earnings forecasts based on publicly available past
reported earnings. The demand for analysts’ services will be an increasing function of the
superiority of analysts’ forecasts as a predictor of future earnings. Analysts will expend more
effort to gather information for firms with volatile earnings since the incremental benefit of
gathering additional information will be bigger for firms with volatile earnings than for firms
with smooth earnings. In that case, the number of analysts following a firm, which is used as a
proxy for the demand for analysts’ services, will be higher for firms with volatile earnings than
for firms with smooth earnings.

Lang and Lundholm (1996) examine the relation between the informativeness of a firm’s
disclosure policy and the number of analysts following the firm. They measure the informa-
tiveness of a firm’s disclosure policy using data from the Report of the Financial Analysts Fed-
eration Corporate Information Committee (FAF Report 1985-1989). The FAF report evaluates
a firm’s disclosure policy based on three categories: annual report, other published information
(including quarterly filings, press releases and proxy statements) and investor relations. Lang
'and Lundholm (1996) find that their FAF measure of the informativeness of a firm’s disclo-
sure policy is positively correlated with the number of analysts following the firm. Since a
firm’s disclosure policy can affect the amount of uncertainty that is remaining to be resolved,
Lang and Lundholm’s (1996) results provide an alternative empirical hypothesis about the re-
lation between the amount of uncertainty and the number of analysts following. In particular,
they state that benefits of enhanced disclosures include “reduced uncertainty, lower informa-

tion asymmetry among stock market participants, fewer extreme earnings surprises and greater
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investor following.”! If their FAF measure of informativeness of a firm’s disclosure policy is
negatively correlated with the amount of uncertainty about future earninés, then their result
implies that the number of analysts following and the amount of uncertainty faced by investors
are negatively associated. Since there is less uncertainty about future earnings for firms with
smooth earnings than for firms with volatile earnings, Lang and Lundholm’s (1996)’s result is
consistent with the hypothesis that the demand for analysts’ services will be positively asso-
ciated with the smoothness of reported earnings. This is opposite to the prediction based on
analysts’ incentives to collect information suggested by Kross et al. (1990).

This chapter examines the impact of the smoothness of a firm’s reported earnings on the
number of analysts following the firm. Consistent with Kross et al. (1990), the evidence indi-
cates that the demand for analysts’ services increases with the volatility of reported earnings.
That is, the smoother the reported earnings, the lower the equilibrium demand for analysts’ ser-
vices. After controlling for the smoothness of reported earnings, it is further examined whether
earnings management has any influence on the number of analysts following. It is found that
the number of analysts following is negatively associated with the degree of income smoothing.
It is consistent with the view that analysts have less incentives to collect information for firms
which use accruals to smooth earnings than for firms that do not manage earnings.

Other properties of analysts’ forecasts such as dispersion, forecast errors, and revision
volatility of analysts’ forecasts are also examined. Consistent with Lang and Lundholm (1996),
it is found that the smoothness of reported earnings are negatively associated with the disper-
sion, the forecast errors, and the revision volatility. This is consistent with smooth earnings

being more predictable than volatile earnings.

I'Welker (1995) uses the same measure of informativeness as Lang and Lundholm (1996) and reports that
the rank of a firm’s disclosure policy is negatively associated with the bid-ask spread of the firm. He interprets
that enhanced disclosure reduces information asymmetry between management and investors and hence increases
liquidity of stocks.
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The empirical results for the dispersion, the forecast errors, and the revision volatility of
analysts’ forecasts are consistent with Lang and Lundholm (1996), but the result for the number
of analyst following is not consistent. In order to examine whether the differences in the
examination period and firm size affect the results, additional tests on the number of analysts
following are performed. The sample is divided into 1987 - 1989 and 1990 - 1995 sub-periods,
and into small firms and large firms. It is found that the negative association between the
number of analysts following a given firm and the smoothness of the firm’s reported earnings
is less pronounced in the post 1990 period and for small firms.

As a specification check, a simultaneous equations approach is also adopted. If the number
of analysts following and other properties of analysts’ forecasts interact and are simultane-
ously determined, the OLS regression will produce inconsistent estimates. As in Alford and
Berger (1997), the two stage least squares method is used to estimate the number of analysts
following and other properties of analysts’ forecasts. The results, however, are very similar to
the OLS results which do not consider the interaction between the number of analysts following
and other properties of analysts’ forecasts. |

This chapter examines issues similar to those in Lang and Lundholm (1996), but it differs
in its perspective. First, the purpose of this study is not to examine the association between a
firm’s disclosure policy and characteristics of analysts’ forecasts, but to examine the impact of
the smoothness of reported earnings and earnings management on the characteristics of ana-
lysts’ forecasts. Since earnings reports are an important part of overall corporate disclosure,
this study provides indirect evidence on the effect of overall corporate disclosure on the char-
acteristics of analysts’ forecasts. Second, following Bhushan (1989), the equilibrium demand
and supply for analysts’ forecasts are explicitly considered. In particular, the smoothness of
reported earnings are assumed to affect the marginal production cost of analysts’ services and

analysts’ incentives to collect additional information.

The rest of the chapter is organized as follows. In the next section, hypotheses are de-
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veloped. Section 3 explains the research design. Data and empirical results are presented in

section 4 and 5. Conclusions are reached in section 6.

5.2 Hypotheses

This section starts with a discussion of factors which affect the demand for analysts’ services.
In particular, this chapter focuses on the impact of the magnitude and composition of uncer-
tainty on the demand for analysts’ services. Since there is less uncertainty for firms with
smooth earnings than for firms with volatile earnings, the magnitude of uncertainty is proxied
for by the smoothness of reported earnings. Section 5.2.1 discusses the impact of the smooth-
ness of reported earnings on the demand for analysts’ services. Even after the magnitude of
uncertainty is controlled for by the smoothness of reported earnings, the demand for analysts’
services may be influenced by the composition of the uncertainty. As in chapter 2, an earnings
shock is decomposed into the persistent and transitory components. The composition of an
earnings shock can change depending on the types of earnings management. Income smooth-
ing increases the persistent earnings shock percentage whereas variance increasing earnings
management decreases the persistent earnings shock percentage (see chapter 2 for details).
Section 5.2.2 considers the impact of earnings management on the demand for analysts’ ser-
vices after controlling for the smoothness of reported earnings. Finally, section 5.2.3 discusses
the impact of the smoothness of reported earnings on the dispersion, the forecast error, and the

revision volatility of analysts’ forecasts.
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35.2.1 The smoothness of reported earnings and the equilibrium demand

for analysts’ forecasts

Analysts follow a firm in order to provide buy, sell, or hold recommendations or research
reports. Since the incentives faced by analysts differ depending on who hires them, it is useful
to distinguish between buy-side and sell-side analysts (Schipper (1991)). Buy-side analysts
usually work for institutional investors while sell-side analysts usually work for investment
banks or brokerage firms. This study will focus on the incentives faced by sell-side analysts
since the I/B/E/S database, which is used in the empirical analysis of this study, predominately
contains forecasts of sell-side analysts (Trueman (1996)), and buy-side analysts are also users
of sell-side analysts’ reports. From now on, analysts refer to sell-side analysts.

Brokerage commissions are an important revenue source for both full service brokers and
discount brokers. Full services brokers compete against discount brokers by providing addi-
tional services such as security recommendations or research analysis, or access to new stock
issues. Analysts’ earnings forecasts are usually produced by full service brokers. Forecasting
a firm’s earnings is an important part of evaluating the firm’s value and the financial press pays
a lot of attention to earnings forecasts. As in previous studies, it is assumed that investors
invest in the securities of firms with which they are familiar (Merton (1987) and Brennan and
Hughes (1991)). Therefore, increased interest in a firm by investors is a source of revenue for
brokerage firms.

Before I discuss the factors affecting the equilibrium demand for analysts’ services, it will
be useful to distinguish between what researchers observe (or are interested) and what analysts
do. Some confusion arises because there are many studies that focus on analysts’ forecasts.
Analysts’ ultimate objective is not to forecast future earnings, but to produce a research report

for a given firm, which contains a buy, sell, or hold recommendation. In order to provide in-

vestment advice to their clients, analysts have to assess the intrinsic value of the firm. Analysts’
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recommendations are based on the discrepancy between their assessment of the intrinsic value

of the firm and the observed market price. However, predicting future earnings is an important
part of assessing firm value. Analysts’ forecasts may be considered to be a by-product of the
process of assessing firm value.

Following Bhushan (1989), this chapter explicitly considers how characteristics of earn-
ings reports affect the supply and demand for analysts’ services. It is assumed that earnings
reports by firms are an important element of the information set used by analysts. The reported
earnings are a starting point in predicting future earnings and determining the value of the firm.
The supply function for analysts’ services is determined by the marginal production cost of
analysts’ forecasts. It is assumed that the smoother a firm’s reported earnings, the lower the
marginal production cost of analysts’ services about the firm. That is, the supply curve for
firms with smooth earnings is located to the right of that for firms with volatile earnings.

Investors may acquire information through analysts in order to achieve abnormal returns.
Since there are more opportunities to achieve abnormal returns for firms with more uncertainty
about firm value than for firms with less uncertainty, the demand for analysts services will be
an increasing function of the magnitude of uncertainty about firm value. Among many fac-
tors affecting the magnitude of uncertainty about firm value, this chapter focuses oﬁ reported
earnings. As in Kross et al. (1990), it is assumed that the demand for analysts’ services is
an increasing function of the superiority of analysts forecasts as a predictor of future earnings
to earnings forecasts based on publicly available past reported earnings. Since there is more
uncertainty about future earnings for volatile earnings than for smooth earnings, the demand
for analysts services will be greater for firms with volatile earnings than for firms with smooth
earnings. If other things are equal, the demand for analysts’ services will be a decreasing func-
tion of the smoothness of reported earnings. The demand for analysts’ services is also affected
by the composition of an earnings shock. In chapter 4, an earnings shock is viewed as consist-

ing of persistent and transitory components. The persistent earnings shock affects both current
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realized earnings and future expected earnings whereas the transitory earnings shock only af-
fects current earnings. Since the value implication of one dollar of persistent earnings shock
is greater than for one dollar of transitory earnings shock, it will be more valuable to collect
information about the persistent earnings shock rather than the transitory earnings shock. In
examining the impact of the smoothness of reported earnings on firm value, it is important to
control for the differential value implications of the persistent and transitory earnings shocks.
Effectively, this sub-section examines the impact of the smoothness of reported earning by
assuming that other things are equal including the composition of an earnings shock. The
differential value implications of the persistent and transitory earnings shocks are examined
indirectly through income smoothing in section 5.2.2.2

The smoothness of reported earnings affects the demand for analysts’ services in two ways.
One is the direct effect of the smoothness of reported earnings and the other is the indirect
effect through analysts’ forecasts. The direct effect is related to investors’ incentives to collect
information. There are more opportunities for firms with more uncertainties than for firms with
less uncertainties. There is more uncertainty for firms with volatile earnings than for firms
with smooth earnings and the smoothness of reported earnings can be interpreted as an inverse
proxy for the magnitude of uncertainty. The demand for analysts’ services will be a decreasing
function of the smoothness of reported earnings. The indirect effect is related to the precision
of analysts’ forecasts. As mentioned earlier, investors are interested in assessing firm value, not
analysts’ forecasts themselves. However, the precision of analysts’ forecasts can be important
because the information about future earnings is a very important element in assessing firm
value. A more precise prediction of future earnings will lead to a more precise assessment of
firm value. If other things are equal including the amount of prior uncertainty, then the demand

for analysts’ services will be an increasing function of the precision of analysts’ forecasts.

2See chapter 2 for the impact of income smoothing on the composition of an earnings shock.
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The overall impact of the smoothness of reported earnings on the demand for analysts’
services is determined by the relative size of the direct and indirect effects. If the direct effect
dominates the indirect effect, then the demand will decrease as the smoothness of reported
earnings increases. If the indirect effect exceeds the direct effect, then the demand will increase

as the smoothness of reported earnings increases. More formally, the supply and demand

functions for analysts’ services are assumed as follows:

O, = f(PSE,---),
Q4 = f(P,Size,SE, AF (SE, P1I), - -), (5.1)

where P = Implicit price for analysts’ services,
SE = Smoothness of reported earnings,
Size = Size of the firm,
AF = Precision of analysts’ forecasts,

PI = Other private information collected by analysts.

The supply (Qs) and demand (Q,) for analysts’ services for a given firm will be proxied
for by the number of analysts following the firm. It is assumed that there is no difference in
ex-ante precision of forecasts among analysts.

The supply (Qs) is represented as a function of price, the smoothness of reported earnings,
and other factors. The price is an implicit price embedded in services provided by full service
brokerage firms. Note that the service charge by full service brokerage firms is higher than
discount brokers. The implicit price refers to the premium which investors pay for quality
services provided by full service brokers. It is assumed that the supply function is upward

sloping with respect to price, and an increase in the smoothness of reported earnings decreases

the production cost of analysts’ services: 6Q;/0P > 0 and 0Q;/0SE > 0.
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The demand function (Qy) is assumed to depend on price, size, the smoothness of reported
earnings, the precision of analysts’ forecasts, and other factors. Note that the precision of
analysts’ forecasts is explicitly expressed as a function of the smoothness of reported earn-
ings. First, it is assumed that the demand function is downward sloping with respect to price,
and an increase in the precision of analysts’ forecasts raises the demand: 8Q,/0P < 0 and
0Q4/0AF > 0. Second, the precision of analysts’ forecasts is an increasing function of the
smoothness of reported earnings: 04F /0SE > 0. Consistent with previous studies (Brennan
and Hughes (1991) and Lang and Lundholm (1996)), the demand is assumed to be an increas-
ing function of the size of the firm, 0Q,;/0Size > 0. The marginal effect of the smoothness of

reported earnings on the demand for analysts’ services is:

dQ; 804 N 00, OAF
dSE ~ B8SE ' OAF OSE’

The first term denotes the direct effect and the second term the indirect effect. The direct
effect is related to investors’ needs for information. There is less uncertainty about future earn-
ings for smooth earnings than for volatile earnings. There will be more demand for information
for firms with volatile earnings than for firms with smooth earnings since more uncertainty im-
plies more opportunity. Therefore, the first term is assumed negative, 0Q;/6SE < 0. The
second term is positive since both 6Q;/0AF and 64F /OSE are assumed to be positive. Since
the direct effect and the indirect effect move in the opposite direction, the sign of dQ;/dSE de-
pends on the relative magnitude of the direct and indirect effects. If the direct effect of earnings
management dominates the indirect effect, dQ,/dSE is negative, otherwise, it is positive.

In equilibrium, the demand and the supply determine the equilibrium number of analysts’
services. If the indirect effect dominates the direct effect, then an increase in the smoothness of
reported earnings increases both the demand and supply. In that case, the equilibrium number
of analysts following will be an increasing function of the smoothness of reported earnings.

On the other hand, if the direct effect dominates the indirect effect, then an increase in the
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smoothness of reported earnings decreases the demand for analysts’ services, but increases the
supply of analysts’ services. The equilibrium number of analysts following decreases only
when the effect of demand is bigger than the effect of supply.

As an example, consider the following demand and supply functions:

Qq = [0+ BSE +YAF (SE, PI) — Price] x Size,

Qs = L+ ESE + Price,

where a, v, € and & are positive, and f3 is negative. For simplicity, it is assumed that 04F /OSE
is 1. In equilibrium, the demand and supply are equal. The equilibrium number of analysts’
services is as follows:

_ Size
T Size+1

o [+ &+ (B+E)SE +yAF (SE, PI)).

It can be easily seen that the sign of Q" /dSE depends on the relative magnitude of || and
(E+Y). If |B| is greater than (£ +7), then dQ* /dSE is negative whereas if]B| is less than (y+&),
then dQ* /dSE is positive. Note that the condition for a decrease in the equilibrium number of
analysts’ services is more stringent than that of a decrease in the demand for analysts’ services,
that is, |B| > y.

This chapter assumes that the direct effect dominates the indirect effect. That is, the demand
for analysts’ services are primarily determined by the incremental benefit of analysts’ forecasts
over earnings forecasts based on past earnings. In addition, the effect of demand is assumed
to be more important than the effect of supply. That is, the demand is a determining factor for
the equilibrium number of analysts’ services.> Under these assumptions, it is predicted that the
number of analysts following a given firm is negatively associated with the smoothness of the

firm’s reported earnings.

3The consequences of the violation of these assumptions are discussed later.
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Hypothesis 5.1 Ceteris paribus, the number of analysts following a given firms is negatively

associated with the smoothness of the firm’s reported earnings.

Lang and Lundholm (1996) find that the number of analysts following a given firm is pos-
itively associated with the informativeness of the firm’s disclosure policy. If Lang and Lund-
holm (1996)’s measure of the informativeness is negatively correlated with uncertainty about
future earnings, then their result can be interpreted such that analysts prefer following firms
with less uncertainty about future earnings. Since there is less uncertainty about future earn-
ings for smooth earnings than for volatile earnings, Lang and Lundholm (1996)’s result is
consistent with the hypothesis that the number of analysts following a given firm will be higher
for firms with smooth reported earnings than fof firms with volatile reported earnings. It is
in sharp contrast to hypothesis 5.1. Note that hypothesis 5.1 is based on the assumptions that
the direct effect dominates the indirect effect, and that the effect of demand is more important
than the effect of supply. Therefore, Lang and Lundholm (1996)’s result can be explained as a
failure of one of these assumptions.

On the other hand, it is possible that a firm’s disclosure level is influenced by the amount
of uncertainty about the firm. A firm with smooth earnings may disclose less than a firm with
volatile earnings simply because there is less to disclose for smooth earnings than for volatile
earnings. If Lang and Lundholm (1996)’s measure of informativeness of a firm’s disclosure
policy is negatively associated with the smoothness of reported earnings, then hypothesis 5.1

is consistent with their result.

35.2.2 Earnings Management and the equilibrium demand for analysts’

forecasts

Earnings can be viewed as consisting of persistent and transitory components. By definition,

the persistent component affects the future expected earnings while the transitory component
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does not. The transitory component has a dollar for dollar impact on the value of the firm
while the persistent component has more than a one dollar impact. Since the impact of the two
components on the value of the firm is different, it is important to identify the composition of
earnings. A problem faced by investors or analysts is that it is not easy to identify the persistent
component of earnings.

Under information asymmetry, it is assumed that managers are better informed about the
composition of earnings. Ideally, managers would communicate their private information about
the composition of earnings by reporting the persistent and transitory components separately.
Under the assumption that it is very costly to communicate the persistent and transitory earn-
ings separately, this chapter focuses on income smoothing, in which managers communicate
only the persistent earnings by eliminating the transitory component.*> Under income smooth-
ing, managers may not communicate the full dimension of value relevant information, but the
loss of not communicating the transitory earnings may be less than the value of clearly com-
municating the persistent earnings. In this chapter, income smoothing refers to management’s
deliberate reporting strategy to communicate only persistent earnings.

It is important to understand that the ultimate goal of analysts is not to forecast earnings,

4Under income smoothing, the transitory component of earnings is eventually offset by other transitory earn-
ings that have the opposite effect, hence, the transitory component of earnings is not reported.

SThere are other alternatives. Managers may convert all earnings either into persistent equivalent earnings
or into transitory equivalent earnings. The persistent equivalent earnings may be enough for valuation purpose,
but for analysts, it will pose a difficulty in predicting future earnings. In predicting future earnings, analysts
need two pieces of information: the persistent component of current earnings and the random component of
future earnings. If the random component is not easy (or costly) to predict, the useful piece of information is the
persistent current earnings, that is, the component that is expected to persist in the future. If a firm reports the
persistent equivalent earnings, then investors or analysts have to identify transitory earnings that are converted
into persistent equivalent since transitory earnings do not affect future expected earnings. On the other hand, if
transitory equivalent earnings are reported, the book value of equity will be the same as the market value of the
firm as in mark-to-market accounting (see Feltham and Ohlson (1996)). In fact, this reporting scheme is equivalent
to reporting the value of the firm. Under the conservatism prevailing in accounting principles, this scheme will be
too radical to implement. That is, it is not allowed to recognize future unrealized earnings under the conservatism
principle.
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but to assess the value of the firm. The model in chapter 2 suggests a valuation implication of
income smoothing. Compared to firms that do not manage earnings, income smoothing firms
might have a higher persistent earnings shock percentage.® Since the impact of a dollar of
persistent earnings on the value of the firm is much larger than a dollar of transitory earnihgs
and only persistent earnings are relevant for predicting future earnings, the identification of
persistent earnings is more important than transitory earnings. For firms that do not manage
earnings, investors or analysts have uncertainty about the composition of earnings whereas for
income smoothing firms, the transitory component is already suppressed by management’s re-
porting strategy, therefore there is less uncertainty about the composition of an earnings shock.
For income smoothing firms, investors are better informed about the proportion of the total
earnings shock that is expected to persist in the future, therefore they can forecast future earn-
ings more accurately. The amount of uncertainty that is available to be resolved by analysts is
less for income smoothing firms than for firms that do not manage earnings. It is predicted that
the number of analysts following a given firm is a decreasing function of the degree of income
smoothing. On the other hand, if a firm is engaged in variance increasing earnings manage-
ment, then the reported earnings can be characterized as a garbling of pre-managed earnings.
For variance increasing earnings management firms, analysts have to predict the noise inten-
tionally added by firms. There is more uncertainty about the composition of earnings for vari-
ance increasing earnings management firms than for firms that do not manage earnings. It is
predicted that the number of analysts following will be higher for variance increasing earn-

ings management firms than for firms that do not manage earnings. Since variance increasing

61t is possible that firms that have inherently more transitory earnings are more likely to be engaged in income
smoothing. In that case, the persistent earnings shock percentage is not necessarily higher for income smoothing
firms than firms that do not manage earnings. However, chapter 4 shows that the earnings response coefficient for
firms that use accruals to smooth earnings is higher than that for firms that do not manage earnings. It is consistent
with income smoothing firms having a higher persistent earnings shock percentage than firms that do not manage
earnings. :
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earnings management can be thought of as income de-smoothing, the following hypothesis

summarizes both income smoothing and variance increasing earnings management cases.

Hypothesis 5.2 Ceteris paribus, the number of analysts following a given firms is negatively

associated with the degree of income smoothing.

5.2.3 Other properties of analysts’ forecasts

In this subsection, other properties of analysts’ forecasts such as dispersion, forecast errors, and
revision volatility of analysts’ forecasts are considered.” The information available to analysts
consists of publicly available information such as earnings reports and private information col-
lected by analysts. The private information collected by analysts affects the total information
available to them. The discussion of the demand for analysts” services suggests that there will
be more demand for analysts’ services for firms with volatile reported earnings than for firms
with smooth reported earnings. Analysts may collect more information for firms with volatile
earnings than for firms with smooth earnings. Therefore, it is possible that the amount of in-
formation available to analysts can be greater for firms with volatile reported earnings than for
firms with smooth reported earnings. As a result of analysts’ private information collection,
it is possible that the remaining uncertainty about future earnings can be lower for firms with
volatile earnings than for firms with smooth earnings. Howevef, it is assumed that the remain-
ing uncertainty about future earnings is less for firms with smooth reported earnings than for
firms with volatile reported earnings. '

When analysts forecast earnings, they use their private information as well as publicly

available earnings reports. If analysts® private information is more informative about the future

earnings than publicly available earnings reports, then less weight will be given to the pub-

See section 5.3.1 for measurement of these variables.
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licly available earnings reports. Under the assumption that analysts hold (or acquire) diverse
private information, less weight on the common earnings reports means more diversity. If an-
alysts’ private information is more useful for firms with volatile earnings than for firms with
smooth earnings, then the publicly available common earnings reports will have less impact
on investors’ beliefs about future expected earnings for firms with volatile earnings than for
firms with smooth earnings. Therefore, it is hypothesized that the dispersion among analysts’
forecasts is negatively associated with the smoothness of reported earnings. It is also consis-
tent with the argument that earnings announcements themselves are a source of the dispersion
among analysts’ forecasts. Interpretations for the same earnings reports can be quite varied
among analysts, but interpretations among analysts will be more diverse for volatile earnings

than for smooth earnings.

Hypothesis 5.3 Ceteris paribus, the dispersion of analysts’ forecasts is negatively associated

with the smoothness of reported earnings.

The forecast error is defined as the absolute difference between reported earnings and con-
sensus analysts’ forecast. The forecast error will be influenced by the amount of uncertainty
inherent in the earnings generating process. In the model in chapter 2, the uncertainty is repre-
sented by unexpected earnings. The forecast accuracy of analysts will be higher for firms with
smooth reported earnings than for firms with volatile reported earnings since smooth earnings
are easier to predict and the amount of surprise is less for firms with smooth earnings. There-
fore, it is expected that the forecast error is smaller for firms with smooth reported earnings

than for firms with volatile reported earnings.

Hypothesis 5.4 Ceteris paribus, analyst forecast errors are negatively associated with the

smoothness of reported earnings.

Finally, the revision volatility of analysts’ forecasts is hypothesized to be an increasing

function of the smoothness of reported earnings. The frequency and magnitude of the revision
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of analysts’ forecasts may be affected by the amount of uncertainty about future earnings.
There is less uncertainty for firms with smooth earnings than for firms with volatile earnings.
Therefore, the revision of analysts’ forecasts will be less intense for firms with smooth earnings

than for firms with volatile earnings.

Hypothesis 5.5 Ceteris paribus, the volatility of analyst earnings forecast revision is nega-

tively associated with the smoothness of reported earnings.

Unlike the demand for analysts’ services, the properties of analysts’ forecasts are directly
related to reported earnings per se, not the intrinsic value of the firm. Therefore, the other prop-
erties of analysts’ forecasts are not likely to be affected by the composition of the unexpected
earnings shock. The composition of the unexpected earnings may be useful for the determi-
nation of the firm value, but not likely for the prediction of future earnings. Therefore, the
impact of income smoothing is not explicitly considered in the analysis of the other properties

of analysts’ forecasts.

5.3 Research Design

This section describes the measurement of dependent and control variables other than the
smoothness of reported (managed) and pre-managed earnings and growth, and the regressions
used to examine the differences in the number of analysts following and the other properties of
analysts’ forecasts. The measures of smoothness of pre-managed earnings (SPE;) and reported
earnings (SRE;), and growth (GROWTH;) of firm i are explained in chapter 3. These variables

are measured over the period from 1978 to 1995.
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5.3.1 Measurement of Analysts Properties and Control Variables

The number of analysts following, the standard deviation, the forecast error, and the revision
volatility are considered as the dependent variables.® Dependent variables are measured from

I/B/E/S monthly summary files.

Number of Analysts (NA;): the number of analysts providing annual earnings forecasts for
firm { in year ¢. It is measured as the mean of the number of analysts following the firm

for the twelve month period preceding the earnings announcement.

NAy; = Mean(NAjm: ),

where NA;m represents the number of analysts following firm i for the month m of year

t.

Std. Dev. of Forecasts (SD;): the standard deviation of analysts’ forecasts for firm i in year
t, which is deflated by the beginning of the fiscal period stock price. It is measured as
the mean of the standard deviation for the twelve month period preceding the earnings
announcement.

SD, = Mean(SD,-m,)’
)
where SD;n; represents the standard deviation of analysts’ forecasts for firm i for the

month m of year ¢, and P;_; represents the beginning of the fiscal period stock price of

firm i.

Forecast Error (FE;): the absolute value of the analyst forecast error for firm i in year ¢,

which is deflated by the beginning of the fiscal period stock price. It is measured as

8These variables are the same as those considered by Lang and Lundholm (1996) except that forecast errors
are used rather than forecast accuracy and the standard deviation of forecasts and the forecast errors are deflated
by the beginning of the fiscal period stock price rather than the ending stock price.
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the mean of the forecast errors for the twelve month period preceding the earnings an-
nouncement.

_ Mean(|FE;p,|)

FE;
i Et—l ’

where FE;,, represents the forecast error for firm i for the month m of year t. The
forecast error is computed by reported earnings per share minus the consensus analysts’

forecasts.

FEimt == EPSit - Em [EPS,’[],

where EPS;; represents the actual earnings per share for firm i in year ¢, and E,,[EPS;]

represents the consensus (median) analysts’ forecast for the month m of year z.

Revision Volatility (RV;): the standard deviation of changes in consensus (median) analysts’
forecasts from the previous month deflated by the beginning of the fiscal period stock

price.

Standard Deviation(Ey,[EPSy] — Ep—1[EPSi])
Py

RV =

As in Lang and Lundholm (1996), size, the standard deviation of annual return on eg-
uity (ROE), the correlation between the market returns and earﬂings are considered as control
variables. Earnings surprise and percentage of new forecasts are further considered in the re-
gressions of other properties of analysts’ forecasts such as the dispersion, the forecast error,
and the revision volatility.

Consistent with Bhushan (1989) and Brennan and Hughes (1991), size is expected to be
positively associated with the number of analysts following since size proxies for the investor

base. Other properties of analysts’ forecasts such as the dispersion, the forecast error, and

the revision volatility will be negatively associated with size if size proxies for the amount of
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information available to analysts. If size proxies for the complexity of the firm’s operations,
then size will be positively associated with the dispersion, the forecast error, and the revision
volatility. The standard deviation of ROE and the correlation between the market returns and
earnings are included in order to control for the impact of firm’s performance variability and
information content of eamings. If higher standard deviation of ROE and lower correlation
between the market returns and earnings represent less precise information about the firm,
then the dispersion, the forecast error, and the revision volatility are expected to be positively
associated with the standard deviation of return on equity and to be negatively associated with
the correlation between the market returns and earnings. Growth is further considered since

-growth potential may affect the demand for analysts’ forecasts. If growth firms attract greater
market attention, then the demand for analysts’ services for growth firms will be higher. On the
other hand, if analysts are faced with more uncertainty with growth firms, then the dispersion,
the forecast error, and the revision volatility will be negatively associated with the measure of
growth.

Eamings. surprise (represented by the change in earnings) is included to control for the
magnitude of the new information in the reported earnings. It is expected that earnings surprise
is positively associated with the dispersion, the forecast error, and the revision volatility since
uncertainty is likely to decrease the consensus among analysts and increase the forecast errors
and revision volatility. The percentage of new forecasts is included in order to control for the
impact of stale forecasts. If a low percentage of new forecasts proxies for the staleness of
information or the lack of new information, the percentage of new forecasts will be positively

associated with the revision volatility.
Size;: log (market value of firm i at the beginning of the fiscal period).

Std. Dev. of ROE (STROE}): the standard deviation of annual return on equity calculated

over the previous ten years.
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Return-earnings correlation (CORR{SE ): the correlation coefficient between cumulative ab-
normal returns (from -8 month to +3 month after fiscal year end) and annual earnings
before extraordinary items and discontinued operations calculated over the previous ten

years.

Earnings surprise (|[ES;|): the absolute value of the change in earnings per share before ex-
traordinary items from the previous year’s earnings per share deflated by the beginning

of the fiscal period stock price.

]EPSit —EPSjt._1|

ESy| =
[ESil P

Percentage of new forecasts (PNEW;t): mean of new forecasts deflated by the total number

of analysts’ forecasts.

NEW,
PNEW,, = Mean ( ”"’) :

NAimt
where NEW,,, represents the number of new forecasts for firm i for the month m of year
t. The number of new forecasts is measured by the number of forecasts revised during

the month plus the number of first-time forecasts® issued during the month.

5.3.2 Regressions

Firms are partitioned by the smoothness of reported and pre-managed earnings. The pre-
managed earnings are calculated as the reported earnings minus discretionary accruals mea-
sured using the modified Jones model (see chapter 3 for details). Firms are ranked by the
degree of smoothness of reported and pre-managed earnings, and the ranks are converted into

percentiles by (rank - 1)/(number of firms - 1).

9The first-time forecasts are computed by the change in the number of analysts’ forecasts from the previous
month. If it is negative, it is set to zero.
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The regression for number of analysts following is represented as follows:

NA;; = Bo + B1SRE; + B2(SRE; — SPE;) + B3SIZE;

+ B4STROE;; + BsCORRXE + BsGROW TH; + . (5.2)

Hypotheses 5.1 and 5.2 predict that both B1 and B, are negative.!0
Other properties of analysts’ forecasts are regressed on the absolute value of the change in

earnings per share and percentage of new forecasts in addition to the control variables consid-

ered in the number of analysts regression.!!

Dep. Var.; = Bo + B1SRE; + leSREi — SPE,'I + B3SIZE; + B4STROE;

+ BsCORREE - BsGROW T H; + B7|ES;;| + BsPNEWy + &5, (5.3)

where Dep. Var = SD, FE, and RV.

By is predicted to be negative since smooth earnings are hypothesized to decrease the dis-
persion of analysts’ forecasts, the forecast errors, and the revision volatility. Unlike the number
of analysts following regression (5.2), the magnitude of earnings management measured by the

absolute value of the difference between the smoothness of reported and pre-managed earnings

10The following regression is equivalent to regression (5.2).

NA;; = Bo + P1SRE; + B2SPE; + B3SIZE;; - .
+ B4STROE; + BsCORRRE 4+ B¢GROW TH; +¢;,.

It can be easily seen that [31 B1+P2 and [32 = —P,. Therefore, the test whether B; is negative is equivalent
to the test whether the sum of B1 and Bz is negative and the test whether B3, is negative is equivalent to the test
whether Bz is positive. Regression (5.2) rather than the above regression is used to highlight the effect of the
smoothness of reported earnings and the degree of income smoothing.

Regression (5.3) implicitly assumes that the effect of the magnitude of earnings management is equal regard-
less of the type of earnings management. That is, the same coefficient B is assumed to apply to both income
smoothing firms (SRE; — SPE; > 0) and variance increasing (SRE; — SPE; < 0). In general, it will be better to esti-
mate an unrestricted regression in which the coefficient on |SRE; — SPE;]| is not restricted to be the same between
income smoothing firms and variance increasing (see section 5 for details).
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is used. Unlike the demand for analysts’ services, which is concerned about determining the
intrinsic value of the firm, the dispersion, the forecast error, and the revision volatility of ana-
lysts’ forecasts are closely related to the earnings per se. The amount of uncertainty in earnings
is controlled for by the smoothness of reported earnings. Therefore, once the smoothness of
reported earnings is controlled for, the nature of earnings management is less likely to affect
the properties of analysts® forecasts. That is, the composition of the earnings shock is not likely
to affect the dispersion, the forecast errors, and the revision volatility of analysts’ forecasts. It
is, however, quite possible for those properties of analysts’ forecasts to be affected by the mag-
nitude of earnings management. Therefore, the magnitude of earnings management is further
controlled for. No prediction is made about B;. However, a positive 3, implies that earnings
‘management increases the dispersion, the forecast errors, and the revision volatility, and a neg-
ative 3; implies that earnings management decreases the dispersion, the forécast errors, and

the revision volatility.

5.4 Data

Data for calculating discretionary accruals and the measure of the smoothness of earnings is
collected from COMPUSTAT PC Plus Jan. 97 CD ROM. In order to be included in the sample,
a firm is required (i) to be listed on at least one of the New York Stock Exchange, the American
Stock Exchange, and the NASDAQ); (ii) to have no change in fiscal year ends; (iii) SIC is not
from 6000 to 6999. Non-discretionary accrual models are estimated per two-digit SIC and year. -
At least 20 data points ought to be available for the estimation of each two-digit SIC and year
non-discretionary estimation model. In calculating the measure of smoothness of earnings,
each firm should have at least ten years of data. Once firms are classified by the measures of

smoothness of earnings, additional data is collected from 96 Oct. I/B/E/S CD ROM and 96

CRSP monthly tape. The number of analysts following is required to be at least three. The
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resulting sample consists of 6,447 firm-years.!

Table 5.1 presents the distribution of the sample by year. The sample is evenly distributed
from 1987 to 1995.13 Table 5.2 reports the descriptive statistics on the dependent variables
and other key variables. A firm in the sample is on average followed by 13.4 analysts. The
averages of the standard deviation, the forecast error, and the revision volatility are 0.8%, 1.8%,
and 0.4% of the beginning of the period share price, respectively. Firms in the sample are on
average large. The average market value of the equity is $2.9 billion and the median is $905
million. The measure of growth is positive, which implies that the firms in the sample are on
average successful and growing. The measure of smoothness of reported earnings is greater
than that of pre-managed earnings, implying that firms in the sample are on average engaged
in income smoothing.

Panel A of table 5.3 presents Spearman rank correlations among the independent and de-
pendent variables. The number of analysts following is positively associated with the measure
of smoothness of reported earnings, and negatively associated with the measure of income
smoothing, which is calculated by the difference in the smoothness of reported versus pre-
managed earnings.!* The standard deviation, the forecast error, and the revision volatility of
analyst forecasts are negatively correlated with the measure of smoothness of reported earn-
ings. The standard deviation of return on equity, the correlation between annual returns and

earnings, earnings surprise, and the percentage of new forecasts are negatively correlated with

12The sample in this chapter is different from that in chapter 4 due to the different data requirements. For
example, the sample in chapter 4 requires that I/B/E/S EPS matches with COMPUSTAT EPS while the sample in
this chapter does not impose this restriction.

13Years refer to COMPUSTAT years. A COMPUSTAT year starts from June and ends May of the next year.
If calendar years are used, the sample year ranges from 1987 to 1996. But there is only one observation in 1996.
Moreover, its fiscal period end is January. In a specification check which controls for fixed effects for year,
COMPUSTAT year is used rather than calendar year.

“However, the next section shows that the number of analysts’ following is negatively associated with the
smoothness of reported earnings once size is controlled for.
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the number of analysts, but positively correlated with other properties of analysts’ forecasts.

Consistent with the previous research, the number of analysts following is highly corre-
lated with size, which is proxied for by the market value of equity at the beginning of the fiscal
period. The correlation is 0.75. The market value of equity is highly negatively correlated with
the standard deviation, the forecast errors, and the revision volatility, ranging from —0.42 to
—0.32, but the correlations are lower than that for the number of analysts following. The mea-
sure of growth is positively associated with the number of analysts following and negatively
associated with the standard deviation, the forecast errors, and the revision volatility of analyst
forecasts. The correlations among the dependent variables show that the number of analysts
following is negatively correlated with other properties of analyst forecasts, but the absolute
correlation is less than 0.3. The standard deviation, the forecast error, and the revision volatility
are highly correlated, ranging from 0.65 to 0.79.

Panel B of table 5.3 reports the correlations among the independent variables. The highest
absolute correlation occurs between the measure of smoothness of reported earnings and the
standard deviation of return on equity (-0.68).!> The measure of smoothness of reported earn-
ings is also highly correlated with earnings surprise (-0.50). If the measure of smoothness of
reported earnings is excluded, the correlations among the control variables are relatively low,
ranging from -0.20 to 0.36. The results are comparable with those reported in table 2 and 3 of

Lang and Lundholm (1996).

15The high correlation between the measure of smoothness of reported earnings and the standard deviation of
return on equity (ROE) is partially dealt with in section 5.5.4 by performing regression analysis after excluding
the standard deviation of ROE.
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5.5 Empirical Tests

5.5.1 Univariate Tests

Panel A of table 5.4 reports the tests of differences in key variables between firms with smooth
reported earnings and firms with volatile reported earnings. Two tests are performed. One
is a t-test and the other is a Wilcoxon rank-sum test. Inconsistent with hypothesis 5.’1, the
number of analysts following is greater for firms with smooth reported earnings than for firms
with volatile reported earnings. Prior research shows that the number of analysts following
is positively associated with the size of the firm. Firms with smooth reported earnings are
significantly larger than firms with volatile reported earnings. It is possible that more analysts
follow firms with smooth reported earnings than firms with volatile reported earnings since
firms with smooth reported earnings are bigger.

Panel B and C of table 5.4 report univariate test results when the sample is further partioned
into small and large sub-samples. For the sample of small firm-years, the mean of the number
of analysts following is significantly less for firms with smooth reported earnings than firms
with volatile reported earnings even though the size of firms with smooth reported earnings,
measured by the market value of the equity, is bigger than firms with volatile reported earnings,
which is consistent with hypothesis 5.1. The result using a non-parametric test of the difference
in the median, however, is insignificant. For the sub-sample of large firm-years, the number
of analysts following is greater for firms with smooth reported earnings than for firms with
volatile reported earnings. Test statistics are significant for both mean and median. Since
the size of firms with smooth reported earnings measured by the market value of the equity
is bigger than firms with volatile reported earnings, it is inconclusive whether hypothesis 5.1

holds after controlling for firm size.

The rest of table 5.4 reports that the dispersion, the forecast errors, and the revision volatil-
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ity of analysts’ forecasts are greater for firms with volatile reported earnings than for firms with
smooth reported earnings, suggesting that those properties are negatively associated with the
smoothness of reported earnings. The basic associations hold even after the sample is partioned

into small and large firms.

5.5.2 Number of Analysts Following

Panel A of table 5.5 reports the result of regressing the number of analysts following on the
smoothness of reported earnings and control variables. In the first regression, only the smooth-
ness of reported earnings is considered whereas in the second regression, the change in the
smoothness of reported earnings is further considered. The adjusted R?s of the number of ana-
lysts following regressions are 59.0% and 59.1%, respectively. The overall result is consistent
with the hypotheses 5.1 and 5.2. This result is different from the simple correlations reported
in table 5.3. That is, once other control variables such as size and growth are considered, the
demand for analysts’ services is a decreasing function of the smoothness of reported earn-
ings and the degree of income smoothing. This result is contrasted to the result in Lang and
Lundholm (1996), which suggests that the demand for analysts’ services is greater for firms
with smooth reported earnings than for firms with volatile reported earnings. The result is
consistent with Kross et al.’s (1990) argument that analysts have greater incentives to collect
more information for firms with volatile reported earnings than for firms with smooth reported
earnings.

Consistent with the previous research, the coefficient on size is significantly positive. That
is, the number of analysts following is greater for large firms than small ﬁrms.. The number
of analysts following is negatively associated with the correlation between annual returns and

earnings. The insignificant coefficient on the standard deviation of ROE implies that the stan-

dard deviation of ROE has no impact on the number of analysts following once other variables
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are controlled for.!® The coefficient on growth is significantly positive, which is consistent
with growth firms attracting more attention from investors.

In summary, the number of analysts following is less for firms with smooth reported earn-
ings than for firms with volatile reported earnings. In addition, the number of analysts follow-

ing is a decreasing function of the degree of income smoothing.!7:18

5.5.3 Other Properties of Analysts’ Forecasts

Panel B of table 5.5 reports the results of regressing the dispersion of analysts’ forecasts on the
smoothness of reported earnings and control variables. The adjusted R2s are around 16.5%.
The coefficient on the smoothness of reported earnings is significantly negative, which is con-
sistent with hypothesis 5.3 that there is more consensus among analysts for smooth earnings
than for volatile earnings. The second regression also reports a significant negative coefficient
on the magnitude of earnings management, which is measured by the absolute value of the
difference in the smoothness of reported versus pre-managed earnings. The result suggests

that the consensus among analysts is higher for firms that use accruals to manage earnings

16See section 5.5.4 for the discussion of the high correlation between the standard deviation of ROE and the
smoothness of reported earnings (SRE).

7Tn order to examine whether there is any difference in the number of analysts following between income
smoothing and variance increasing earnings management firms, the following piecewise regression is estimated:

NA;; = Bo+B1SRE; + B;dIS*' (SRE; — SPE;) + B, djs- (SRE; — SPE;)
+B3SIZE;; + B4STROE; + BsCORREE + BsGROW TH; + &5,

where djg+ and djg- are dummy variables representing income smoothing and variance increasing earnings
management, respectively. For example, dj¢+ takes on 1 if SRE; — SPE; > 0. Similarly, djs- takes on 1 if
SRE; — SPE; < 0. The result (not reported) shows that both B and B; are negative, but only B is signifi-
cant. It seems that the impact of earnings management on the number of analysts following is more pronounced
for variance increasing earnings management firms than for income smoothing firms.

18In an attempt to consider fixed effects by year, dummy variables representing fiscal years are additionally
included. The results (not reported) are similar to those reported here.
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than for firms that do not manage earnings.!® In order to investigate the differential impact of
income smoothing and variance increasing earnings management, the following regression is

considered.

SDj; = Bo + P1SRE; + B;d15+ |SRE,' - SPE,'| + Bz_dIS“ lSREi — SPE,'| + B3SIZE;

+B4STROE;; + BsCORRRE + BsGROW T H; + B7|ES;| + BsPNEWy, + €i,

where djg+ is a dummy variable representing income smoothing firms. That is, if SRE; —
SPE; > 0 then djg+ equals 1, and otherwise 0. Similarly, djs- represents variance increasing
carnings management firms. That is, if SRE; — SPE; < 0 then djg- equals 1, and otherwise 0.
Regression (5.3) used in table 5.5 can be viewed as a restricted regression since B;’ and 3, are
assumed to be equal. Table 5.6 reports the results of unrestricted regressions for the standard
deviation, the forecast errors, and revision volatility. The standard deviation of analysts’ fore-
casts regression shows that the coefficient on djs- |SRE; — SPE;| is significantly negative, but
that on djg+ |SRE; — SPE;| is insignificant.?? It seems that the significant negative coefficient
on the restricted regression is driven by variance increasing earnings management firms. It
is surprising that variance increasing earnings management leads to greater consensus among
~ analysts once the smoothness of reported earnings are controlled for.

The significant negative coefficient on size suggests that analysts have higher consensus
for large firms than for small firms. This is consistent with analysts having more common
information for large firms. The dispersion of analysts® forecasts is positively associated with
earnings surprise, but is not associated with the standard deviation of ROE, the correlation
between annual returns and earnings, growth, and the percentage of new forecasts.

Panel C of table 5.5 reports the result of regressing the forecast errors on the smoothness

19Section 5.5.6, however, shows that the magnitude of earnings management has no impact on the standard
deviation of analysts’ forecasts if a simultaneous equations approach is used.

2The t-test (not reported) confirms that d;g+ and djg are not equal.
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of reported earnings and control variables. The adjusted R? is 2.3%. With respect to hypothe-
sis 5.4, the signiﬁcént negative coefficient on the smoothness of reported earnings implies that
forecast errors are less for firms with smooth earnings than for firms with volatile earnings.
That is, smooth earnings reduces forecast errors. Once the smoothness of reported earnings
is controlled for, it is found that the magnitude of earnings management has no impact on the
forecast error. The unrestricted regression for the forecast errors reported in table 5.6 shows
that the coefficients on djs+|SRE; — SPE;| and djs-|SRE; — SPE;| are both insignificant. Unlike
the unrestricted regression for the standard deviation of analysts’ forecasts, earnings manage-
ment has no impact on the forecast errors regardless of the type of earnings management. The
other results of panel C of table 5.5 are very similar to those reported in panel B.

Panel D of table 5.5 reports the result of regressing the revision volatility on the smoothness
of reported earnings and control variables. The adjusted R?s are around 17.0%. The coefficient
on the smoothness of reported earnings is significantly negative. Consistent with hypothe-
sis 5.5, smooth earnings decrease the revision volatility, that is, forecasts are less intensely
revised for firms with smooth earnings than for firms with volatile earnings. As in the stan-
dard deviation regression, the magnitude of earnings management is significantly negatively
associated with the revision volatility. It is consistent with earnings management reducing the
revision activity. As in the standard deviation of analysts’ forecasts, the unrestricted regression
for the forecast errors reported in table 5.6 shows that the negative relation is driven by variance
increasing earnings management firms, not by income smoothing firms. It seems that variance
increasing earnings management leads to less intense revision of analysts forecasts. Except for
the coefficient on the percentage of new forecasts being significant, other results in panel D of
table 5.5 are similar to those in panel B and C.

In summary, the dispersion, the forecast error, and the revision volatility of analysts’ fore-
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casts are negatively associated with the smoothness of reported eamings.z'1

5.54 Robustness Check

Inconsistent with Lang and Lundholm (1996), the previous analysis provides evidence that the
number of analysts following is less for firms with smooth reported earnings than for firms with
volatile reported earnings. However, Lang and Lundholm (1996) examine the similar issues
using rank regression rather than ordinary least squares regression. Rank regression does not
assume the linearity between independent variables and dependent variables. In particular, if
the relation is monotonic, but non-linear, then the rank regression works better than OLS (Iman
and Conover (1979)). Rank regression is also less vulnerable to extreme observations and
violations of the distributional assumptions regarding error term (Chaudhury and Ng (1992)).

For comparability with Lang and Lundholm (1996), the same analyses are repeated using
rank regression. Table 5.5 and 5.7 show that there is no improvement in the adjusted R? for
the number of analysts following, but there is a big improvement in the adjusted R? for other
properties of analysts’ forecasts. For other propérties of analysts’ forecasts, rank regression
may be more appropriate than OLS. The results reported in table 5.7 are very similar to those
in table 5.5. Panel A shows that the coefficients on the smoothness of reported earnings and
the difference in the smoothness of reported versus pre-managed earnings are significantly
negative. The rest of the table shows that the smoothness of reported earnings is negatively
associated With the standard deviation, forecast error, and revision volatility of analysts’ fore-
casts.

Next, in order to check the robustness of the measure of the smoothness of reported earn-

ings, the smoothness of reported earnings is also measured over the previous ten-year period

21In an attempt to consider fixed effects by year, dummy variables representing fiscal years are additionally
included. The results (not reported) are insensitive whether dummy variables are included or not.
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rather than the whole examination period. The ten-year period is rolled forward each year.
The results (not reported) for the number of analysts following is qualitatively similar to those
reported here. In other properties of analysts’ forecasts regressions, the coefficient on the
smoothness of reported earnings is insignificant. If rank regressions are used, the coefficient
on the smoothness of reported earnings is significantly negative for both the number of analysts
following and other properties of analysts.

Finally, panel B of table 5.3 reports a high correlation between the smoothness of reported
earnings and the standard deviation of ROE (-0.68). In order to assess the multicollinear-
ity problem between the two variables, the same analysis is repeated excluding the standard
deviation of ROE. The results (not reported) are insensitive to the exclusion of the standard

deviation of ROE.

5.5.5 Further Investigation of the Number of Analysts Following

The empirical results for the other properties of analysts’ forecasts are consistent with Lang
and Lundholm (1996), but the result for the number of analysts following is different. The
inconsistency may result from the differences in examination period. The examination period
in Lang and Lundholm (1996) is from 1985 to 1989. Further analysis is performed in order to
confirm whether the difference in examination period affects the empirical results. Firm-year
observations are divided by year: 1987 - 1989 and 1990 - 1995 periods. 1987 - 1989 period
contains 2,061 firm-year observations and 1990 - 1995 period contains 4,386 firm-year obser-
vations. In addition, a possible effect of firm size is considered. Firms are further partitioned
by size.?? A firm year is classified as big if the market value of the firm is equal to or greater

than the median of the sample firms in that year. Otherwise, the firm year is classified as small.

22The size of the sample firms are relatively similar. The mean and median market values of the firm in Lang
and Lundholm (1996) are $2,438 million and $1,072 million, respectively.
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The big firm group has 3,223 firm-years and the small firm group has 3,224 firm-years.

Table 5.8 presents the result of the regression of the number of analysts following by period
and size. Panel A presents the result of the regression by period. The coefficients on the
smoothness of reported earnings is significant for the period of 1987 - 1989, but insignificant
for the period of 1990 - 1995. However, the difference in the smoothness of reported versus
pre-managed eamiﬁgs is significant in both periods. Overall, the result for the period of 1987 -
1989 is similar to that in panel A of table 5.5, but the result for the period of 1990 - 1990 is a
little weak. In addition, the coefficient on growth is insignificant for the period of 1987 - 1989
and the coefficient on the correlation between annual returns and earnings is insignificant for
the period of 1990-1995.

Panel B of table 5.8 reports the result of the regression by size. The results for large firms
are very similar to those in panel A of table 5.5. But, for small firms, the coefficient on the
smoothness of reported earnings is insignificant.

To summarize, the negative relation between the number of analysts following and the
smoothness of reported earnings is more obvious in the period prior to 1990 and for large firms.
However, the negative relation between the number of analysts following and the measure of

income smoothing is robust to the examination period and size of the sample firms.

3.5.6 A Simuitaneous Equations Approach

In their study of the effect of extreme accounting events on analysts following and forecast
accuracy, Alford and Berger (1997) report that the number of analysts following and forecast
accuracy is simultaneously determined, and that forecast accuracy increases as the number
of analysts following increases. This subsection considers the possibility that the number of
analysts following and other properties of analysts’ forecasts are simultaneously determined.

The correlation analysis in panel A of table 5.3 shows that the standard deviation, forecast
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error, and revision volatility are highly correlated with each other. Therefore, rather than con-
sidering the standard deviation, forecast error, and revision volatility at the same time, only one
of them will be considered. That is, it is assumed that the standard deviation, forecast error,
and revision volatility represent very similar characteristics of analysts’ forecasts.

A system of simultaneous equations is formed between the number of analysts following

and one of other properties of analysts’ forecasts.

NAj = Bo+ B1OPy + B2SRE; + B3 (SRE; — SPE;) + P4SIZE;

+BsSTROE; + BsCORREE + B;GROWTH; + &,

and

OPFy = Bo + B1NA;; + B2SRE; + B3|SRE; — SPE;| + B4SIZE;; + BsSTROE;;

+BsCORREE + B7GROW TH; + Bs|ESit| + BoPNEWy +e,  (5.4)

where OP,; denotes either the standard deviation, forecast error, or revision volatility for firm
i for year ¢. Alford and Berger (1997) report that the number of analysts following is higher
for firms with greater forecast accuracy, and interpret this as indicating that analysts comple-
ment other sources of information. They consider only forecast accuracy, not the standard
deviation and revision volatility of analysts’ forecasts. Since the three variables are highly
correlated, Alford and Berger’s (1997) result suggests that the number of analysts following
will be negatively associated with the standard deviation and revision volatility. Unlike Al-
ford and Berger (1997), this chapter does not interpret the negative coefficient on the other
properties of analysts’ forecasts as indicating that analysts complement other sources of in-

formation, in particular, the earnings report.?3 It is unlikely that if there is more consensus

2L ang and Lundholm (1996, p.483) take the similar position by stating that “firm-provided disclosures com-
plement rather than substitute for analyst activities™. If Alford and Berger (1997)’s interpretation is adopted, then
a positive coefficient on other properties of analysts’ forecasts is consistent with analysts’ services substituting
eamings reports.
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among analysts, there will be more analysts following the firm. The other property of analysts’
forecasts is included in the number of analysts following regression for the comparability with
Alford and Berger (1997). Consistent with hypotheses 5;1 and 5.2, the coefficients on SRE;
and SRE; — SPE; are expected to be negative. With respect to other properties of analysts’
forecasts, the coefficient on the number of analysts following is expected to be positive since
more analysts following implies more information about the firm. Alford and Berger (1997)
find that there is a negative association between the forecast error and the number of analysts
following, but there is no association between the forecast error and size.

Table 5.9 reports the results of 2SLS regressions for various combinations of endogenous
variables.?* The Hausman test (1978) indicates that the number of analysts following and other
pfoperties are simultaneously determined. In the presence of simultaneity, the OLS regressions
produce inconsistent estimates. For example, the OLS regression for the standard deviation
of analysts’ forecasts with the number of analysts following is quite different from the cor-
responding 2SLS regression. The coefficient on the number of analysts following is positive
under the OLS regression while it is negative under the 2SLS (see below).

Panel A reports the 2SLS regressions for the number of analysts following and the standard
deviation of analysts’ forecasts. The result for the number of analysts following is similar to
the OLS result without the standard deviation of analysts’ forecasts except that the coefficient
on the smoothness of reported earnings is no longer significant. Inconsistent with Alford and
Berger (1997), the coefficient on the standard deviation of analysts’ forecasts is significantly
positive. With respect to the standard deviation regression, the coefficient on the number of
analysts following is significantly negative, implying that more analysts’ following decreases

the standard deviation of analysts’ forecasts. However, the coefficient on size is significantly

241t can be verified that the number of analysts following equation is exactly identified and the other property
of analysts’ forecasts equation is over-identified. Therefore, 2SLS method can be used.
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positive. Once the number of analysts following is considered, there is less consensus among
analysts for larger firms. The significant positive relation between size and the standard devia-
tion of analysts’ forecasts is consistent with size capturing the complexity of the firm. Unlike
the OLS result, the coefficient on the magnitude of earnings management is insignificant. The
other results are very similar to the OLS result without the number of analysts following.

Panel B reports the 2SLS regression results for the number of analysts following and fore-
cast error. The result for the number of analysts following regression is similar to that reported
in Panel A. With respect to forecast error regression, the coefficient on the number of analysts
following is negative, but insignificant. In addition, the coefficient on size is not significant as
well. It is surprising that both the number of analysts following and size are not significant. It is
different from Alford and Berger (1997) who report a significant negative association between
forecast errors and the number of analysts following.

Panel C of table 5.9 reports the 2SLS regression results for the number of analysts following
and révision volatility. The results are similar to those of panel A except that the coefficient
on size in the revision volatility regression is not significant. But, unlike the forecast error

regression, the coefficient on the number of analysts following is significantly negative.

5.6 Conclusions

This chapter examines the impact of the smoothness of reported earnings and earnings manage-
‘ment on the number of analysts following, the dispersion, the forecast error, and the revision
volatility. Inconsistent with Lang and Lundholm (1996), the empirical results provide evidence
that the number of analysts’ following is less for firms with smooth reported earnings than for
firms with volatile reported earnings. Note that this study is based on a bigger sample, and
the examination period ranges from 1987 to 1995 rather than 1985 to 1989. A further analysis

shows that the negative relation between the number of analysts following and the smooth-
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ness of reported earnings is less obvious in the post 1990 period and for small firms. On the
other hand, consistent with Lang and Lundholm (1996), the smoothness of reported earnings
is negatively associated with the dispersion, the forecast error, and the revision volatility. This
chapter also provides evidence that growth is positively associated with the number of analysts
following. A simultaneous equations approach provides evidence that the standard deviation
and revision volatility of analysts’ forecasts are negatively associated with the number of ana-
lysts following. More importantly, once the number of analysts following is controlled for, it
is found that the standard deviation of analysts’ forecasts is positively associated with size. It
seems that if the number of analysts following is not controlled for, size proxies for the amount
of information available to the market whereas once the number of analysts following is con-
trolled for, size proxies for the complexity of the firm’s operations. Therefore, the negative
relation between the standard deviation of analysts’ forecasts and size reported in the OLS
regression is due to the omission of the number of analysts following.

This study has some potential for improvemgnt. In particular, the demand function for
analysts’ services is assumed to be linear to the smoothness of earnings reports, but it may
be non linear. Moreover, this chapter considers only a few factors affecting the demand and
supply for analysts forecasts. They are far from complete. Other important factors can change
the conclusion of this chapter. More sophisticated research will shed light on the issue of
the nature of analysts’ forecasts. However, this chapter contributes to analysts’ forecasts and
earnings management literature by providing evidence that analysts have more incentives to
collect information for firms with volatile reported earnings than for firms with smooth reported
earnings, and that the smoothness of reported earnings has an impact on properties of analysts’
forecasts. In addition, the simultaneous equations approach provides a new interpretation for

size.
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Table 5.1: Distribution of the Sample

Cumulative Cumulative

YEAR Frequency Percent Frequency Percent
87 682 10.6 682 10.6
88 665 10.3 1,347 20.9
89 714 11.1 2,061 32.0
90 724 11.2 2,785 . 432
91 715 11.1 3,500 543
92 705 10.9 4,205 65.2
93 724 11.2 4,929 76.5
94 734 114 5,663 87.8
95 784 12.2 6,447 - 100.0
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Table 5.2: Descriptive Statistics
Variable N Mean  Std. Dev. Median Minimum Maximum
NA 6,447 13.376 8.988 11.091 3.000 48.917
SD 6,447 0.008 0.036 0.004 0.000 2.202
FE 6,438 0.018 0.187 0.006 0.000 14.724
RV 6,308 0.004 0.013 0.002 0.000 0.701
SRE 6,447 -0.062 0.082 -0.040 -2.381 -0.002
IS 6,447 0.072 0.119 0.049 -0.284 2.427
MKVALF 6,443 2,900.1 6,973.8 905.4 9.0 103,341.0
STROE 6,447 0.303 3.698 0.054 0.003 102.737
CORRRE 6,447 0.099 0.357 0.096 -0.979 0.959
GROWTH 6,447 0.004 0.009 0.004" -0.057 0.163
|ES] 6,447 0.047 0.165 0.015 0.000 8.999
PNEW 6,447 0.270 0.097 0.267 0.000 1.000
NA: the number of analysts providing an annual earnings forecast.
SD: the standard deviation of analysts forecasts deflated by the beginning stock price.
FE: the absolute value of the analyst forecast error deflated by the beginning stock price.
RV:  the standard deviation of changes in median analysts forecast from the previous month
deflated by the beginning stock price.
SRE: negative of the standard deviation of the changes in earnings per share
divided by the average of the beginning stock prices.
IS:  the difference between SRE and SPE, where SPE represents the smoothness
of pre-managed earnings.
MKVALF: market value of the firm at the beginning of the period.
STROE: the standard deviation of return on equity over the previous ten years.
CORRPE:  the correlation coefficient between annual returns and earnings.
GROWTH: mean of changes in earnings per share.
|ES|: absolute change in earnings per share deflated by the beginning stock price.
PNEW: mean of percentage of new forecasts deflated by the total number of analysts forecasts.
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Table 5.3: Spearman Correlations

Panel A: Correlations among the Independent and Dependent Variables

Variable NA SD FE RV
SRE 0.1610 -0.5790 -0.4793 -0.5628
0.0001 0.0001 0.0001 0.0001
IS -0.1756 0.1929 0.1494 0.1825
0.0001 0.0001 0.0001 0.0001
MKVALF 0.7457 -0.3361 -0.3152 -0.4169
0.0001 0.0001 0.0001 0.0001
STROE ) -0.1822 0.3891 0.3127 0.4215
0.0001 0.0001 0.0001 - 0.0001
CORRRE -0.1017 0.0931 0.0772 0.0664
0.0001 0.0001 0.0001 0.0001
GROWTH 0.0988 -0.2376 -0.2288 -0.1979
0.0001 0.0001 0.0001 0.0001
|ES| -0.0401 0.5562 0.4687 0.5201
0.0013 0.0001 0.0001 0.0001
PNEW -0.0131 0.3430 0.4334 0.5593
0.2944 0.0001 0.0001 0.0001
SO -0.0943
0.0001
FE -0.1934 0.6493
0.0001 0.0001
RV -0.2640 0.7925 0.7095
0.0001 0.0001 0.0001

continued on next page
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Table 5.3: continued from previous page

Panel B: Correlations among the Independent Variables

Variable SRE IS MKVALF STROE CORR®® GROWTH |ES]
IS -0.1450
0.0001
MKVALF 0.2171 -0.1584
0.0001 0.0001
STROE -0.6797 0.0675 -0.1871
0.0001 0.0001 0.0001
CORRRE  0.1368 0.0458  -0.1083 0.0741
0.0001 0.0002 0.0001 0.0001
GROWTH 0.3754 0.0113 0.0954 -0.1955  -0.0361
0.0001 0.3659 0.0001 0.0001 0.0038
|ES] -0.4989 0.0996  -0.1817 0.3584 0.0758  -0.0961
0.0001 0.0001 0.0001 0.0001 0.0001 0.0001
PNEW -0.3314 0.0460  -0.0201 0.2879  -0.0337  -0.0208 0.2708

0.0001 0.0002 0.1068 0.0001 0.0068 0.0946 0.0001

Numbers listed below each Spearman Correlation is the p value.

NA:
SD:
FE:
RV:

SRE:
IS:

MKVALF:
STROE:
CORRRE;
GROWTH:
|ES|:
PNEW:

the number of analysts providing an annual earnings forecast.

the standard deviation of analysts forecasts deflated by the beginning stock price.

the absolute value of the analyst forecast error deflated by the beginning stock price.
the standard deviation of changes in median analysts forecast from the previous month
deflated by the beginning stock price.

negative of the standard deviation of the changes in earnings per share

divided by the average of the beginning stock prices.

the difference between SRE and SPE, where SPE represents the smoothness

of pre-managed earnings.

market value of equity at the beginning of the period.

the standard deviation of return on equity over the previous ten years.

the correlation coefficient between annual returns and earnings.

mean of changes in earnings per share.

absolute change in earnings per share deflated by the beginning stock price.

mean of percentage of new forecasts deflated by the total number of analysts forecasts.
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Table 5.4: Univariate Tests of the Number of Analysts Following and other Properties

Panel A: Whole Sample (N=6,447)

Volatile Reported Smooth Reported
Earnings (N=3,064) Earnings (N=3,383) ‘
Variable Mean Median Mean | - Median T-test  Wilcoxon
NA 12.48 9.90 14.19 12.33 =7.73%** -8.62%**
SD 0.0125 0.0064 0.0034 0.0026 9.75%**  38,09%**
FE 0.0307 0.0093 0.0064 0.0032 4.95%*%  3]1.62%**
RV 0.0064 0.0029 0.0017 0.0011 13.36***  36.68***
MKVALF | 1,862.14 707.40 | 3,305.57 969.36 -9.51%*E 12 51***
Assets 3.055.68 787.46 | 3,284.19 912.88 -1.23 -1.31
Panel B: Small Firm-Years (N=3,223)
Volatile Reported Smooth Reported
Earnings (N=1,656) Earnings (N=1,567)
Variable Mean Median Mean Median T-test  Wilcoxon
NA 8.21 6.83 7.80 6.69 2.56** 1.03
SD 0.0169 0.0082 0.0043 0.0032 7.37F*x  28.14%%*
FE 0.0433 0.0140 0.0086 0.0045 3.85%*x* 21.26***
RV 0.0088 0.0045 0.0024 0.0016 10.21%**  2539%*%*
MKVALF 295.31 222.65 368.31 334.00 -9.28%**  _10.52%**
Assets 625.34 326.44 416.31 283.32 8.87H*x* 4.94%**

continued on next page
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Table 5.4: continued from previous page

Panel C: Large Firm-Years (N=3,224)

Volatile Reported Smooth Reported
Earnings (N=1,408) Earnings (N=1,816)
Variable Mean Median Mean Median T-test  Wilcoxon
NA 17.49 18.00 19.72 18.75 -6.82%%* -6.01%%*
SD 0.0074 0.0047 0.0027 0.0021 20.34%*% 25 JTHR**
FE 0.0158 0.0083 0.0045 0.0023 14.39*%* 23 35%**
RV 0.0036 0.0019 0.0012 0.0008 14.22%*% 27 36%**
MKVALF | 3,70495 | 1,754.58 | 5,840.10 | 2,446.79 -7.68%** -9.75%**
Assets 5914.10 | 3,010.77 | 5,758.84 | 2,446.88 0.445%** 1.30%%*

*®%(*%) significant at the 0.01 (0.05) level (two-tailed test).

A firm is classified as having smooth earnings if the measure of the smoothness of reported earnings is above the
median of the sample firms. Otherwise, the firm is classified as having volatile earnings. A firm-year is classified
as large if the market value of the firm at the beginning of the fiscal period is equal to or greater than the median

of the sample firms.

NA:
SD:
FE:
RV:

SRE:

MKVALF:
Assets:

the number of analysts providing an annual earnings forecast.
the standard deviation of analysts forecasts deflated by the beginning stock price.
the absolute value of the analyst forecast error deflated by the beginning stock price.

the standard deviation of changes in median analysts forecast from the previous month
deflated by the beginning stock price.
negative of the standard deviation of the changes in earnings per share
divided by the average of the beginning stock prices.
market value of equity at the beginning of the period.
total assets at the beginning of the period.
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Table 5.5: Regression of the Number of Analysts Following and Other Properties of
Analysts Forecasts

Panel A: Regression of the Number of Analysts Following

Number of Analysts;; = Bo + B1SRE; + B2(SRE; — SPE;) + B3SIZE;
+ B4STROE;j + BsCORRRE 4+ BsGROW TH; + &;;.

Predicted
Variable Sign Estimate T-value Estimate T-value
Intercept ? ~16.6964 -49.434*** -16.7526 -49.668***
SRE; — -1.2628 -4.718*** -0.6744 -2.314%*
SRE; — SPE; — -1.8984 -5.050%***
SIZE; + 4.5855 93.744%%* 4.5436 91.743%**
STROEj + 0.0193 0.979 0.0210 1.069
CORRZE — -0.4917 -2.414%%* -0.4720 -2.322%*
GROWTH,; ? 23.5325 2.697%** 26.0659 2.988***
N 6,447 6,447
Adj. R? - 0.590 ‘ 0.591

Panel B: Regression of the Standard Deviation of Analysts Forecasts

Standard Deviation; = Bo + B1SRE; + B2|SRE; — SPE;| + B3SIZEj; + BaSTROE;,
+ BsCORRRE  BsGROW TH; + B7|ES;t| + PsPNEW;; + ir.

Predicted

Variable Sign Estimate T-value - Estimate T-value
Intercept ? 0.0167 6.973*** 0.0187 7.476%**
SRE; — -0.0071 -4.248%** -0.0071 -4.241%%*
|SRE; — SPE}| ? ’ -0.0086 -2.800***
SIZE; ? -0.0013 -4.661%** -0.0014 -4 885***
STROE; + -0.12E-4 -0.109 -0.31E-4 -0.273
CORRffE — 0.0010 0.816 0.0009 0.796
GROWTH,; ? -0.0415 -0.827 -0.0409 -0.816
|ES;| + 0.0821 31.936*** 0.0818 31.844%++
PNEW; + -0.0011 -0.240 -0.0013 -0.283

N : 6,447 6,447

Adj. R? 0.165 0.166

continued on next page
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Table 5.5 continued from previous page

Panel C: Regression of Forecast Error

Forecast Error;; = Bo + B1SRE; + B2|SRE; — SPE;| + B3SIZE;; -+ B4STROE;
+ BsCORRRE + B¢ GROW TH; + B7|ES;;| + PsPNEWy + &5
Predicted

Variable Sign Estimate T-value Estimate T-value
Intercept ? 0.0500 3.720%** 0.0549 3.927***
SRE; — -0.0250 -2.680%** -0.0250 -2.675%**
|SRE; — SPE;| ? -0.0219 -1.277
SIZE; ? -0.0035 -2.236** -0.0037 -2.3377Hk*
STROE; + 0.95E-4 0.151 0.48E-4 0.075
CORREE — 0.0063 0.958 0.0062 0.949
GROW T H,; ? -0.4043 -1.439 -0.4027 -1.433
|ESi| + 0.1454 10.098*** 0.1448 10.052%**
PNEW; + -0.0054 -0.215 -0.0059 -0.234
N 6,438 6,438
Adj. R? 0.023 0.023

Panel D: Regression of Revision Volatility

Revision Volatility;; = Bo + B1SRE; + PB2|SRE; — SPE;| + B3SIZE;; + B4ST ROE;
+ BsCORREE 4+ BsGROW TH; + B7|ES;;| + BsPNEW;; + &5
Predicted

Variable Sign Estimate T-value Estimate T-value
Intercept ? 0.0074 8.073%** 0.0081 8.500%**
SRE; — -0.0035 -5.573%** -0.0035 -5.562%**
|SRE; — SPE;| ? -0.0031 -2.686%**
SIZE; ? -0.0010 -9.150%** -0.3317 -9.352%**
STROE; + 0.45E-4 1.067 -0.53E-3 0.907
CORRRE — 0.0005 1.219 -0.0005 1.201
GROWTH; ? -0.0262 -1.393 -0.0262 -1.393
|ESq| + 0.0263 27.532%%* 0.0263 27.446%**
PNEW; + 0.0134 7.751%** 0.0134 7.573%**
N 6,308 6,308
Adj. R? 0.169 0.170

continued on next page
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Table 5.5: continued from previous page

***  significant at the 0.01 level.
**  significant at the 0.05 level.

If signs are predicted, one-tailed tests are performed. Otherwise, two-tailed tests are performed. SRE; and SPE;
are ranked and converted into percentiles by (rank - 1)/(the number of firms - 1).

SRE,‘Z

SPE,’ :
SIZE;‘[ :
STROE,'; .
CORRZE:
GROWTH;:
'E S, it | :
PNEW,‘, :

smoothness of reported earnings.

smoothness of pre-managed earnings.

log (market value of equity at the beginning of the period).

the standard deviation of return on equity over the previous ten years.

the correlation coefficient between annual returns and earnings.

mean of change of earnings per share.

absolute value of the change in earnings per share deflated by the beginning stock price.
mean of percentage of new forecasts deflated by the total number of analysts forecasts.
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Table 5.6: Unrestricted Regression of Other Properties of Analysts Forecasts

Dep. Var.; = Bo + P1SRE; + B3 dis+|SRE; — SPE;| + B d;s- |SRE; — SPE;| + B3 SIZE;;
+PBaSTROE;; + BsCORRRE 4 BsGROW TH; + B7|ESy| + BsPNEWy; + &1,

where Dep. Var. = SD,FE,orRV. djg+ takes on 1 if SRE; — SPE; > 0 and otherwise 0 and djg-
takes on 1 if SRE; — SPE; < 0 and otherwise 0.

Predicted

Variable Sign SD FE RV

Intercept ? 0.0190 0.0558 0.0082
(7.611)*** (3.984)*** (8.627)***

SRE; — -0.0087 -0.0291 -0.0041
(-4.866)*** (-2.887)*** (-6.019)%%*

dis+|SRE; — SPE;|  ? -0.0040 -0.0107 -0.0015

(-1.119) (-0.534) (-1.107)

dis-|SRE; — SPE;|  ? -0.0148 -0.0371 -0.0052
(-3.742)%** (-1.676) (-3.532)***

SIZE; ? -0.0012 -0.0034 -0.0010
(-4.432)%** (-2.135)** (-8.874)***

STROE; + -0.38E-4 0.32E-4 0.36E-4

(-0.332) (0.050) (0.853)

CORREE — 0.0009 0.0061 0.0005

(0.746) (0.926) (1.157)

GROWTH; ? -0.0480 -0.4201 -0.0288

(-0.957) (-1.493) (-1.528)

|ES| + 0.0818 0.1447 0.0262
(31.829)*** (10.040)*** (27.431)***

PNEW; + -0.0013 -0.0061 0.0133
(-0.296) (-0.240) (7.548)***

N 6,447 6,438 6,308

Adj. R? 0.166 0.023 0.171

The numbers in parentheses are t-statistics.

**%  significant at the 0.01 level.
**  significant at the 0.05 level.

If signs are predicted, one-tailed tests are performed. Otherwise, two-tailed tests are performed. SRE; and SPE;
are ranked and converted into percentiles by (rank - 1)/(the number of firms - 1).
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Table 5.7: Rank Regression of the Number of Analysts Following and Other Properties
of Analysts Forecasts

Panel A: Rank Regression of the Number of Analysts Following

Number of Analysts; = Bo + B1.SRE; + B2(SRE; — SPE;) + B3SIZE;
+ B4STROE;; + BsCORREE + B GROW TH; + €.

Predicted

Variable Sign Estimate T-value Estimate T-value
Intercept ? 0.1603 12.772%** 0.1521 12.098%**
SRE; - -0.0678 -5.737*** -0.0473 -3.880***
SRE; — SPE; - -0.0797 -6.564%**
SIZE; + 0.7585 91.508*** 0.7498 89.611%**
STROE; + -0.0582 -5.266%** -0.0621 -5.633%**
CORREE — -0.0120 -1.473 -0.0109 -1.344
GROWTH, ? 0.0614 7.060%** 0.0664 7.630%**
N 6,447 6,447

Adj. R? 0.585 0.587

Panel B: Rank Regression of the Standard Deviation of Analysts Forecasts

Standard Deviation;; = Bo + B1SRE; + B2 |SRE; — SPE;| + B3SIZE;; + B4ST ROE;
+ BsCORREE + BsGROW TH; + B7|ESy| + PsPNEW;; + &1

Predicted

Variable Sign Estimate T-value Estimate T-value
Intercept ? 0.5953 35.945%** 0.5989 34.915%**
SRE; - - -0.3303 -23.001 *** -0.3306 -23.014%**
|SRE; — SPE;| ? -0.0152 -0.791
SIZE}; ? -0.2051 -22.104%** -0.2058 -22.077***
STROE; + -0.0533 -4.335%%* -0.0540 -4 382%x*
CORREE - 0.0058 - 0.640 0.0057 0.633
GROWTH,; ? -0.0763 -7.822%** -0.0764 -7.826%**
|ESy| + 0.3196 30.490*** 0.3195 30.477***
PNEW; + 0.1610 16.639*** 0.1609 16.630%**
N 6,447 6,447

Adj. R? 0.489 0.489

continued on next page
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Table 5.7 continued from previous page

Panel C: Rank Regression of Forecast Error

Forecast Errory; = [30 + B1SRE; + B, ISRE,' — SPE,'| -+ B3S]ZE,'; + B4STROE};
+ BsCORREE + BsGROW TH; + B7|ES;| + PsPNEW;; + &ir.
Predicted

Variable Sign Estimate T-value Estimate T-value
Intercept ? 0.5204 29.509*** 0.5276 28.893***
SRE; - -0.2117 -13.853%** -0.2125 -13.898***
|SRE; — SPE;| ? -0.0311 -1.526
SIZE; ? -0.2075 -20.992%** -0.2088 -21.044%**
STROE;; + -0.0791 -6.044*** -0.0807 -6.143%**
CORREE — 0.0159 1.642 0.0157 1.629
GROWTH,; ? -0.1199 -11.537*** -0.1199 -11.546%**
|E S| + 0.2531 22.688*** 0.2529 22.668%**
PNEW; + 0.3155 30.629*** 0.3153 30.616%**
N 6,438 6,438
Adj. R? 0.421 0.421

Panel D: Rank Regression of Revision Volatility

Revision Volatility;; = Bo + B1SRE; + B2|SRE; — SPE;| + B3SIZE;; + B4STROE;;
+PBsCORREE + BGROW TH; + B7|ESy| -+ BsPNE Wy + &5r.
Predicted
Variable Sign Estimate T-value Estimate T-value
Intercept ? 0.4857 33.106*** 0.4923 32.406%**
SRE; — -0.2236 -17.603%** -0.2243 -17.652%%*
|SRE; — SPE;| ? -0.0284 -1.673%*
SIZE; ? -0.3072 -37.453*** -0.3086 -37.443%%x*
STROE + -0.0132 -1.218 -0.0146 -1.345
CORRﬁE - -0.0071 -0.889 -0.0072 -0.903
GROWTH; ? . -0.0673 -7.803%** -0.0675 -7.821%**
|ES:| + 0.2289 24.687*** 0.2287 24.665%**
PNEW} -+ 0.4237 48.829%** 0.4237 48.831%**
N _ 6,308 6,308
0.610

Adj. R? ‘ 0.610

continued on next page
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Table 5.7: continued from previous page

**%  significant at the 0.01 level.
**  significant at the 0.05 level.

If signs are predicted, one-tailed tests are performed. Otherwise, two-tailed tests are performed. All variables are
ranked and converted into percentiles by (rank - 1)/(the number of firms - 1).

SRE;: smoothness of reported earnings.
SPE;: smoothness of pre-managed earnings.
SIZE;: log (market value of equity at the beginning of the period).
STROE;: the standard deviation of return on equity over the previous ten years.
CORRZEE:  the correlation coefficient between annual returns and earnings.
GROWTH;: mean of change of earnings per share.
|ES;|:  absolute value of the change in earnings per share deflated by the beginning stock price.
PNEW;: mean of percentage of new forecasts deflated by the total number of analysts forecasts.




Chapter 5 Properties of Analysts Forecasts 148
Table 5.8: Regression of the Number of Analysts Following by Period and Size
Number of Analysts;; = ¢ + B1SRE; + B> (SRE,' — SPE[) + B3SIZE;
+ B4STROE; + BsCORREE + BsGROW TH; + €.
Panel A: Period 1987 - 1989 vs. Period 1990 - 1995
Predicted 1987 - 1989 1990 - 1995

Variable Sign Estimate T-value Estimate T-value
Intercept ? -16.4326 -29.335%x* -17.8375 -43.273%**
SRE; — -1.8095 -3.577%** -0.0890 -0.253
SRE; — SPE; — -2.7768 -4.430%** -1.5130 -3.347%**
SIZE; + 4,8910 57.130*** 4.5331 76.601***
STROE; + 0.0498 0.924 0.0290 1.407
CORRZE — -2.0941 -6.15]*%* 0.0802 0.316
GROWTH, ? 12.1555 0.679 33.1947 3.426%**
N 2,061 . 4,386
Adj. R? 0.631 0.600

Panel B: Small vs. Large

Predicted Small Large

Variable Sign Estimate T-value Estimate T-value
Intercept ? -1.1160 -2.617%** -21.4817 -22.904***
SRE; — 0.2416 0.855 -1.9541 -4, 195%**
SRE; — SPE; — -1.9884 -5.853*%* -2.0042 - =3.099%**
SIZE; + 1.5255 20.669*** 5.3683 45.340%**
STROE; + 0.0140 0.974 -0.1158 -1.787**
CORREE — -0.6054 -2.996*** -0.6416 -2.028**
GROWTH; ? 5.9078 0.827 -4.0412 -0.224
N 3,223 3,224
Adj. R? 0.388 0.449
*¥EX(CEX)  significant at the 0.01 (0.05)level.

If the sign is predicted, one-tailed test is performed. Otherwise, two-tailed test is performed.
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Table 5.9: 2SLS Regressions for the Number of Analysts Following and other Properties
of Analysts Forecasts

Systems of simultaneous equations are formed between the number of analysts following (NA)
and one of the other properties of analysts forecasts (OP) such as the standard deviation, fore-
cast error , and revision volatility of analysts forecasts As an estimation technique, two stage
least squares method (2SL.S) is used.

NAjy = Bo + B1OPy + B2SRE; + B3(SRE; — SPE;) + P4SIZE;;
+B5STROEy + BsCORREE + B;GROW T H; + €5

and

OPy = Bo+ B1NA; + BaSRE; + B3|SRE; ~ SPE;| + B4SIZEy + BsSTROE;
+B6CORRRE + B;GROW TH; + Bg|ESit| + BoPNEWy + .

Panel A: Number of Analysts Following and Standard Deviation of Analysts Forecasts

Predicted No. of Analysts (NA) Std. Dev. (SD)
Variable Sign Estimate T-value Estimate T-value
NA; — -0.0026 -2.215%*
SD; -+ 32.6690 5.993%**
Intercept ? -17.7237 -47.246%** -0.0275 -1.309
SRE; — -0.0410 -0.132 -0.0093 -4 378***
SRE; — SPE; - -2.0672 -5.467%**
ISRE; — SPE,| ? -0.0045 -1.169
SIZE; + 4.6008 90.945*** 0.0107 1.959**
STROE;; + 0.0184 0.930 0.19E-4 0.148
CORRffE — -0.4952 -2.428%** -0.0003 -0.216
GROWTH,; ? 28.0555 3.204%** 0.0206 0.329
|E S| + 0.0894 20.021 ***
PNEW; + -0.0001 -0.023
N 6,447 6,447
Adj. R? 0.567 0.136

Hausman Test (x%(1)) 14.483%%* 6.231%*

continued on next page



file:///SREf

Chapter 5 Properties of Analysts Forecasts 150

Table 5.9 continued from previous page

Panel B: Number of Analysts Following and Forecast Error

Predicted  No. of Analysts (NA) Forecast Error (FE)
Variable Sign Estimate T-value Estimate T-value
NAj — -0.0064 -1.061
FE; + 17.7981 5.117x**
Intercept ? -18.0400 -39.296*** -0.0578 -0.539
SRE; - 0.1851 0.499 -0.0303 -2.810%**
SRE; — SPE; — -2.1253 -4.933%x*
|SRE; — SPE;| ? -0.0122 -0.618
SIZE; + 4.6195 79.151%** 0.0258 0.927
STROE; + 0.0164 0.731 0.0002 0.257
CORREE — -0.5735 -2.463%** 0.0032 0.440
GROWTH,; ? 34.0427 3.382%** -0.2521 -0.787
|ESi| + 0.1633 7.171%**
PNEW; + -0.0034 -0.130
N 6,438 6,438
Adj. R? 0.528 0.022
Hausman Test (x(1)) 23.996%** 1.347

Panel C: Number of Analysts Following and Revision Volatility

Predicted No. of Analysts (NA) Revision Volatility (RV)
Variable Sign Estimate T-value Estimate T-value
NA; — -0.0009 -2.075**
RV + 97.5641 5.897**x*
Intercept ? -18.4177 -42.599°%** -0.0079 -1.014
SRE; — 0.2644 0.792 -0.0042 -5.427%x*
SRE; — SPE; — -2.1140 -5.478%**
|SRE; — SPE;| ? -0.0017 -1.195
SIZE} + 4.6584 87.223%%* 0.0032 1.577
STROE; + 0.0142 0.715 0.54E-4 1.184
CORREE — -0.4951 -2.391%%* 0.0001 0.190
GROWTH, ? 28.2563 3.175%** -0.0050 -0.215
|E S| + 0.0289 17.565%**
PNEW; + 0.0138 7.020%**
N 6,308 6,308
Adj. R? 0.589 0.144
Hausman Test (x*(1)) 16.251 %% 5.512%

**X(**) significant at the 0.01 (0.05)level. If the sign is predicted, one-tailed test is performed. Otherwise,
two-tailed test is performed.
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Appendix

Long-Window ERC

The long window unexpected earnings (2.10) and unexpected share return (2.13) can be re-

stated as follows.

Uox; = ATSt +pOi—1 + €41,

ury = (n+D)g; —

P P .
®—7R™ TRy

where A = [p,1,0,0,&]7, &, = [€st5 €rt, €t €or, V1] T, and O, = vy — E[v;|est, da;]. The long win-
dow ERC is calculated in the same way the short window ERC is calculated.
COV (ur¢,uox;)
ERC =
VAR(uox;)
(n+D)zA + 8fe=R) ;2

R(R—y) 70
ATZA + 065+ plc

b

where G%) = o2 — o2 and T denotes the variance-covariance matrix for ;. Compared to the
short window ERC (2.17), the long window ERC additionally contains Glzv) terms. In the short
window ERC, these terms do not appear since the information about the transient sales shock

is known to investors before the earnings announcement date.
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