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ABSTRACT

This investigation focused on describing cognition in performance judgment of
ﬁeaching in higher education. The influence of appraisal purpose and cue
dimensionality was observed on subjective importance and utilization of
information. Information integration strategies were examined in relation to
purpose and cognitive complexity. Exploratory analysis focused on the
measurement of good instructor schema profiles, and on the effect of cognitive

complexity on halo in performance ratings.

Seventy subjects were assigned randomly to two purpose conditions in the
experiment: summative and formative judgment. Two questionnaires, two rating
tasks, and a Role Construct Repertory grid were adminstered for data collection.
The data were analyzed through regression modeling at the individual level and

via analysis of variance procedures at the group level.

The results indicate that the impact of cue dimensions is strong on
subjective importance and utilization of information but varies with the purpose of
apwraisal. Raters valued and utilized trait information more than behavior
information in evaluation required for personnel decisions. Where evaluation was
feedback on the quality of teaching and expressed the need for improvement,
raters utilized behavior information more than trait information. This pattern of
information utilization suggests that saliency of information in performance
judgment is a function of purpose and cue dimensionality, and that appraisal

purpose has an effect on raters’ cognition through schematic processing.
p gn g p

The results also show that the wuse of varied strategies in mentally
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integrating dimensions of information is affected by raters’ cognitive complexity.
Although subjects mainly used compensatory strategies, the complex individuals
used noncompensatory strategies as well. Exploratory analysis shows that
cognitive complexity also affects halo in rating judgments. The findings seem to
support the validity of student rating of instructors, and the utility of cognitive

complexity construct in understanding performance judgment.

It is suggested that the influence of schematic processing and cue saliency
be addressed in further theorizing and research on performance judgment. As
well, the inclusion of purpose of judgment and developmental constructs, such as
cognitive complexity, is recommended for theorizing and research on judgment

processes.
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1. THE NATURE OF THE STUDY

A. INTRODUCTION

Human judgment, the mental act of weighing and combining information
from cues or information to make an inference about some criterion, is a
phenomenon of every human experience. It includes evaluation, decision making,
choice, and the selection of the response after perceiving the stimulus. Human
judgment is an inescapable aspect of thinking. As a result, it is being studied by
researchers from various disciplines. Within the psychological literature, two lines
of inquiry on how we make judgments and decisions are identifiable. One
approach has been to apply prescriptive models of choice for predicting human
judgment; another approach has been to .describe human judgment as constrained

by cognitive mechanisms.

Prescriptive models, though successful in describing simpler automatic mental
processes, fail to describe judgments that require thoughtful deliberations (Pitz &
Sachs, 1984). Prescriptive models of human judgment are derived from probability
theory and from Expected Utility theory (von Neumann & Morgenstern, 1947). A
hybrid of these theories is the Bayesian decision theory (Edwards, 1968; Raifa &
Schlaifer, 1961), widely applied in the study of predictive judgment. Prescriptive
models provide a set of rules for combining beliefs and preferences in making a
judgment, but as descriptions of human judgment prescriptive models have had
setbacks (Einhorn & Hogarth, 1981; Schoemaker, 1982). A number of prescriptive
axioms are violated in human induction (Kahneman, Slovic, & Tversky, 1982;

Tversky & Kahneman, 1983).
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Another approach has been to describe human judgment as affected by the
cognitive functioning of the human mind. Theoretical insights in this line of
inquiry have been gained from the recognition that human behavior depends on
the nature of the environment: the nature of the organism, and the means the
organism has developed for coping with the environment (Brunswik, 1952;
Hogarth, 1981; Piaget, 1936/1970; Simon & Newell, 1971). Within this approach,
the main thrust has been to uncover how information processing mechanisms of
the mind constrain judgments. A number of errors and inconsistencies in human
judgment have been identified (for reviews see Einhorn & Hogarth, 1981; Slovic,
Fischhoff, & Lichtenstein, 1977). These errors and inconsistencies have been
attributed to  cognitive limitations, judgmental heuristics, and schematic

processingt (Hogarth, 1980; Kahneman, et al., 1982, Taylor & Crocker, 1981).

The present study was an attempt to enrich our understanding of how
certain factors affect cognitive processing of information in evaluative judgment.
According to a conceptualization by Hogarth (1980), judgment takes place within
a system composed of three elements. First, is the person; second, is the task
environment within which the person makes judgments; and third, are the actions
that result from judgment which may subsequently affect both the person and
the environment. This study focused on the first two elements. Cognitive
complexity or the disposition for processing mulitdimensional data, was a
developmental aspect of the person; cue dimensionality or the nature of
information and purpose for judgment were two aspects of the task environment.

The task environment was performance judgment.

tTerms peculiar to the domain of this study are included in the glossary in
Appendix A.
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Performance judgment plays an important part in human resources
management. It is central to important decisio‘ns relatéd to staff recruitment,
training and development, promotion and céreer planning, The pressure to
evaluate the performance of individuals usual.Iy develops from productivity concerns
in an industrial setting and accountability concerns in professional occupati'onsr'l'ike
teaching. Not surprisingly, since Thorndike’s (1920) study of the halo effect in
supervisors’ ratings of their subordinates, considerable effort has been devoted to

. eliminating errors and biases in performance evaluation.

The literature concerning performance evaluation is replete with psychometric
studies attempting to improve ratings and rating scales (Borman & Dunnette,
1975; Dickinson & Zellinger, 1980). A large number of performance rating scales
and instruments have been devised. A fair number of studies have also focused
on rater training in order to find ways to eliminate common rating errors such
as leniency-stringency, central tendency, and the halo effect (Bernardin & Pence,

1980).

Despite much interest and effort, there is considerable dissatisfaction with
the progress made in the field of performance appraisal research (Borman, 1978;
DeCotiis & Petit, 1978; Kane & Lawler, 1979; Landy & Farr, 1980). In a
comprehensive review article, Landy and Farr (1980) concluded that previous
approaches in resolving problems in performance appraisal have not been
appreciably successful, and any further research on improving the rating format
and rater training would probably be a futile endeavor. They stated, "It is time
to stop looking at the symptoms of bias in rating and begin exafnining potential

causes" (p. 101). They suggested that further research should examine raters’
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cognition. Similar suggestions have been made by others as well (DeNisi,

Cafferty, & Meglino, 1984; Feldman, 1981; ligen & Feldman, 1983).

Researchers in the past have not paid much attention to a rater’s cognition
in performance judgment. Expressing this concern, Wexley and Klimoski (1984)
compared traditional performance appraisal research to a black box approach to
describing human behavior, where a worker’s performance represents the stimuli,
the rating represents the response, and errors and biases are seen as
weaknesses in the instruments, or lack of rater.training. Understanding cognitive
processing in performance judgment seems critical to our understanding of the

problems in performance appraisal in particular, and human judgment in general.

B. THE PROBLEM

Most of the available research on judgment processes deals with probabilistic
inference in gambles, business and medical decision making, and risk perception.
Evaluative judgment such as performance appraisal has not been a popular
context for research on judgment processes in the past, as can be seen from
major review papers (Einhorn & Hogarth, 1981; Pitz & Sachs, 1984; Slovic,
Fischhoff, & Lichtenstein, 1977). However, there is a need to study judgment
processes in performance appraisal, because inconsistencies and biases are a

pervasive problem in this area (Landy & Farr, 1980).

Previous research on judgment strategies has concentrated on a number of
stimulus features in a judgment task. These include cue inter-relationships, set

size effects, number and format of cues, cue response compatibility, extremity of
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information, cue redundancy, and primacy and recency effects on judgment (for a
review see Slovic & Lichtens_tein, 1971). More recently, researchérs have found
that other features of the stimuli such as information load (Payne, 1976),
information presentaﬁén (Crocker, 1981; Tversky & Kahneman, 1981), and cue
dimensionality (Wallsten, 1980) also affect cognitive processes that produce a

judgmental response.

Nevertheless, relatively little attention has been paid to the effect of
purpose of judgment in the study of mental strategies in judgment. It has been
stressed that judgment is primarily exercised to facilitate action (Einhorn &
Hogarth, 1978; Hogarth, 1980). Because an action serves a purpose (or
purposes), how judgments are formed may be influenced by the purpose for
which a judgment is required. It is hard to think of a situation where formal
evaluative judgment does not serve a purpose. Whether purpose may determine
the ﬁype of information necessary for a judgment, and thereby have an effect on

the utilization of cues needs to be examined.

A common result in research on cue dimensionality is that cue saliency
affects the use of information in judgments. Cue saliency in previous research
has been considered mainly in terms of number, frequency, and perceptual
characteristics of the stimuli. The emerging general theory is open as to what
determines cue saliency (Wallsten & Barton; 1982). In certain judgment situations,
cue dimensionality may be reflected in information content. For example, cues in
performance judgment provide information concerning traits and role behaviors.
Hence, research is needed to determine whether cue saliency is a function of

information content and the purpose of judgment.
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Furthermore, in their review paper Pitz and Sachs (1984) have noted that
developmental constructs have been largely ignored in the study of human
judgment processes. These authors drew attention to the role of a person’s level
of moral development, but another factor may be a person’s cognitive complexity.
Cognitive complexity, a developmental construct, relates to a person’s disposition
in processing multidimensional data (Bieri, Atkins, Briar, Leaman, Miller, &
Tripodi, 1966). Therefore, whether cognitive complexity affects the wuse of

information integration strategies needs examination.

Researchers of human judgment have noted that "human reasoning cannot
be adequately described in terms of content-independent formal rules” (Kahneman
& Tversky, 1982). For a meaningful investigation of the issues raised above,
performance judgment afforded an ideal task environment. Besides, the causes of
errors and biases in performance judgment are largely unknown (Landy & Farr,
1980), and researchers have already attempted to study the role of appraisal
purpose (Zedeck & Cascio, 1982) and cognitive complexity (Schneier, 1977) on
rating judgments. Further, as performance judgment is based on traits and role
behaviors (Wexley & Klimoski, 1984), it provided an environment where the

effect of cue dimensionality represented by information content could be studied.

Several researchers have proposed information processing approaches to
studying performarice judgment. Landy and Farr (1980) suggested that important
aspects in processing a rating judgment were the manner in which a rater
"treats" (mentally integrates) the available information and the purpose of
appraisal. Cooper (1981) proposed that cognitive distortion, introduced by a rater’s

beliefs and implicit theories in the processing stages, was the source of halo in
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performance ratings. Ilgen and Feldman (1983) drew attention to a rater’s
cognitive structures and the prototype matching processes. DeNisi, Cafferty, and
Meglino (1984) suggested the importance of a rater’s memory, cognitive
complexity, and cognitive style on the processing of performance information. In
these views, a common emphasis is on the effect of purpose on a rater’s

cognition, and on the effect of a rater’s cognitive complexity on rating properties.

Nevertheless, the available research findings on the effect of purpose on
raters’ cognition is not only limited, but also unclear (McIntyre, Smith, &
Hassett, 1984; Murphy, Balzer, Kellam, & Armstrong, 1984; Williams, DeNisi,
Blencoe, & Cafferty, 1985; Zedeck & Cascio, 1982). These studies fail to clarify
how cognitive processing in performance judgment is affected by appraisal
purpose. Likewise, the findings on the effect of cognitive complexity on
performance ratings, are contradictory (Bernardin, Cardy, & Carlyle, 1982;
Schneier, 1977; Lahey & Saal, 1981; Sauser & Pond, 1981). Moreover,
researchers in the past have focused mainly on psychometric properties of
ratings, although cognitive complexity may affect information integration because
the construct represents a person’s disposition in‘ vrocessing multidimensional data

(Bieri, et al., 1966).

Futhermore, neither the cognitively oriented theoretical models (Cooper, 1981;
DeNisi et al., 1984; Iigen & Feldman, 1983; Landy & Farr, 1980), nor the
empirical studies on raters’ cognition (McIntyre, Smith, & Hassett, 1984; Murphy,
Balzer, Kellam, & Armstrong, 1984; Williams, DeNisi, Blencoe, & Cafferty, 1985;
Zedeck & Cascio, 1982) have addressed the influence of cue dimensionality in

performance judgment. However, cue dimensionality has been found to affect
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judgment strategies in other areas (Slo;ric & Lichtenstein, 1971; Pitz & Sachs,
1984). Important cue dimensions in performance judgment are traits and role
behaviors because "what a person is" and "what a person does" make up the
appraisal content (cf. Wexle:); & Klimoski, 1984). There is little research to
demonstrate empirically the conditions under which trait and behavior information
become salient. Therefore, whether trait and behavior cues bear an influence on

the utilization of performance information needs investigation.

In essence, we do not have a clear understanding of influences on the
mental processes that lead to a judgment in performance appraisal. Whether
purpose determines the type of information necessary for a judgment, and
thereby, affects the utilization of cues, lacks evidence. Further, we lack theories
that may explain what determines cue saliency in performance judgment, and we
lack evidence on whether cognitive complexity affects the: way raters mentally

combine performance information.

C. THE PURPOSE OF THE STUDY

This investigation tested hypotheses pertaining to the influence of appraisal
purpose, cue dimensionality, and cognitive complexity on how rating judgments are
formed. Specifically, the effects of these variables were examined on subjective
valuation, utilization, and integration of information - the processes that lead to a

rating response (Anderson, 1981).

The effects of purpose and cue dimensionality were observed on subjective

importance and utilization of performance related information. Rating judgments
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were required for the purposes of (a) providing feedback on the quality of
performance - formative judgment, and (b) indicating the suitability for promotion
- summative judgment. The ratings were an expression of judgment only, and did
not include any justification, guidance, and recommendations for improvement;
because the main interest in this study was on how rating judgments are formed
and not on how evaluations are to be communicated for development. Cue
dimensionality was represented by trait and role information. The predictions that
purpose and cue dimensionality will influence subjective importance and utilization
of information, and that cue utilization will be consistent with subjective

importance of cues, were examined.

The effects of purpose and cognitive complexity were observed on the use
of cue integration strategies. The information integration strategies were of two
broad types: compensatory and noncompensatory. A compensatory strategy is in
use when cues are combined additively or by averaging across dimensions; a
noncompensatory strategy is in use when cues are combined interactively or
mulitiplicatively across dimensions (Einhorn, 1970, 1971; Hogarth, 1980). The
predictions that appraisal purpose, and cognitive complexity will influence the use

of information integration strategies were examined.

In addition, this study served two exploratory purposes. One was to explore
the measurability of good instructor schema - the mental representation of the
characteristics of a good instructor. The other was to explore the effect of
cognitive complexity on halo in performance ratings, using correlational techniques

to assess halo (Pulakos, Schmitt, & Ostroff, 1986).
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D. THE CONTEXT

The primary goal of this investigation was to describe cognitive phenomena
underlying human judgment in performance appraisal. The goal of a study often
imposes its own constraints on design and procedure. To achieve the goal of
describing and ﬁhderstanding how certain variables affect cognitive processes in
performance judgment, this study was conducted as a laboratory experiment, so

that the nature, amount, and presentation of information could be controlled.

The use of a laboratory procedure, however, relies on the assumption that
human cognitive processing varies little when task demands are similar. A
further assumption is that people have no special reason to distort their mental
functioning in a simulated task. The fundamental premise of this study (and of
related studies in the literature) is that how a person processes information in a
contrived setting can provide important heuristic clues as to the mental strategies
underlying performance judgment. These clues then may indicate directions for

research within the ecological reality of the phenomena of interest.

Performance judgm:2nt takes place in many settings. A suitable setting for
this study was appraisal of teaching. Evaluation of teaching takes place at all
levels of the educational system. The present study was anchored in the
appraisal of teaching in higher education. A majority of the previous studies of
performance appraisal which deal with purpose and cognitive complexity have
been done on student evaluation of university teaching. Accordingly, it was
reasoned that a similar sample and. judgment task would facilitate the

interpretation of the results.
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Furthermore, students in higher education are increasingly required to
provide evaluations on their instructors. Interest in student evaluation of teaching
at colleges and universities is growing (Dunkin & Barnes, 1986; Marsh, 1984).
At the wuniversity level, evaluation of teaching is required for the purposes of
feedback to the instructor and for tenure/promotion decisions, but much
controversy surrounds the reliability and validity of student evaluations of

teaching (Centra, 1979; Cohen, 1981).

E. SIGNIFICANCE OF THE STUDY

The benefits of the present investigation are mainly at the theoretical level.
Studying how task features and individual characteristics influence the cognitive
processes in judgment of teaching, increases our understanding of how
performance judgments are formed. If we know how judgments are produced, we
may succeed in reducing the fallibility in human judgment in general, and in the

evaluation of teaching in particular.

Although all evaluative judgment may serve specific purposes, we do not
know much about the effect of purpose on how performance judgments are
mentally processed. The results here may clarify our understanding of the effect
of appraisal purpose on performance judgment from a cognitive perspective. In
addition, the opportunity to infer cognitive processing of performance information
experimentally, may provide clues to the conditions leading to bias and inaccuracy
in performance judgment. An accumulation of such knowledge may provide a
knowledge base from which may evolve a formal model of the rater as theoretical

basis for measurement procedures (Feldman, 1981; Krantz et al., 1971).
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Several studies on human judgment processes have found that judgment
strategies are affected by cue dimensionality. In most of these studies, the
dimensions of the stimuli are arrayed from most to least salient, and the effect
of cue saliency on judgment is observed (Wallsten, 1980). As cue dimensionality
in this study reflected traits and role behaviors, the findings may suggest the
importance of conceptualizing cue dimensionality in terms of semantic features of

information.

And finally, the neglect of developmental constructs on research in human
judgment is unfortunate (Pitz & Sachs, 1984). Investigating how cognitive
complexity, a developmental construct, affects the use of cue integration ‘strategies
may further add to our knowledge of processes in judgment. The problems people
have in using multiple strategies for integrating cues into a judgment, may well
be a result of their developmental maturity. Developmental constructs may add a

new dimension to theorizing on human judgment.



II. REVIEW OF THE LITERATURE

This chapter provides a review of the pertinent theoretical and empirical
literature related to cognitive processes in human judgment and performance
appraisal. This is accomplished in five parts. The first part (A) is a discussion
of influences on judgment processes. The second part (B) is a discussion of
cognitive perspectives on performance judgment. An analysis of research bearing
on raters’ cognition is presented in part three (C). The fourth part (D) is a
discussion concerning evaluation of teaching. The chapter concludes with a

summary in part five (E).

A. INFLUENCES ON JUDGMENT PROCESSES

Researchers have studied many factors which may affect human judgment.
Generally, the literature indicates that judgment and decision processes are
affected by (1) the cognitive limitations of the mind; (2) mental models, schemata
or cognitive structures; (3) features of the task environment. These influences on

the formation of judgment are discussed in the following three sub-sections.

1. Cognitive Limitations

The limitations of our mental apparatus affect how we cope with large
amounts of information available to our sensory modalities. The human mind has
a number of limitations. Attention is a scarce resource and never totally
available (Kahneman, 1973). The storage capacity of the working memory is

limited (Miller, 1956), and the processing of information is mainly in a serial

13
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manner (Newell & Simon, 1972). Although the working memory is under the
immediate control of a person, it allows manipulation of only about seven "bits"
(Milier, 1956) or five "chunks" (Simon, 1974) of unrelated information in a serial
manner. Serial processing produces recency and primacy bias in extracting
meaning from information on which judgments may be based. Furthermore, unless
information in working memory is rehearsed, it is rapidly lost (Atkinson &
Shiffrin, 1971) because the processing duration is brief, usually less than ten

seconds (Murdock, 1961).

Limitations on attention and memory storage make iaerception selective and
anticipatory (Neisser & Becklon, 1975). As a result, what a person expects to
see tends to determine what a person does see. It has been found that people
have a strong tendency to - seek information that is consistent with their
expectations, than to seek information that may disconfirm their expectations
(Webster, 1964). For instance, researchers of social cognition have found that
aspects consonant with personal view are generally given more weight than

nonconsonant information (Nisbett & Ross, 1980).

Limited attentional resource, limited storage capacity of the working
memory, sequential processing, brief execution times,‘ and selective perception
mean that the mind usually can process only a ‘small amount of information at
one time. These limitations require an individual to develop and utilize simplifying
cognitive processing operations in order to deal with large amounts of data in a

judgment task.
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2. Mental Models

Cognitive processing of large amounts of' data is facilitated by categorization
of information (Bruner, Goodnow, & Austin, 1956). Research on categorization of
objects and events has shown that information is commonly stored and processed
in relation to mental models, prototypes, or schemata (Mervis & Rosch, 1981;
Smith & Medin, 1981). It is therefore natural and economical that one may
judge an object, event, or procedure by the degree to which the observed
stimulus set is representative of one’s schema (Rumelhart, 1977, 1980; Rosch &

Mervis, 1975) or mental models (Holland, Holyoak, Nisbett, & Thagard, 1986)

Mental models or schema are abstract knowledge structures in our mind.
To describe knowledge structures, psychologists have wused terms like frames
(Minsky, 1975), scripts (Abelson, 1976), prototypes (Cantor & Mischel, 1977),
nuclear scenes (Tomkins, 1979), and reference frames (Leyton, 1986), in addition
to an earlier and more general term, schema (Bartlett, 1932; Piaget, 1936/1970;
Rumelhart, 1977, 1980). Taylor and Crocker (1981) defined a schema as- a

cognitive structure that consists in part the representation of some

defined stimulus domain. The schema contains general knowlédge about

that domain, including the specification of the relationships among its

attributes, as well as specific examples or instances of the stimulus

domain. (p. 91)

In a judgment task, mental models, schema or knowledge structures are
assumed to be utilized via the effortless, readily available simplifying heuristics.
A number of such heuristics commonly used in judgmental tasks have been

popularized by Kahneman and Tversky (1972, 1973). These include judgment by
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representativeness, judgment by availability, and judgment by anchoring and
adjusting. Kahneman and Tversky suggest that although these heﬁristics are
economical and useful, nonetheless, they lead in certéin circumstances to
systematic errors in human judgment. Cooper (1981)‘ and Feldman (1981)
speculated the mediating role of the representativeness heuristic in performance
judgment. Judging by representativeness involves an assessment of the degree of
correspondence between a sample and a population, an instance and a category,
an act and an actor, or more generally, between an outcome and - a mental

model of some sort (Kahneman & Tversky, 1984).

Mental models facilitate cognitive processing, but also introduce bias in
judgment. Schema give structure to experience, determine information encoding
and” retrieval, fill in missing data, and provide the basis for problem solving,
planning and anticipating the future (Bruner, 1971; Hastie, 1981; Taylor &
Crocker, 1981). Given these functions of schema, schematic processing or
prototype matching facilitates judgment, but schematic processing could also lead
to faulty inferences when the stimulus configuration is incongruent with one’s
schema. Taylor and Crocker (1981) cite evidence of faulty medical diagnosis
(Elstein, . Shulman, & Sprafka, 1978), prejudice among jury members (Davis,
Spitzer, Nago, & Stasser, 1980), poor policy decisions (Janis & Mann, 1977),
and belief in discredited theory (Kuhn, 1970) as induced by schemata. Although
schema is widely used as an explanatory concept, Fiedler (1982) points out that

attempts to proivide verification by measuring schema are rare.

Similarly, simplifying heuristics cause systematic errors and inconsistencies in

human judgment and decision making (Kahneman, Slovic, & Tversky, 1982).
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Judgment of prototypicality is made through the use of judgmental heuristics like
the representativeness heuristic (Tversky & Kahneman, 1974); the
representativeness of a particular stimulus is judged by invoking a schema
against which the stimulus configuration is compared (Taylor & Crocker, 1981).
However, there is evidence that the representativeness heuristic makes people
insensitive to prior information (unless it 1is causal in nature), leads to
misconception of chance, misconception of the regression phenomena, and to an
illusion of wvalidity (Kahneman & Tversky, 1972, 1973). An error or bias in
judgment may therefore result from a person becoming insensitive to variations in
data due to his/her reliance on simplifying heuristics, prototype matching or

schematic processing. -

3. Judgment Task Environment

Investigators have identified a number of contextual factors that affect
strategy use in a judgmental task other than performance judgment. Most of the
research has focused on stimulus features. Earlier research mostly relating to
gambles, business, and medical judgment ‘investigated cue inter-relationships,
cue-response compatibility, set size, extremity of information, redundancy,
inter-item consistency, and primacy and recency effects (Slovic & Lichtenstein,
1971). The results have generally demonstrated that presentation format of cues

relates to variations in judgment strategies.

More recent research has examined other features of information which may
influence judgment processes. Researchers have found that the amount of

information or information load affects information search and integration
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strategies in judgment tasks. For example, Payne (1976) manipulated the
complexity of the judgment task by varying the number of alternatives and the
number of cue dimensions. The results showed that the search for information
decreased as the total amount of information increased, indicating a trade-off
between cognitive load and the complexity of information. Similarly, Shaklee and
Fischhoff (1982) found changes in judgment strategies as information load
increased demands on memory, and Shaklee and Mims (1982) found a tendency

to use simpler but less accurate strategies as memory demands increased.

The manner in which a judgment task is presented and the instructions
given to subjects to perform the task affect judgment as well. Tversky and
Kahneman  (1981) manipulated information  presentation. @ They  presented
information as negatively and positively framed, and found a strong effect of
framing on subjects’ inferences in probabilistic judgment. Crocker (1981) suggested
that instructions to the subjects is one of the important factors influencing

people’s judgment of covariation in data.

In the majority of past research on information processing in judgment, the
saliency of cues has been found to have a profound impact on cue utilization
and integration strategies. For example, the anchoring and adjustment heuristic
proceeds from the most salient dimension of the stimulus, and adjustment is
made as additional dimensions are considered (Tversky & Kahneman, 1974).
Although cue saliency has been an important explanatory variable, there has
been little effort to define and manipulate it (Nisbett & Ross, 1980).
Consequently, there is no theory addressing how cue saliency may be determined

(Wallsten, 1980). However, in a study by Wallsten and Barton (1982), cue
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saliency was manipulated by varying perceptual characterfistics and the probability
of occurrence. They found that despite the prominence of probabilities, subjects
were also responsive to perceptual features of the stimuli. Perceptual
manipulations intended to affect dimensional salience and processing order
generally had the predicted effect, whereby subjects traded off perceptual and

probabilistic features.

In the past, the effect of cues or stimulus dimensionality in research on
judgment processes seems to have. been mainly researched in terms of perceptual
characteristics and probability of occurrence of cues, the factors which were
assumed to induce differential salience (Wallsten & Barton, 1980; Slovic &
Lichtenstein, 1971). However, stimulus information may depend on other factors
as well. In perception research, one view is that information is in meaning,
extent, time, frequency, and intensity (Kubovy, 1981). Another view is that
information is in structure (Garner, 1974); the potential origins of structure are
experience, constraints, statistics, analysis, and geometry (Cutting, 1987).
Perspectives in social perception and judgment suggest that information is in the
concreteness of the stimuli (Nisbett, Borgida, Crandall, & Reed, 1976) and

personal implicit theories (Nisbett & Ross, 1980).

B. COGNITIVE VIEWS OF PERFORMANCE JUDGMENT

The current emphasis in performance appraisal research is on the entire
performance judgment process of which a rater’s cognition is an important aspect.
Attention is drawn to a rater’s cognitive functioning in the formation of the

rating response, with a view to examining the potential causes of biases and
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errors in performance judgment. Several theoretical models of performance
judgment have been derived from theories and research in cognitive and social
cognitive psychology. Generally, it is suggested that performance appraisal be
viewed in terms of person and social perception, cognitive categorization, and
prototype matching. These perspectives are discussed in the following four

sub-sections.

1. Cognitive Distortion in Performance Judgment

One of the earliest process oriented approaches to performance evaluation
was outlined by Borman (1978). He viewed performance appraisal as a three
step process. The first step was observing work-related behaviors. The second
step was evaluating the behaviors in terms of the effectiveness they represent,
and the third step was mentally weighting the evaluations to arrive at a single
rating on a performance dimension. Although the third step in Borman’s model
had direct implications‘for cognitive processing of performance information, he did
not explicate processes in terms of a rater’s cognitive functioning. He limited his
discussion to suggesting that in arriving at a single ratiﬁg, raters somehow

combine the information from multiple dimensions.

Cooper (1981) elaborated Borman’s (1978) model, and speculated how
cognitive distortion may be introduced in performance judgment. Cognitive
distortion refers to the phenomenon of observationis being distorted in such a way
that raters both lose and add information. The loss of information ma& occur
due to the failure to retrieve observed information stored in memory, whereas

addition of information may result from a rater’s implicit theories of illusory
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covariation of the rating dimensions. He suggested tﬁat the reliance on heuristics
of judgment (Tversky & Kahneman, 1974) appear to be a factor causing
cognitive distortions. However, he stated that because systematic research was
lacking, many of the processes could only be hypothesized. Cooper (1981) -
interpreted the halo error as cognitive distortion, drawing upon implicit personality
theory literature (Schneider, 1973), research on covariation judgment (Chapman &
Chapman, 1969), and theorizing on people’s construction of reality (Kelly, 1955).
Addressing halo, Cooper (1981) felt, "Prospects for eliminating it remain slim
until there is a better appreciation of the halo-reduction barriers represented by

cognitive distortions” (p. 235).

2. Performance Appraisal as Person Perception

Upon reviewing a large body of literature on performance rating, Landy
and Farr (1980) conceptualized a coherent representation of the entire
performance appraisal process. They proposed that performance rating be
examined as a specific phenomenon of person perception, from the perspective of
implicit personality theory, and Wherry’s psychometric theory of rating (Wherry

& Bartlett, 1982).

The major components of Landy and Farr’s (1980) model are the context
of appraisal and the rating process. The rating process is comprised of the
cogniﬁve strategies of the. rater and the administrative appraisal system of the
organization. In the main, the authors suggest that cognitive characteristics of the
rater, the purpose of rating, and organizational variables such as the position

being rated have significant bearing on performance judgment. In their model,
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special emphasis is placed on raters’ cbgnitive processing of performance
information. The authors expressed the concern, "We must learn much more
about the way in which potential raters observe, encode, store, retrieve, and

record information if we hope to increase the validity of ratings” (p. 100).

Landy and Farr (1980) noted that cognitive characteristics of raters have
not been investigated systematically. They proposed that cognitive complexity and
the way a rater "treats" or mentally integrates several * dimensions of
information, could be a potential source of variance in rating judgments. They

also stressed the central importance of the purpose of performance judgment.

3. Performance Appraisal as Prototype Matching

An alternative process model of performance appraisal was proposed by
Feldman (1981), and later elaborated by Ilgen and Feldman (1983). Their model
is based on theories and literature on cognitive 'catego'rization and prototype
matching (Rosch, 1978), person perception (Cantor & Mischel, 1977, 1979), and
on the theory of automatic and controlled processing of information (Schneider &

Shiffrin, 1977).
/\

According to 1Ilgen and Feldman (1983), performance judgment is an
outcome of matching an employee with the attributes of prototypes representing
categories in a .rater’s mind. The assignment to a category is either automatic or
consciously monitored. When an employee demonstrates behavior similar to the
stored prototype, assignment to the category is via automatic processing; the

matching process is accomplished automatically with little mental effort. When an
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employee’s behavior is unlike the prototype in some respect, controlled processing
is involved bhecause special cognitive effort and attention are required in the

prototype matching process.

Hence, Feldman et ?.l. suggested that the recall of information about an
employee may be influenced by how the information was encoded. Haloed ratings
result from recall of prototypical information, because distinct behaviors are
treated as being similar when classified into a category. In trait rating, the
traits are recalled together and covary with category. Thus, "the more
prototypical the stimulus person the greater will be the halo effect” (Feldman,
1981, p. 140). Discussing halo, under-evaluation and over-evaluation, Feldman
(1981) contended, "neither overt prejudice nor motivational biases are necessary to

produce such results, which arise from the nature of the categorization processes

itself" (p. 130).

Based on research on human cognition, Feldman (1981) suggested that
categorization in performance appraisal may be affected by selective attention,
rater expectancies, and memory distortions via the use of simplifying heuristics of
judgment (Tversky & Kahneman, 1974). Additionally, Feldman et al suggested
that a rater’s cognitive structure and personal construct system or cognitive
complexity (Kelly, 1955) may also influence the categorization of ratees. As no
direct evidence was available, Feldman (1981) concluded by recommending
laboratory based investigations _of' ratee categorization processes, together with

related psychometric and field research.
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4. Performance Appraisal as Social Perception

Another cognitive view of performance appraisal process has been presented
by DeNisi, Cafferty, and Meglino (1984). Their model is based mainly on Wyer
and Srull’s (1981) model of category accessibility. DeNisi et al’s model portrays
performance appraisal as the product of a set of social cognitive operations.
These operations include information acquisition, organization, retrieval from
memory and the integration of information to form a judgmental rating. DeNisi
et al. consider, "performance appraisal is an exercise in social perception and
cognition embedded in an organizational context requiring both formal and implicit

judgment" (p. 362).

DeNisi et al. (1984) claimed that the purpose for appraisal and the role of
the rater as an active information seeker are two distinct features of their
model. The purpose for appraisal may predispose the rater to select an internal
frame of reference or a schema which guides information search and
interpretation. They suggested that schema, the mentally stored prototype of a
good worker, guides what information is sought and how that information is
interpreted. Acquisition of job-relevant information is considered the primary input,
which may also be affected by factors other than one’s schema, such as time

pressures operating on the rater and the nature of the rating instrument.

DeNisi et al. (1984) emphasized the need for an examination of a rater’s
information search and integration strategies, given different purposes for
evaluation and different rating instruments. The role of a raters’s memory

accessibility is considered critical. A rater’s cognitive complexity and field
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dependence-independence dimension of cognitive style are also considered important

influences in processing information related to performance.

In essence, the cognitive views of performance judgment discussed above are
based largely on related theories and literature dealing with person perception
and social cognition. As a result,‘ these theoretical models reflect similar views,
but Ilgen and Feldman (1983), and DeNisi et al. (1984) are more explicit in
their statement of needed empirical research. These views tend to emphasize
information acquisition. Although information acquisition is undoubtedly necessary,
it does not complete the judgment process. A person "operates" on the
information, that is, mentally weighs and integrates the information 'gathered, to
reach a judgment (Anderson, 1981). Acquisition of information may be highly
automatic and distorted by stimulus features alone, as happens in perceptual
illusions. Comparatively, weighing and integrating information, that is actually
forming the judgment is presumably deliberate, and involves controlied (Schneider

& Shiffrin, 1977) and deeper processing of information (Craik & Lockhart, 1972).

A common thread in the process models of performance appraisal is the
emphasis on raters’ cognition (Copper, 1981; DeNisi, et al. 1984; Ilgen &
Feldman, 1983; Landy & Farr, 1980). In these views, it is suggested that the
purpose of performance judgment and raters’ cognitive complexity bear influences
on how rating judgments are formed. Although how raters process information is
of central importance, these models have not addressed the importance of cues on
which judgments may be based. However, researchers in other areas have shown
that cue dimensionality is an important variable affecting information use and

judgment strategies (cf. Part A.3 in this review).
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C. RESEARCH ON RATERS’ COGNITION

Theorizing on cognitive processing of performance information has indicated a
number of important areas for investigation in the performance appraisal process.
The importance of appraisal purpose and raters’ cognitive complexity has been
repeatedly stressed. The empirical literature in these areas is reviewed in this

section.

1. Cognitive Effect of Appraisal Purpose

A number of researchers have suggested the importance of purpose for
judgment in the performance appraisal process (DeCotiis & Petit, 1978; DeNisi et
al., 1984; Landy & Farr, 1980; Zedeck & Kafry, 1977). Earlier studies reviewed
by Landy and Farr (1980) indicated that purpose for evaluation operates as a
motivational  variable. These studies reported that ratings required for
administrative decisions were significantly less lenient than ratings done for the
purpose of research studies. However, it is postulated that the purpose for
performance evaluation may have effects beyond rater motivation (DeNisi, et al.,
1984; Ilgen & Feldman, 1983; Landy & Farr, 1980). The purpose for which an
appraisal is conducted may cue raters to search for and utilize certain types of

information, and thus serve a cognitive function.

One of the first studies revealing a cognitive effect of appraisal purpose on
rating judgments was conducted by Zedeck and Cascio (1982). These researchers
examined the effect of appraisal purpose on rater accuracy, discriminability, and

information utilization policy. They wused policy capturing methodology and
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operationalized information utilization in terms of the weighting (regression
weights) of the various dimensions of information presented in ratee vignettes of
33 supermarket checkers. Ratings on a seven point scale were required for
decisions about merit pay increases, the need for development/training, and for
retention of employees. Each rater’s standard deviation of ratings was used in an
ANOVA for testing the hypothesis on discriminability between ratees as a
function of appraisal purpose and rater training. Only the effect of appraisal
purpose was found significant. The group evaluating for m(;,rit pay raises
weighted "skill in human relations" most heavily, and the groups evaluating for
development and retention purposes relied equally on "organizational ability and
bagging skill." The researchers interpreted this information utilization policy in
terms of organizational and consumer perspectives because of the appropriateness

of the dimensions weighted for different appraisal purposes.

Although Zedeck and Cascio (1982) presented some evidence on the cognitive
effect of appraisal purpose on rating judgments, their study 1is limited to
information utilization - they did not examine the effect of appraisal purpose on
;;He use of information integration strategies. Furthermore, they di(i not proceed
with a theoretical framework for interpreting information utilization as a function
of appraisal purpose, a criticism that has also been echoed by others (Williams,
DiNisi, Blencoe, & Cafferty, 1985). An alternative explanation for information
utilization in their study may be offered in terms of the processing of personality
information and job behaviors for different purposes. This alternative explanation
is based on schematic processing, a theoretical perspective from which predictions
could be made about the usage of information across different jobs, when ratings

are done for different purposes.
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A weak effect of appraisal purpose on psychometric qualities of ratings was
reported by MecIntyre, Smith, and Hassett (1984). A sample of undergraduates
rated videotaped lectures acted by drama students. Ratings on teaching
effectiveness were required for three purposes: research, course improvement, and
hiring decisions. Subjects were instructed about the purpose of their rating before
presenting the videotapes. A post-experimental questionnaire was used to check if
the purpose of rating was appropriately perceived by the different groups.
Because of unequal cell sizes and heterogeneity of variances for every dependeﬁt
variable investigated, the researchers presented their results of the main effects
at a conservatively adjusted (reduced degree of freedom) alpha level of .10, and

concluded a weak effect of appraisal purpose on leniency and accuracy of ratings.

McIntyre et al. (1984) u-lsed the final ratings (the product) as the dependent
variable to - draw inferences about the effect of appraisal purpose on raters’
cognition. This prevented the researchers from discussing any aspect of
.information processing in raters’ cognition, which may have been influenced by
different purposes of appraisal. Although 15 of their subjects were excluded from
the analysis, the authors did not report if the excluded subjects were equally
distributed across the three purpose conditions in the study. Comparing their own
results with those of Zedeck and Cascio (1982), McIntyre et al. (1984) questioned
whether the variable was a purely cognitive one, glthough their study did not
directly address information utilization and integration. However, in discussing the
results, MclIntyre et al. argued that the perceived purpose of rating may have
mainly an emotional effect. One of the groups in their study was rating for the
purpose of research (their study), but rating for research is hardly ever a real

function of performance evaluation.
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A study that has more directly examined the® effect of appraisal purpose on
raters’ cognitive processes was conducted by Williams, DeNisi, Blencoe, and
Cafferty (1985) who examined how purpose influenced information acquisi;r,ion and
utilization. In the first experiment, they presented consistency, distinctit_)eness, and
consensus information on eight hypothetical ratees, in light of Kelley’s (1971)
covariation principles in attribution theory. They investigated whether subjects
used the three types of information differently, resulting in different judgments
for different purposes. Analysis on mean ratings showed that appraisal purpose
had a limited effect on consistency, distinctiveness, and consensus information.
Yet, the researchers suggested that raters were ‘“sensitive to covariation
information”. In their second experiment, they investigated raters’ search for
different types of information as a function of appraisal purpose. Subjects were
required to request distinctiveness, consistency, consensus, and covariation
information presented on a micro computer. A MANOVA on preferences (after
arcsine transformation) across purposes did not show a significant main effect of
appraisal purpose. For all three purposes, distinctiveness information was preferred
most, followed by consensus, and consistency information. Discussing the pattern
in information requested, the researchers concluded that appraisal purpose appears
to serve a cognitive function affecting the type of information searched for, but
perhaps not the use of that information, a conclusion which contradicts Zedeck

and Cascio’s (1982) finding discussed above.

Williams et al. (1985) did not study the interaction between rating purposes
and the type of information presented to the subjects. Moreover, a possible logical
flaw in their study was that they investigated information utilization followed by

information search, but in cognition, information search most likely precedes
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information utilization. Therefore, their conclusion that raters may search for but
not use different types of information in rating for different purposes, suffers
from the illogical order in which information search and utilization were
investigated. They seem to make that conclusion on the analysis of information
preferences in the second experiment. Preference and use of information may not
be the same. Analyzing preferences and addressing information use is perhaps a
great inferential leap on their part. Moreover, the fact that they did not seek
interaction effects in their first experiment, and did not correlate information
preferences with the ratings, leaves a gap in our understanding of the relative
contribution of the three types of information to rating judgments. Nevertheless,I
in comparison to other studies on the topic, their theoretical stance in presenting
different types of information is a step forward in studying the effects of

purpose on raters’ cognition.

The effect of appraisal purpose on accuracy in observing teacher behavior
and evaluating teaching performance was investigated by Murphy, Balzer, Kellam,
and Armstrong (1984). Ratings were required for - research and for making
personnel decisions. Forty five student subjects evaluated four videotaped lectures
delivered by graduate students. Subjects were informed of | the purpose of their
rating, and were required to (a) rate each lecturer’s performance on standard
teacher evaluation forms, and (b) indicate the frequency with which twelve
"well-defined" behaviors were observed in each lecturer. The investigators found
that appraisal purpose did not affect the accuracy of performance ratings; nor
did it affect the accuracy of observing the frequency of the critical behaviors.
However, they found that appraisal purpose did influence the relationship between

accuracy in observing teacher behavior and the accuracy in evaluating teaching
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performance. This latter finding led the experimenters to speculate that appraisal
purpose affects the way raters process information, without necessarily affecting

the general level of ratings.

In the four studies reviewed above, the pattern of results and certain
features of the study procedures are noteworthy. The two studies that did not
find a clear and substantial effect of appraisal purpose had "rating for the
purpose of research" (their studies) as one of the rating purposes (Mclntyre, et
al. 1984; Murphy, et al., 1984). Because rating for the purpose of research is
hardly ever a true function of performance appraisal, it ma& not have invoked a
particular schema or prototype to provide a basis for judgment. Prototypes and
implicit theories may exist in terms of performance effectiveness but not in terms
of appraisal for research functions. Therefore, it would have been difficult for
raters to engage in prototype matching, and for the researchers to find a
reasonably strong cognitive effect of appraisal pﬁrpose. Moreover, these studies
also required appraisals on only two or four ratees, which did not allow a
sampling of a sufficiently large number of occasions. Epstein (1980) has warned
about the limitations of not aggregating a reasonable number of occasions in the

study of human behavior.

With the exception of one experiment by Williams et al. (1985), and the
study by Zedeck and Cascio (1982), the rest of the studies have mainly analyzed
the final ratings (the product) and drawn inferences about the effect of purpose
on raters’ cognition. The effect of purpose on the processes in cognition, that is
how information is mentally weighted, utilized, and integrated, has received little

attention. Only one of the studies (Williams, et al.,, 1985) has presented
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information using a theoretical rationale, although performance evaluation may not
be a case of attribution of causality. And finally, none of the studies provided a
wide enough scale for an unrestricted expression of subjective judgments.
-Researchers of information integration suggest the use of a scale with about 20

points for functional measurement of subjective judgment (Anderson, 1982).

2. Effect of Cue Dimensionality

In past research on human judgment processes, cue dimensionality, mainly
the saliency of cues, has been found to have an effect on cue integration
strategieé (Nisbett & Ross, 1980; Wallsten, 1980). In contrast, the importance of
cue dimensionality appears to have been oversighted in theoretical perspectives on
cognition in performance judgment (Cooper, 1981; DeNisi, et al., 1984; Ilgen &

Feldman, 1983; Landy & Farr, 1980). -

Researchers addressing rater cognition appear to have also overlooked the
effect of cue dimensionality on information use and integration in processing
rating judgments (Cardy & Kehoe, 1984; Murphy, et al, 1984; Murphy &
Balzer, 1986; McIntyre, 1984; Zedeck & Cascio, 1982). One study that
investigated the use of information of different types is that of Williams et al.
(1985), provided that consistency and consensus information can be perceived as
aspécts of cue dimensions. However, their discussion is limited to suggesting that

raters were sensitive to covariation information.

In performance judgment, trait and behavior are the two main dimensions

of performance information (Wexley & Klimoski, 1984). Besides, trait and
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behavior are naturally occurring dimensions of information in person perception
(Cantor & Mischel, 1979; Nisbett & Ross, 1980). Although performance judgment
is conceived of as an exercise in person perception (DeNisi, et al., 1984; Ilgen &
Feldman, 1983; Landy & Farr, 1980), none of the studies on rater cognition
reviewed here sought the effect of trait and behavior information on rating
judgments. Furthermore, none of the studies sought the interactive effects of
appraisal purpose and cue dimensionality on the subjective importance and actual

use of information in the formation of rating judgments.

3. Influence of Cognitive Complexity

Considerable literature has dealt with cognitive complexity as a variable
which influences people’s perceptions and evaluations of events. Vannoy (1965)
states that although wvarious writers have given somewhat different meanings to
the construct, it has generally been postulated that some persons are prone to
employ few dimensions when they perceive and evaluate stimuli, or are inclined
to make only very gross discriminations among dimensions for meaning; other
persons are Dbelieved to employ many dimensions, and/or to maku. fine

discriminations among the dimensions they utilize.

Cognitive complexity is a construct that emerged from Kelly’s (1955) theory
of personal constructs, énd is commonly defined as a "disposition to view the
person-objects in one special environment in a complex or differentiated manner"
(Vannoy, 1965, p. 385). A cognitively complex person has a relatively more
differentiated system of dimensions for processing the behavior of others than a

cognitively simple person (Bieri, Atkins, Briar, Leaman, Miller, & Tripodi, 1966).
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Bieri et al state that cognitive complexity is the ability to discriminate between
dimensions attributed to stumili (i.e. differentiation) and the ability to discriminate

within each dimension (i.e. articulation).

The construct of cognitive complexity has previously been examined as a
moderater variable in studies of leadership behavior Mitchell, 1970), team
performance (Kennedy, 1971), and decision making (Menasco, 1976). Theorists of
the performance appraisal process have also emphasized the role of a rater’s
cognitive complexity (DeNisi, et al., 1984; Ilgen & Feldman, 1983; Landy &
Farr, 1980) Raters’ cognitive complexity may describe the way in which they
organize and integrate their thoughts, and reflect the relative number of

dimensions they use to describe what they perceive.

The effect of cognitive complexity on performance appraisal was first found
by Schneiel; (1977). Schneier defined cognitive complexity as "the degree to which
a person possesses the ability to perceive behavior in a multidimensional manner"
(p. 541), and measured the variable using the Role Construct Repertory (REP)
grid. In his study, cognitively complex raters demonstrated less halo, were less
lenient, and used a wider range on behaviorally anchored rating scales (BARS)
than did the cognitively simple raters. On .these findings, Schneier (1977)
suggested that to the degree there is compatibility between a rater’s cognitive
complexity and the cognitive demands of the appraisal process, there will be an

increase in the psychometric quality of the resultant ratings.

Following Schneier’s (1977) findings, a number of reviewers suggested that

cognitive complexity of raters may relate to effective performance appraisal
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(DeCotiis & Petit, 1978; Dunnette & Borman, 1979; Jacobs, Kafry, & Zedeck,
1980). In the cognitive process models discussed earlier in this review (Part B),
Feldman (1981), Landy and Farr (1981), and DeNisi et al. (1984) have also
pointed out the importance of a rater’s cognitive complexity in making
performance judgments. As a result, several researchers have empirically tested
the relationship of cognitive complexity to performance rating effectiveness
(Bernardin, Cardy, & Carlyle, 1982; Lahey & Saal, 1981; Sauser & Pond,
1981), but surprisingly, Schneier’s findings have not been confirmed in any of

these investigations.

Lahey and Saal (1981) investigated the cognitive compatibility hypothesis
using three different cognitive complexity measures and four different rating
scales. Cognitive complexity of undergraduate students was assessed with a REP
grid, factor analysis of the REP grid data, and a sorting task. Performance
ratings were obtained on a seven point BARS, three point mixed standard rating
scales, seven point graphic rating scales, and simple "alternate" three point rating
scales. No differences in leniency, halo, or range restriction emerged either as a
function of cognitive complexity, or from the interaction of cognitive compleXity

with scale format.

As Lahey and Saal (1981) used multimethod assessments of cognitive
complexity and rating properties, they considered their study a comprehensive test
of the cognitive compatibility hypothesis. Nevertheless, some procedures in their
study may have reduced the chaﬁces of obtaining the expected results. In all
their analyses, they used transformed ratings as data points. The ratings on the

seven point scales were transformed to three points in order to equate the
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metric for the repeated measures ANOVA. For example, in the analysis of
leniency effect, a compésite rating was obtained first by transforming seven point
scales to three and then by calculating the mean across dimensions. The
transf'orma.tions would have reduced the wvariability in the data, which perhaps
diminished the effect of cognitive compléxity.. Furthermore, they assessed halo by
calculating the standard deviation of ratings acfoss the rating dimensions for each
rater-ratee combination, which is an inadequate measure of halo according to a

recent Monte Carlo study by Pulakos, Schmitt, and Ostroff (1986).

Bernardin, Cardy, and Carlyle (1982) re-examined the role of cognitive
complexity as a predictor of appraisal effectiveness in a series of experiments. In
their first experiment, 28 undergraduates rated three of their psychoiogy
instructors on two separate scales. One scale was a BARS consisting of five
performance dimensions. The same dimensions were represented on ae second
three point graphic rating scale. Cognitive complexity was measured by a REP
grid, and halo was indexed by the standard deviation of each rater’s ratings on
five dimensions for each ratee. The data on BARS were transformed to a three
point scale to examine rating errors as a furiction of cognitive complexity and
scale format. There was no significant effect of complexity. "The analysis
procedure and the results were similar in the second experiment, in which the
effect of cognitive complexity was examined on the accuracy of ratings given to
two hypothetical instructors. In the third experiment, 381 police sergeants
evaluated two patrol officers from a pool of 65 (selection criteria is not stated)
on 11 dimensions using two rating scales. The analysis and the results were the
same as in the first two experiments. Based on the results of previous studies

as well as their own, Bernardin et al. concluded, "the plethora of null findings
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certainly casts doubt on at least the generalizability of the cognitive compatibility

theory, if not also its wvalidity."”

The null findings in the study by Bernardin et al. (1982) resulted possibly
from some of the procedures they adopted in their experiments. The
transformation of ratings from a ten point to a three point scale might have
reduced the variability in the data, and thereby, perhaps diminished the effect of
cognitive complexity. Furthermore, the fact that each sergeant appraised only two
of the 65 patr-ol officers means that the raters’ evaluations were being compared,
although they evaluated different officers (random selection cannot be assumed

because the selection criteria is not stated).

The discussion above suggests that previous research on the influence of
cognitive complexity on performance judgment suffered from a number of
methodological weaknesses. One of the weaknesses was the lack of face validity
of the REP grid because all of the studies reviewed above used the REP
measure with the same elements and constructs on the grid as introduced by
Bieri et al. (1966) in a study of clinical judgment. In performance judgment
research, these elements (e.g. father) and constructs (e.g. shy-outgoing) may lack
face validity. Another common limitation in the studies considered above is in the
assessment of halo. The standard deviation as an index of halo is now known to
be problematic (Pulakos, et al., 1986). Additionally, the transformation of ratings
probably resulted in a loss of variability, and thus, diminished the effect of
cognitive complexity. Because transformation of data reduces nonadditivity, it
might have masked interaction effects as well (Winer, 1971). And finally, the

concern with psychometric properties of ratings, has perhaps prevented the study
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of the information integration strategies which complex and simple raters use in

performance judgment.

However, some support relating to the cognitive compatibility hypothesis has
come from other areas. Researchers in education, for example, have used
“"conceptual level”, a concept similar to the notion of cognitive complexity, to
study supervisor-supervisee interactions. Thies-Sprinthall (1980) reported that
supervisors identified as conceptually differentiated were more flexible, responsive,
and recognized a wider range of teaching behaviors than the supervisors identified
at a lower level of conceptual development. Likewise, Grimmett (1984) found that
"abstract" supervisors, that is, supervisors at a higher level of conceptual-
development, engaged in conjoint appraisal of teaching-learning episodes with the
supervisees, -asked more open ended questions, and elicited ideas from the

supervisees more than the "concrete" supervisors.

D. EVALUATION OF TEACHING

Thorndike (1920) initially characterized the halo error in a study on
evaluation of teaching. Even today, appraisal of teaching performance (like
appraisal of performance in other occupational settings) is jeopardized by problems
in rating. The question of reliability and wvalidity of ratings of teaching
performance at elementary and secondary school levels continues to be a matter
of great concern (Evertson & Holley, 1981; Hawley, 1982; Medley, 1982).
Although student evaluation of teaching at colleges and wuniversities has been
widely endorsed in recent years (Centra, 1979), similar problems are present at

this level as well (Cohen, 1980, 1981; Marsh, 1984; Marsh & Overall, 1980).
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Current theorizing and research on teacher evaluation appears still to be
dominated by a concern with instrument development (Peterson, Micceri, & Smith,
1985), and with the problems of determining criteria and techniques for
evaluation (McGreal, 1983; Millman, 1981; Stiggins & Bridgeford, 1985).
Relatively little attention is given to the rater’s ability to draw inferences and to
the cognitive processes that may underlie performance judgments. Not surprisingly,
it has been pointed out that the potential contribution of theories from cognitive
psychol_ogy to research on teaching and teacher education has not yet been

widely realized (Shavelson, 1985).

Investigation of bias in student ratings of instructors has focused mainly on
the "Dr. Fox effect” or "educational seduction”. Researchers of the Dr. Fox effect
suggested that expressive or enthusiastic behavior was as important as the
content taught in arousing reactions toward instructors, and questioned the

validity of student ratings (Naftulin, Ware, & Donnelly, 1973).

One of the Dr. Fox studies investigated the effect of the purpose of
evaluation (Meier & Fteldhusen, 1979). The stated purpose of evaluation had no
effect on any of the rating measures; nor did purpose interact with
expressiveness and lecture content. Expressiveness had a significant effect on all
five rating factors but not on student achievement. The authors concluded that
"an expressive lecturer can generate a halo effect which influences others’
evaluation of him" (p. 343). Similar effect of expressiveness or enthusiasm was
observed in almost all of the Dr. Fox studies. In a meta-analysis by Abrami,
Leventhal, and Perry, (1982), the proportion of rating variance accounted for Dby

expressiveness had a weighted mean of .293 across twelve studies.
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The early Dr. Fox studies have been criticized for lack of external as well

as internal validity (Frey, 1978). In their meta-analysis, Abrami et al. (1982)
found that although there were methodological flaws in several of the studies and
disagreement on the issue of validity of student ratings, expressiveness typically
had a large impact on ratings, and lecture content typically had a large impact
on student achievement. Even if the Dr. Fox studies are considered
methodologically sound, these studies address bias as affective phenomena, and do
not consider the wvalidity of student ratings from a cognitive informati.on

processing perspective.

The cognitive processing of information in evaluation of teaching may vary
depending on one’s conception of teaching. According to Shulman (1986), "the
normative conception of teacher effectiveness is derived from one’s theory or
ideology and requires a judgment of correspondence between the conception and
the exemplar” (p. 28). It can be assumed from Shulman’s point of view that
those who judge ' téaching likely have exemplars, prototypes, or mental models of
a good teacher and good teaching. The good teacher schema may be in terms of
traits and behaviors because desirable personal traits and wuse of ef'fective-
methods are important characteristics of good teaching (Medley, 1979). In
evaluation of instructors researchers have found instructor enthusiasm, sociability,
warmth, ;=esourcefulness, and leadership are important traits (Cohen, 1981; Kulik
& McKeachie, 1975; Marsh, 1983), and planning, presentation clarity, grading,
communication, and research activity are important behaviors (Cohen, 1981; Frey,

Leonard, & Beatty, 1975, Marsh, 1983, 1984).
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E. SUMMARY

This review started with a discussion on how the cognitive limitations of
the mind and certain features of the task affect human judgment. The literature
indicates that to cope with the limitations of attention and memory, we use
schemata and simplifying heuristics. However, schematic processing may introduce
bias and inconsistencies in our judgment. Schemata are assumed to exist and
operate as theorized, and although schema is widely used as an explantory
concept, little effort has been devoted to its mesurement. Certain features of the
task such as the amount of information, cue saliency, and the manner in which
information is presented, also affect how we form judgments. Researchers have
found that cue saliency has a strong effect on judgment strategies. Cue saliency
may be determined by perceptual characteristics, structure and content of

information, and personal  implicit theories.

The cognitive perspectives on performance judgment were reviewd as well.
These views indicate a number of variables that may influence how raters
process information. Two of the wvariables suggested as having important
infiuences on how raters form rating judgments are cognitive complexity and the
purpose for appraisal. However, research findings concerning the effect of purpose
on raters’ cognition are limited and equivocal. Likewise, the findings on the effect

of cognitive complexity on the halo effect, are contradictory.

Studies which sought the effect of purpose on raters’ cognition were
examined, but no clear results emerged. The findings are mixed, and fail to

clarify how the formation of rating judgments are affected by purpose.
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Researchers have mainly analyzed the ratings and not the processes that lead to
a rating response, which include information utilization and integration. One study
that invesitigated information utilization lacked a theoretical basis for interpreting
the results; another study that addressed information utilization did not examine
the interaction between purpose and information utilization. Moreover, the purpose
conditions used in some of the studies were unrealistic, and the number of ratees

evaluated by the subjects quite small for the study of raters’ judgment strategies.

Studies that investigated the effeéts of cognitive complexity on performance
judgment, were also examined. The conclusions of most of these studies are
pessimistic, particularly in regard to the effect of cognitive complexity on
psychometric qualities of ratings, but the pessimistic conclusions may be a result
of assesing halo by  inapropriate means. Futhermore, not only some of these
studies have methodological flaws, they have focused exclusively on psychometric
properties of ratings. The studies reviewed here did not consider the effect of

cognitive complexity on the use of varied information combination strategies.

Researchers of human judgment processes have found that cue
dimensionality has a strong effect on information wutilization and integration
strategies. The literature revieweci indicates an absence of a clear theory on
what determines cue saliency. The studies reviewed here did not seek the effect
of cues on raters’ cognition. Nor is the importance of cue dimensionality

addressed in the prevalent cognitive perspectives on performance appraisal.

Consequently, there are a number of matters that need to be resolved. We

need to study the effect of appraisal purpose on cognitive processes that lead to
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a rating judgment. Specifically, whether purpose affects information valuation,
utilization, and integration needs to be examined, so that the effect of purpose
on raters’ cognition could be clarified. Further, we need to determine whether
purpose and cue dimensionality conjointly influence judgment processes, so that
what affects cue saliency in performance judgment could be identified. Research is
also needed to study the influence of cognitive complexity on the use of
information integration strategies, so that we learn more about individual
variables that affect performance judgment. Additionally, the relationship between
cognitive complexity and halo needs to be explored with halo assessed by
cotrelational means. And finally, given the importance of schemata in human
judgment, procedures to measure schema at the individual level need to be

explored as well.

The hypotheses and methodology of the study are presented in the next -

chapter.



III. HYPOTHESES, QUESTIONS, AND METHOD

This chapter outlines the hypotheses, exploratory questions, and research.
methodology. In the first part (A) is the rationale for the hypotheses and the
methodology. The hypotheses and exploratory questions are presented in the
second part (B). The design and data collection procedures are described in the

third part (C).

A. RATIONALE FOR HYPOTHESES AND METHOD

It has been theorized that appraisal purpose has an effect on raters’
cognition (DeNisi, et al.,, 1984; Landy & Farr, 1980; Zedeck & Cascio, 1982). In
the jargon of cognitive psychology, the purpose for appraisal becomes a priming
stimulus. A priming stimulus activates knowledge of a category or schemata, and
hence, facilitates processing of the input (Loftus & Loftus, 1974). Many theorists
discuss this phenomena in terms of spreading activation. Activation of a concept
by priming, makes that concept and related knowledge in memory more accessible
for processing the input (Collins & Loftus, 1975; Ortony, 1978). Thus, the
perceived purpose of appraisal may activate prototypes, mental models, or
generally the good worker schema, and thereby, provide cognitive readiness

(Bruner, 1957) for the interpretation and utilization of performance information.

The different conceptions of the term schema could be classified into broad
categories. Hastie’s (1981) classifications include central tendency, procedural, and
template schemata. Taylor and Crocker (1981) suggest that schemata are of

three types: person schema, event schema, and role schema. Relevant to

44
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performance judgment seem to be the notions of role and person schemata. Role
schema include prototypes or mental models of people in terms of the roles or
behavior in particular occupations like professor or fireman (Taylor & Crocker,
1981). Person schema consist of prototypes of people in terms of traits (Cantor
& Mischel, 1977). Appraisal content also comprises trait and behavior information
(Wexley & Kilimoski, 1984). Good teaching, particularly, depends upon desirable
traits and effective methods or role behaviors (Medley, 1979). Therefore, trait and
behavior cues in the evaluation of college instructors may interact in th‘e

formation of rating judgments for different purposes.

The formation of a rating judgment involves mental transformaion of
information  through the processes of valuation, and integration. This
conceptualization is based on the information integration theory proposed by
Anderson (1981). Valuation involves the process of extracting salient and
pertinent information from stimuli in working memory, and determining their
weighting. Valuation is subjective, and therefore, directly susceptible to the
influence of one’s mental models or schemata. In performance judgment, the
schema of a good worker - a combination of role and person schemata - may
have an influence on the valuation of information, which may affect the
subjective importance and utilization of performance information. The concept of
integration refers to thought processes that combine the differentially weighted
stimuli according to some rule to produce a response. The rules of combining
information into a response, when modeled mathematically, reflect the information
integration strategies; the weightings of cues in the rules reflect the utilization of
information. Thus, in performance judgment, a rater may obtain information

through direct observation of a person in action, retrieve information from
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memory, or use observations recorded by others, but the information obtained is

subjectively Weighted and transformed into a rating response.

However, there is some controversy as to whether people can report the
importance of information in their judgment, which may reflect their subjective
weighting policy. Nisbett and Wilson (1977) have suggested that people tell more
than they know, which casts doubt on people’s ability to report, retrospectively,
the importance of information in their own judgment. Further, in social judgment
research, Brehmer (1976) found that although individuals generally weighted cues
fairly accurately, they failed to apply this knowledge consistently. Similar findings
have been reported by others as well (Slovic & Lichtenstein, 1971; Schmitt &
Hunter, 1977). On the other hand, Ericson and Simon (1978), and Surber (1985)
have provided evidence to the contrary. Therefore, it would be interesting to find
out whether raters in performance judgment show consistency in expreséing the

subjective importance of cues and the actual utilization of similar cues.

Furthermore, cue integration strategies have rarely been studied in relation
to developmental aspects of an individual (Pitz & Sachs, 1984). A developmental
construct that might affect the use of varied information iIntegration strategies
seems to be a person’s cognitive complexity. Theoretically, cognitive complexity
refers to a person’s disposition to view the task environment in a complex or
differentiated manner (Vannoy, 1965). A cognitively complex person has a
relatively more differentiated system of dimensions for processing information,
than a relatively less complex person (Bieri, et al., 1966). Therefore, a
cognitively complex person may employ more strategies of integrating information

than a cognitively simple person.
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Researchers have studied different kinds of information utilization aﬁd
integration models (Anderson, 1981, Einhorn, 1970). These models fall into two
basic categories, compensatory and noncompensatory models (Hogarth, 1980).
Compensatory models entail the linear additive and averaging strategies involving
trade-offs- between dimensions of information. The integration of information in
compensatory models is not interactive. Noncompensatory models on the other
hand, refer to integration strategies that involve interactive use of cﬁes (Billings
& Marcus, 1983;-Einhorn, 1970, 1971; Hogarth, 1980). In a noncompensatory
strategy, such as conjunctive or elimination-by-aspects (Tversky, 1972), the
amount of information utilized per alternative is variable because a low score on
one dimension may not be compensated by a high score on another, causing the

elimination of certain information and alternatives.

The strategies of . information utilization and integration are traditionally
assessed by regression models or policy capturing analysis (e.g. Borko & Cadwell,
1982; Cadwell & Jenkins, 1986; FEinhorn, 1970, Einhorn, Kleinmuntz, &
Kleinmuntz, 1979; Norman, 1986; Slovic & Lichtenstein, 1971; Zedeck & Cascio,
1982). However, mociels of judgment may not be isomorphic with the processes
they represent (Hoffman, 1960). Einhorn et al. (1979) compared process-tracing
protocols and linear regression models. They concluded that both models capture
the same underlying processes but at different levels of generality, and argued
that linear regression models do capture the interactive and contingent processes.
Moreover, the success of the linear regression models in a wide variety of
judgment tasks strongly indicates that some fundamental charactersitic of human

judgment is captured (Goldberg, 1968).
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B. HYPOTHESES AND EXPLORATORY QUESTIONS

In light of the discussion above and the discussion in the previous two
chapters, this study attempted to test hypotheses concerning (a) the eff;ects of
purpose and cue dimensionality on subjective importance and utilization of
information, (b) the consistency between subjective importance and utilization of
information, and (c) the effect of purpose and cognitive complexity on the use of
information integration strategies in performance judgment. The research
hypotheses are stated in sub-sections one to four below, and the exploratory

questions are presented in the fifth sub-section.

1. Importance of Information

Hypothesis 1.A: Appraisal purpose will affect subjective importance

ratings of trait and behavior information in performance judgment.

Hypothesis 1.B: Cue dimensionality will affect subjective importance

ratings of trait and behavior information in performance judgment.

Hpypothesis 1.C: Appraisal purpose and cue dimensionality will
conjointly affect the subjective importance ratings of trait and behavior

information in performance judgment..
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2. Utilization of Information

Hypothesis 2.A: Appraisal purpose will affect utilization of trait and

behavior information in performance judgment.

Hypothesis 2.B: Cue dimensionality will affect utilization of trait and

behavior information in performance judgment.

Hypothesis 2.C: Appraisal purpose and cue dimensionality will
conjointly affect the utilization of trait and behavior information in

performance judgment.

3. Information Importance and Utilization Consistency

Hypothesis 3: Cue utilization in performance judgment will be

consistent with subjective importance of cue dimensions.

4. Information Integration

Hypothesis 4: In comparison to formative judgment, in summative
judgment raters will combine cue dimensions using a noncompensatory

strategy in addition to a compensatory strategy.

Hypothesis 5: In comparison to cognitively simple raters, cognitively
complex raters will combine cue dimensions using a noncompensatory

‘strategy in addition to a compensatory strategy.
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5. Exploratory Questions

The current study also sought answers for two questions of exploratory
interest. These questions  arise from the following two points in the literature»
reviewed in chapter two. First, although schema has been used as an important
explanatory concept in several studies, attempts to quantitatively measure it are
lacking (Fiedler, 1982). Second, the use of standard deviations in assessing halo
isA inappropriate (Pulakos, et al.,, 1986). Hence, the questions of exploratory
interest were as follows: |
1. Can a person’s good instructor schema profile be measured quantitatively?

2. What is the effect of cognitive complexity on halo, when halo is measured

by correlational techniques?
C. METHODOLOGY

1. Subjects

Seventy students enrolled in the Faculty of Education programs at The
University of British Columbia voluntarily served as subjects in this study. The
sample of seventy was considered sufficiently large in order to detect medium to
large effects of the independent variables. A consideration in choosing the sample
was the familiarity with the judgment task. Students in the education programs
at this university are required to evaluate their instructors, and were assumed to
comprehend the performance judgment task as intended. They were also assumed
to have sufficient knowledge of teaching to be able to make judgments on

instructors. Six subjects in the sample were graduate students, 23 were in the
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fourth year, and 42 were in the third year of their teacher education programs.

There were 11 males and 69 females.

2. Instruments

Five measures were administered in this study: two questionnaires, two
performance rating tasks, and a Role Construct Repertory grid. One of the
guestionnaires was a self-report measure of the importance subjects attached to
cues or dimensions of inforﬁation related to the performance of a university
instructor. The other questionnaire was a measure of subjects’ good instructor
schema. Performance rating Task A contained 27 hypothetical ratee profiles; the
other Task B was a single vignette described in sentences. The reliabilites of
these instruments in the present study are reported in the next chapter. All of
these measures are described below in separate sections, and included in the

Appendix.

a. Importance of Information Measure

Dimensionality of cues was reflected in trait and behavior items of
information because appraisal content mainly comprises trait and role information
(Wexley & Klimoski, 1984). The subjective importance individuals attached to
traits and behaviors related to performance was measured using a questionnaire
that listed ten items of information. Five of these items concerned traits and five
concerned teaching behaviors. The trait and behavior items were listed

alternatively.
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The selection of the ten cues included in the instrument was based on
their importance as identified in the instructor evaluation literature (Cohen, 1981;
Frey, Leonard, & Beatty, 1975; Hildesbfand, Wilson, & Dienst, 1971; Kulik &
McKeachie, 1975; Marsh, 1983, 1984). These researchers have commonly found
that most important instructor traits are enthusiam, sociability, warmth,
resourcefulness, and leadership; most important behaviors are planning,
presentation clarity, grading, communication, and reserach activity. The Importance

of Information Measure is included in Appendix B.

Subjects rated the importance of each item of information on separate seven
poiﬁt interval scales. Three points on the scales were anchored as follows: 1 =
least important, 4 = important, and 7 = most important type of information.
The mean ratings on trait and behavior items were used in the analyses as

measures of subjective importance of trait and behavior dimensions.

b. Rating Judgment Task A

A methodological limitation in a majority of previous studies was the use of
a small number of ratees, wusually two to eight. In the present study,
performance judgment Task A consisted of 27 hypothetical ratee profiles on four
dimensions at three levels. Hypothetical ratee profiles limited the amount of detail
that could be included, but were judged to be suitable because it is a procedure
that allows control over the amount of information which was essential in this
study. Moreover, the use of hypothetical profiles were justified because in a real
situation students normally ‘evaluate on general impressions and not on specific

details (cf. Cadwell & Jenkins, 1985).
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Keeping in mind the limitations in human mental capacities (Chapter 2,
Part A.l), it was reasoned that including four dimensions in the ratee profiles
would not result in an information overload, thus, allowing thoughtful rating
judgments. Additionally, a greater number of dimensions would have resulted in a
huge number of possible profiles, and the cues in a fractional replicate would
have occured at a smaller number of times at each of the chosen levels, which

could have adversly affected the impact of the cues on raters evaluations.

Each profile presented information‘ on the two most salient traits and the
two most salient behaviors from the ten included in the Importance of Information
Measure. The traits were enthusiasm and resourcefulness; and the behaviors were
presentation clarity and grading-marking. These traits and behaviors were chosen
because of their popularity and explanatory power (factor loadings) of these
dimensions in the existing evaluation instruments which have been developed and
construct validated through research (Frey, Leonard, & Beatty, 1975; Hildesbrand,

Wilson, & Dienst, 1971; Kulik & McKeachie, 1975; Marsh, 1983).

The four information - dimensions or cues, each at three levels (above
average, average, and below average) make 81 different combinations of ratee
profiles (3%). To expect the participants to judge 81 profiles and to respond to
four other measures would have been unrealistic in terms of their time,
concentration, and motivation. Therefore, to maintain subjects’ concentration for

thoughtful judgments, they were required to rate only 27 of all possible profiles.

The 27 ratee profiles presented to the subjects were obtained by using a

fractional replicate procedure (Winer, 1971). Choosing a one-third fractional
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replicate ensured ﬁhat each dimension was expressed as either above average,
average, or below average the same number of times. In the 27 ratee profiles,
each performance dimension was expressed nine times at each of the three
levels. Hence, each dimension or cue had the same chance of being used in the

formation of the rating judgments.

The 27 replicates were obtained from the fractional factorial tables
developed by Conner and Zelen (1959). These tables have been prepared so that:
(a) no main effects are aliased with other main effects, or aliased with two
factor interactions; (b) as few two factor interactions as possible are aliased with
other two factor interactions; (c) two factor interactions which are only aliased
with higher order interactions are termed measurable (Connor & Zelen, 1959, p.
2). In the one-third replication chosen for the present study, six first-order

interactions (AB, AC, AD, BC, BD, CD) were measurable.

The arrangement of the dimensions within a profile was on a Latin
squares pattern. This was done to ensure an even distribution of any recency or
primacy effects across all dimensions. The set of 27 ratee profiles was collated
into booklets fcllowing Latin squares rotation as well. This was necessary because
there is some evidence that the serial position of ratees has an effect on
performance ratings, although no general pattern has emerged to date (Landy &
Farr, 1980). The rotation of ratee profiles balanced out rater fatigue and
"observer drift" as well, if there was any. Observer drift refers to shifting
criteria at different points in the rating task, which can cause carry over effects,
leniency or stringency in ratings. The factorial combination and Latin squares

arrangement pattern are included in Appendix C.
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A methodological limitation in previous studies was the use of response
scales that do not allow sufficient variability, and thereby, restrict the expression
of subjective judgments. In this study, an eighteen point scale was provided for
a numerical rating jﬁdgment on each ratee profile, because researchers studying
information integration suggest the wuse of a scale with about 20 points
(Anderson, 1982). The rating response or judgr;(lent was required in terms of
suitability for promotion (summative condition) -and in terms of feedback on the
quality of performance (formativef condition). As the same set of profiles was
used for two different appraisal purposes, neutral anchors (very poor, average,

outstanding) were used to mark three points on the scale.

After reading the purpose of appraisal, which was intended as a priming
stimulus, subjects rated each of the profiles in one session. They indicated their
rating judgment by marking a point on the scale for each profile. Each profile
was presented on a separate page in order to inhibit comparative ratings. Care
was taken to code each profile, so that the factorial combination and
arrangement of its dimensions could be traced for the purposes of data analyses.
The iastructions and two typical prbﬁles, one for each appraisal purpose, are

included in Appendix C.

c. Cognitive Complexity Measure

Cognitive complexity was measured using a version of the Role Construct

Repertory (REP) grid introduced by Kelly (1955) and revised by Bieri et al

t The use of the term formative should not imply specific recommendations for
improvement (as it may connote in teacher evaluation literature), because for the
purposes of this study, the ratings required were an expression of judgment only.
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(1966). The' REP grid measure has been found to be valid and reliable across a
number of samples. For example, test-retest reliabilities of .68, .86 and .82 have

been reported in other studies (Schneier, 1979).

However, unlike previous studies, the same elements (roles) and constructs as
in Bieri et al. (1966) were not used in the present study because these lack
face wvalidity in a study on performance judgment. Instead, following the
guidelines provided by Easterby-Smith (1980, 1982), more relevant roles (e.g.
male teacher) and constructs (e.g. decisive-indecisive) were chosen to increase the
face validity of the measure. The constructs chosen were thosee which reflect
important characteristics of a teacher (cf. Hawley, 1982; Medley, 1982, Millman,
1981). The modification of roles and constructs is not likely to have affected the
reliability of the instrument because such modification provides an alternate form
of the measure, a procedure which has been previously used to establish the
reliability of the REP grid measure of cognitive complexity (Schneier, 1979).
However, the reliability of the REP measure in the present study is reported in

the next chapter.

The 10 by 10 (roles by constructs) grid listed roles horizontally on the top
and the constructs vertically on the right. The constructs were calibrated on a
six point bipolar scale. The subjects decided the degree to which each construct
applied to each person inserted for the roles. In this measure, the use of many
degrees of constructs in describing each role person as opposed to using one or
a few degees, indicates complexity (Bieri, et al., 1966). Subjects were asked to
provide a rating in each cell of the grid. The grid was scored for the number

of different judgments made, and because the scoring was reversed (as is usually
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done) the smaller number of different judgments made represented the most

complexity. The REP grid used in this Study is included in Appendix D.

d. Good Instructor Schema Measure

This measure was used for the puposes of exploring the measurement of a
good instructor schema. A technique for quantitatively measuring stereotypes at
an individual level has been offered by McCauley and Stitt (1978,) and
McCauley, Stitt, and Segal (1980). This procedure, based on Bayesian probability
estimation, was adapted for the measurement of a subject’s good instructor

“schema.

In drawing generalizations about classes of people, Bayes rule states:
p(characteristic B/group A) = p(characteristic B) times the p(group A/characteristic
B) divided by p(group A). In other words, p(B/A) = p(B) x LR, where LR is
the likelihood ratio p(A/B)/p(A). LR is called the "diagnostic ratio" (DR), because
it is the measure of the degree by which the occurrence of A revises the
probability of B. When the DR is 1.0, the occurrence of A describes nothing

about the probability of B, that is, the occurrence of A has no diagnostic value.

Using a series of studies, McCauley et al. (1978, 1980) concluded that a
diagnostic ratio of greater or less than 1.0 indicates a stereotype quantitatively.
The departure of the diagnostic ratio from 1.0 indicates the strength of an
attribute of the stereotype. These authors claim that their Bayesian technique is
the first quantitative measure of stereotypes or schema, and it is superior to

other existing group measures. A definite advantage of this procedure is that the
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diagnostic ratio allows schema measurement at an individual level in quantitative

terms.

Several other studies have since measured stereotypes via a probability
estimating procedure. Rasinski, Crocker, and Hastie (1985) constructed a Bayesian
normative criterion based on subjects’ own stereotypes in a study analyzing social
perceiver’s use 6f subjective probabilities. McCauley, Durham, Copley, and Johnson
(1985) used probability estimates to measure stereotypes quantitatively in a study

analyzing the impact of personal experience on population predictions.

The procedure presented by McCauley et al. (1978, 1980) for measuring
stereotypes was adapted for measuring subjects’ good instructor schema in the
present study. Probability estimates were obtained on eight related and two
unrelated attributes of a university instructor. For each attribute, subjects
estimated four probabilities. The following is an example of the probability

statements for the behavior "presents the subject matter with clarity”.

1. p(behavior):- What percentage of instructors present the subject matter with
clarity?
2. p(behavior/group):- What percentage of good instructors present the subject

matter with clarity?
3. p(group/behavior):- What percentage of all instructors who present the
subject matter with clarity are good instructors?

4. p{group):- What percentage of all instructors are good instructors?

Each of the four parts of the probability estimation questionnaire was

presented on a separate page. Subjects were asked to provide their best
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estimates, as they had no way of knowing the exact answers. The first two
probabilities were required to encourage subjects to engagé in Bayesian reasoning.
The second two percentage figures were used to compute a diagnostic ratio for
each attribute, which reflected the saliency of an attribute in relation to the
others. The diagnostic ratios were computed by dividing p(group/behavior) by

p(group). The good instructor schema measure is included in Appendix E.

e. Rating Judgment Task B

Performance rating Task B was presented in order to explore the effect of
cognitive complexity on halo in ratings. It has been suggested that a
methodological weakness in the majority of previous studies is the inappropriate
measure of halo (Pulakos, et al.,, 1986). Prev‘ious studies relied on the standard
deviation of dimensional ratings across ratees, but Pulakos, et al. (1986)

recommended the use of correlation between dimensional ratings.

In this study, halo was assessed by correlation techniques but in a modified
way. Rating Task B consisted of a description of an instructor in a number of
sentences. Although the rating scale included eight dimensions, information related
to performance was supplied on four dimnensions only. In other words, data
were supplied for four dimensions: preparation, presentation, sociability, and
dependability; and deliberately withheld for the other four dimensions:
grading-marking, enthusiasm, communication, and scholarship. This increased the

possibility of halo in the ratings. Rating Task B is included in Appendix F.

The subjects were neither informed of the information withheld, nor
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instructed to provide a rating on all dimensions. They rated each dimension on a
seven point scale. From the ten decomposed ratings, two ratings were computed
for each subject: the average rating on the dimensions with missing information -
rating "x," and the average rating on the dimensions with information included
in the vignette - rating "y." The two ratings (x,y) for each subject in the

cognitively complex and simple rater groups, were used to compute a correlation

reflecting the degree of halo in the ratings of complex and simple raters.

3. Experimental Design and Variables

In tebsting the hypotheses, the present study had three independent
variables. These were appraisal purpose (formative and summative conditions),
cue dimensionality (trait and behavior), and cognitive complexity (complex and
simple). The dependent variables were subjective importance ratings, the
utilization  (regression weights) of trait and Dbehavior information, and

compensatory and noncompensatory information integration strategies.

In the exploratory analysis .concerning halo in ratings, cognitive complexity
was the independent variable. For schema measurement, the dependent measures

were diagnostic ratios in the good instructor schema profiles.

Equal numbers of participants were assigned to the two rating purposé
conditions by random distribution of the questionnaire booklets. The cognitively
complex and simple rater groups were created by eliminating the middle twenty

percent of the subjects, ranked by their cognitive complexity scores.

The data analysis was performed on two levels. Individual level analysis
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was performed to extract measures to represent dependent variables for

between-groups analysis of interest.

For the examination of information utilization, there are two paradigms,
factorial ANOVA and regression (Slovic & Lichtenstein, '1971). The regression
procedure, known as policy capturing or len’s modeling, was used in the present
study. This choice was based on the wide wuse of policy capturing analysis in
previous related research on performance appraisal (Cadwell, 1985; Zedeck &
Cascio, 1982; Zedeck & Kafry, 1977), and in wvarious other areas where
information utilization and integration is of interest (Borko & Cadwell, 1982;

Cadwell & Jenkins, 1986; Norman, 1986).

In policy capturing analysis, a multiple linear regression model is utilized as
a descriptive tool, capturing the various aspects of vicarious functioning (Einhorn,
et al., 1979; Shavelson, Webb, & Burstein, 1986). A structural multiple linear
regression analysis was performed for each subject. The equation was as follows:
Y, = byX; + byX, + b3X; + byX,. In this equation, Y, represented the
vector of rating responses from rating judgment Task A, and X; to X,
represented the four cues or information dimensions. The cue dimensions were
coded 2, 1, and O for above average, average, and below average performance,
respectively. A subject’s rating responses, for the 27 ratee profiles in rating Task
A, were regressed on the precoded values of the performance dimensions. The
unstandardized regression coefficients indicated how much influence each dimension
had in a subject’s rating, and thus, reflected the subject’s information weighting
or utilization policy (Einhorn, 1970, 1971; Einhorn, et al., 1979; Slovic &

Lichtenstein, 1971; Zedeck & Kafry, 1977).
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In the present investigation, policy capturing was used to generate data for
hypothesis testing (Zedeck & Cascio, 1982). Thé policies of apriori groups or
clusters (raters in summative and fdrmative conditions) were compared using
ANOVA procedures. The regression‘ weights and R2%s were used as data for

testing hypotheses concerning information utilization and integration (Anderson,

1977; Zedeck & Cascio, 1982; Zedeck & Kafry, 1977)

Information integration strategies were identified by comparing regression
models. The amount of variance explained by the linear component in the
regression model, reflected the use of a compensatory strategy. The use of a
noncompensatory strategy was inferred from the amount of variance accounted for
by the nonlinear component in regression modeling (Billings & Marcus, 1983;

Einhorn, 1970, 1971, Weldon & Gargano, 1985).

4. Data Collection

After approval from the university ethics committee on research, student
subjects were sought for voluntary participation in the study. The experimenter
administered the instruments to the subjects individually and also in groups of
11, 13, and 21. Every person was administered the same instruments in the
same order with one exception. The exception was that one half of the subjects
were primed to make rating judgments as feedback (formative condition); the
other half were primed to make rating judgments for promotion decisions

(summative condition).

After a brief introduction about the general nature of the project, each
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subject received a questionnaire booklet. This booklet contained the following in
this order: (1) a letter of consent; (2) a page outlining the content of the
questionnaire booklet and the purpose of rating; (3) the Importance of Information
Measure; (4) the Good Instructor Schema Measure; (5) Rating Task A with the
instructions including the purpose of rating as priming stimulus; (6) Rating Task
B; (7) the REP grid. All subjects completed the instruments, in the order
presented, in about 30 to 40 minutes. As the subjects had some familiarity with
the judgment task, no difficulties were encountered in the administration of the

instruments.

The analyses of the data and the results are presented in the next

chapter.



IV. ANALYSIS AND RESULTS

This chapter presents the results in two parts. The tests of the hypotheses
are presented in the first part (A). The second part (B) includes the results of

the exploratory analyses.

Most of the analysis was done using SPSS:X (Nie, 1983) and BMDP
(Dixon, 1983) statistics software. The assumptions underlying the statistical
analyses performed were examined throughout. Where the classical approach to
analysis of variance has been employed, the strength of association between the
variables is expressed by "eta squared". Because in the case of a nested
ANOVA, 1n? tends to be upwardly biased, a conservative estimate was obtained
by dividing the SSgffect by SSiotal (Hays, 1981; Keppel, 1973; Vaughn &

Corballis, 1969).

A. TEST OF THE HYPOTHESES

The research hypotheses were presented in the previous chapter (Part 3.B);
they are presented here as well for ease of reference. Although the research
hypotheses were directional, they were cast into null form for statistical testing.
The hypotheses are translated into statistical terms (effects) corresponding to the
statistical models of analysis. The criterion for rejection of the hypotheses was a
‘two-tail test at the conventional alpha level of .05. As the evaluation of the
hypotheses required ‘different approaches, supporting statistical inf‘orfnation

concerning the variables involved are included.

64
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1. Importance of Information

Hypothesis 1.A stated that Appraisal Purpose will affect subjective
importance ratings of triat and behavior information in performance judgment.
Hypothesis 1.B stated that Cue Dimensionality will affect subjective importance
ratings of trait and behavior information in performance judgment. Hypothesis 1.C
stated that Appraisal Purpose and Cue Dimensionality will conjointly affect
éubjective importance ratings of trait and behavior information in performance

judgment.

The subjective importance given to trait and behavior dimensions of
information was measured by the Importance of Information Measure which had
reliabilities (Cronbach alpha) of 0.81 and 0.73 in formative and summative
conditions, respectively. Subjects, primed with a either a formative or a
summative appraisal purpose, indicated the importance of each item on a seven
point scale. The average importance for trait items, and the average importance
for behavior items formed the two dependent variables which were treated as a

repeated measure of Cue Dimensionality.

A repeated measures "analysis of wvariance (SPSS:X ANOVAR) was
performed with Cue Dimensionality as the within-subjects factor and Appraisal
Purpose as the between-subjects factor. The assumptions underlying the analyses
were met (Winer, 1971). The results are presented in Table 1, and the

relationship between the variables is graphically displayed in Figure 1.

As can be seen in Table 1, the between-subjects effect, that is, the effect

of Appraisal Purpose was not significant, F(1,68)=0.238. Therefore, the null
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hypothesis 1.A was not rejected. The within-subjects effect of Cue Dimensionality
was significant, F(1,68)=39.692, p<.05, and so was the interaction effect
between Appraisal Purpose and Cue Dimensionality, F(1,68)=13.683, p<.05.
Consequently, null hypotheses 1.B and 1.C were rejected. As estimated by %2,
the strength of association between Cue Dimensionality and importance ratings
was 0.118. These results indicate a significant effect of Cue Dimensionality, and
a significant interaction effect of Purpose and Cue Dimensionality on the
subjective importance ratings of trait and behavior information in performance

judgment.

Table 1

The Effect of Purpose and Cue Dimensionality on Importance Ratings

Source DF  Mean Sgs. F Ratio n?

A-Appraisal Purpose 1 0.257 _ 0.238 0.002
S-Within 68 1.081

B-Cue Dimensionality 1 13.578 39.692* 0.118

AB 1 4.681 13.683* 0.041
BS-Within 68 0.342

* p<.05.
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Fig. 1: Mean Importance Rating of Cues

Further analysis was undertaken to identify traits and behaviors which
contributed to the group difference on Cue Dimensionality and the interaction
between Appraisal Purpose and Cue Dimensionality. The average importance
ratings for each dimension are reported in Table 2. The ¢ wvalues (independent
test) in Table 2 indicate that the two appraisal groups differed significantly on
three behavior dimensions (planning-preparation, grading-marking, communication)
and one trait dimension (enthusiasm). The means on the three behavior

dimensions are lower for the summative group, suggesting that raters making
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judgments for promotion did not consider these behavior dimensions as important
as did thé raters evaluating for feedback. In the trait category, although
enthusiasm was considered . most important by both groups, it was significantly
more important for the summative group. Leadership was more important for
summative judgment, but the difference between the groups was not significant.
Except for. research activity, the mean ratings show that the formative group
considered behavior dimensions more important than trait dimensions, although the

difference between the groups was not statistically significant on all dimensions.
Table 2

Mean Rated Importance of Performance Related Information

Formative Summative
Cue Dimension M SD M SD t
Behavior ’
Planning-preparation 6.11 1.2 5.62 0.7 1.79*
Lecture presentation 6.20 1.0 6.09 0.7 0.56
Grading-marking 5.35 1.3 4.71 1.5 1.91*
Communication 6.40 09 5.94 1.3 1.76%
Research activity 3.85 1.7 4.14 1.7 -0.70
Trait
Enthusiasm 5.20 1.1 5.86 1.3 -2.32%
Sociability ' 3.89 1.4 4.31 1.5 -1.28
Resourcefulness 4.94 1.2 5.37 1.2 -1.49
Leadership 4.77 1.3 5.03 1.4 -0.77
Warmth 4.17 1.4 4.66 1.3 -1.52

* p<.05. Note: N=35 in all groups. Scale was 7 points.
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2. Utilization of Information

Hypothesis 2.A stated that Appraisal Purpose will affect utilization of trait
and behavior information in performance judgment. Hypothesis 2.B stated that
Cue \Dimensionality will affect wutilization of trait and behavior information in
performéﬁée judgment. Hypothesis 1.C stated that Appraisal Purpose and Cue
Dimensionality will conjointly affect utilization of trait and behavior information in

performance judgment.

The relative utilization of trait and behavior dimensions of information in
the ratee profiles was measured by regression modeling or policy capturing
procedure described in chapter 3 (Part C.3). A regression model was computed
for each person to obtain the subject’s information utilization policy. The four cue
dimensions in the profiles were regressed on the vector of ratings given to the
27 profiles in rating Task A. The reliabilities were 0.74 and 0.84 (Cronbach
alpha) for summative and formative raters, respectively. As the coded vectors
were uncorrelated, the regression weights were treated as an index of the

relative utilization of the different types of information (Pedhazur, 1982).

The linear regression models estimated were significant for every subject
except for subject 3 in the summative group. Statistics on the proportion of
variance explained by the main effects in formative and summative judgment are
presented in Table 3. As shown in Table 3, it appears that slightly more rating
judgment variance may be explained in formative judgment. Also, raters in the
formative group appear to be more linearly consistent in their rating judgments,

R2=.81, than the raters in the summative group, R2=.76.
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Table 3

Mean, Median, and Range of Variance Explained by Regression Models

Statistic R2 TFormative R2 Summative
Mean » .81 .76
Median .84 17
Highest 94 .92
Lowest .60 62%

* Would be .21 if one outlier (Subject 8) is included.

The average regression weight for trait items and the average weight for
behavior items for each subject (subject 3 was included because one of the
weights was significant) formed the two dependent variables in testing the null
hypotheses 2.A, 2.B, and 2.C (Zedeck & Kafry, 1977). The two average weights
“for behavior and trait items were treated as repeated measures of cue
dimensions. A repeated measures ANOVA was performed with Cue Dimensionality
es the within-subject factor and Appraisal Purpose as the between-subjects factor.
The assumptions underlying the analysis were examined, and as the heterogeinity
assumption was met, the summation of policy captruring data was possible (cf.
Borko & Cadwell, 1982) The results are summarized in Table 4 and illustrated

in Figure 2.

The between-subjects effect, that is, the effect of Appraisal Purpose was not
statistically significant, F(1,68)=1.802. Therefore, null hypothesis 2.A was not

rejected. The withhin-subjects effect of Cue Dimensionality was significant,
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F(1,68)=55.481, p<.05, and so was the interaction between the Appraisal
Purpose and Cue Dimensionality, F(1,68)=23.25, p<.05. Consequently, null
hypotheses 2.B and 2.C were rejected. As estimated by n2, the strength of

association between Cue Dimensionality and utilization of information was 0.296.
Table 4

The Effect of Purpose and Cue Dimensionality on Information Utilization

Source DF  Mean Sgs. F Ratio 72

A-Appraisal Purpose 1 0.323 1.802 0.006
S-Within 68 0.179

B-Cue Dimensionality 1 17.151 55.481* 0.296

AB 1 7.187 23.250%* 0.124
BS-Within 68 0.309

* p<.05.

These results indicate a strong influence of Cue Dimensionality, and a
significant interactive effect of Appraisal Purpose and Cue Dimensionality on
utilization of trait and behavior information in performance judgment. It can be
seen in Figure 3 that unlike formative evaluation, trait and behavior information

contributed almost equally in the formation of summative judgments.
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Fig. 2: Mean Weight of Cues Utilized

In further analysis, the utilization of each information dimension was
determined for both summative and formative groups. As the policy capturing
data were not heterogenious when tested for in the ANOVA, group average main
effects of the information dimensions, as reflected by the regression weights, were
tested for significance by comparing the means with zero via a ¢t test (Norman,

1986). The average regression weight per group is presented in Table 5.

As shown in Table 5, all main effects were significant for summative as
well as for formative judgment, which indicates that all information dimensions

were effectively utilized. As reflected in the mean weights, presentation clarity
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was the most heavily weighted dimension for both appré.isal purposes, followed by
grading-marking for formative judgment and enthusiasm for summative judgment. -
Least weighted dimensions were resourcefulness in formative judgment and

grading-marking in summative judgment.

Table 5

Mean Regression Weights for Formative and Summative Judgment

Formative Appraisal Summative Appraisal
Main Effects Mean t Mean t
b1l-enthusiasm 1.43 15.23* 1.90 15.41%
b2-present. clarity 3.17 21.11% 2.47 12.67*
b3-resourcefulness 1.04 10.64%* 1.29 15.60*
b4-grading-marking 1.61 13.68% 1.21 11.23%

* p<.05.

3. Subjective Importance and Utilization Consistency

Hypothesis 3 stated that cue utilization in performance judgment will be
consistent with subjective importance of cue dimensions. Support for this
hypothesis can be gleaned from the pattern of results for hypotheses 1 and 2
above. Nevertheless, for a more direct test of the hypothesis a substantial
correlation between the mean importance ratings and the mean regression weights

for trait and behavior information was predicted.
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A canonical correlation analysis was used to test the null hypothesis of no
consistency between subjective importance ratings and utilization of cues as
reflected by regression weights. The two sets of variables were (1) the mean
subjective importance (ratings) of trait and behavior information, and (2) the
mean weight given to trait and behavior information for each subject. The
linearity of relationship between variables, normality of their distribution, and
within set multicollinearity were found to be satisfactory in the examination of

scatter plots and distributional statistics (Tabachnik & Fidell, 1983).

The analysis showed a significant and substantial relationship between the
two sets of variables. Two canonical correlations were significant by Bartlett’s
test for eigenvalues. The first canonical cbrrelation was 0.55, X?2(4)=29.99,
p<.05; the second was 0.30, X?(1)=6.14, p<.05 with the first canonical
correlation removed. As a result, null hypothesis 3 was rejected, and it can be
seen in Table 6, that the canonical variates accounted for large amounts of

variance in the original variables.
Table 6

Variance Extracted from Original Sets of Variables by Canonical Variates

Original Sets of Variables

Variate Cann. Corr. JImportance Rating Regression Weight

1 0.55 27.3% 59.1%
2 0.30 72.7% 40.9%
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4. Information Integration

Hypotheses 4 and 5 addressed the wuse of compensatory and
noncompensatory information integration strategies in rating judgments. The
analysis of these hypotheses involved estimating linear and nonlinear rnathematigal
models of information use. In a mathematical model, use of a noncompensatory
strategy or configural use of information produces significant interactions among
bcue dimensions (Billings & Marcus, 1983). Given the fractional factorial design of
the rating task in this study, the six first-order interaction effects (AB, AC, AD,

BC, BD, CD) were measureable.

Two models were estimated for each subject. One was the main effects
model (ME) - the linear_ regression model developed in the policy capturing
analysis. The other was a regression model including both the main and the
interaction effects (MEI). For each subject, subtracting R2-ME from R2-MEI left
the proportion of variance explained by all two-way interaction effects, RZ-INTER

(since the error variance is common to both models).

The proportion of wvariance explained by R2-INTER ranged from .01 to .13
and .01 to .24 for formative and summative ratings, respectively. The means
and standard deviations of the amounts of variance accounted for by the
interaction terms are presented in Table 7. It was assumed that the greater

interactive use of cues would result in a greater amount of explained variance

(Billings & Marcus, 1983).

In order to determine whether a subject integrated cues interactively in

addition to using a linear additive strategy, hierarchical regression was performed,
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Table 7

Mean and Standard Deviation of Variance Explained

Formative Group . Summative Group
R?s M SD M sDh
R2-MEI .86 .07 ' .83 .09
R2-ME .81 .08 .76 .12
R2-INTER .05 .03 .07 .05

where the main effects and interaction effects were predictor variables entered in
two blocks. The main effects were entered in the first block (linear component),
and the interaction terms were entered in the second block (nonlinear component).
The decision rule was that if the increment in variance explained due to the
second block was significant, the subject was considered to be combining the
information dimensions multiplicatively, that is, wusing a noncompensatory

integration strategy in addition to a compensatory strategy.

Hypothesis 4 stated that in comparison to formative judgment, raters in
summative  judgment condition will combine cue dimensions using a
noncompensatory strategy in addition to a compensatory strateggr. To test null
hypothesis 4, the amount of variance due to the interaction terms (R2?-INTER)
was used in an ANOVA (Anderson, 1977). The effect of Appraisal Purpose was

not significant F(1,68)=2.34, and the null hypothesis was not rejected.
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At the individual level, eight subjects in the summative (22.9%) and six
subjects in the formative group (17.1%) were identified as combining cues using
both compensatory and noncompensatory strategies. The configural impact of cue
dimensions is illustrated in Figures 3 and 4 for the 6 subjects in the formative
group, and in Figures 5 and 6 for the 8 subjects in the summative group. A
severe non-parallelism depicts the use of an interactive, noncompensatory strategy
(Anderson, 1982). The graphs portray that in addition to interactive use of the
four cues, subjects also used two pairs of cues interactively. For example, subject
3 (Fig. 3, left panel) combined the pair A and B, and thé pair FC and D,

interactively. Similar pattern is noticeable for the rest of the subjects.
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Hypothesis 5 stated that in comparison to cognitively simple raters, complex
raters will combine cue dimensions using a noncompensatory strategy in addition
to a compensatory strategy. Cognitive complexity was measured by the REP grid
which was scored for the total number of different pairs of responses across the
constructs. The reliability (Cronbach alpha) of the whole grici (100 items) was
. 0.94, using the ratings on ten constructs. As the scoring was reversed, the
smallest total score reflected the most complexity. The smallest score -was 67,

the median was 109, and the largest score was 188.

In order to create two groups (cognitively simple and cognitively complex),
the middle 20 percent (N=14) of the subjects were excluded from the analysis.
Cognitive complexity scores ranged from 66 to 102, and cbgnitive simplicity
scores ranged from 116 to 188, with 28 subjects in each group. The two groups
were significantly different on cognitive complexity scores, #54)=13.52, p<.05,
M=91.32, SD=9.8 and M=146.89, SD=19.4 for complex and simple groups,

respectively).

To test null hypothesis 5, the variance due to the nonlinear component,
that is, R2-INTER was used as the dependent variable for each subject in an
ANOVA (Anderson, 1977). The effect of Cognitive Complexity was siéniﬁcant
F(1,564)=17.45, p<.05. Hence, the null hypothesis was rejected. The means of
R2-.INTER indicate that cognitively complex raters (M=6.2, SD=3.3) combined
dimensions interactively more than the cognitively simple raters (M=4.0, SD=2.5),

in addition to using a compensatory strategy.
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B. EXPLORATORY ANALYSIS

There were two questions of exploratory interest in the present study. One
related to the measurement of good instructor schema, and the other concerned
the effect of cognitive complexity on halo in ratings. The analysis and results

pertaining to these quéétions are presented below in two separate sub-sections.

1, Measuring A Good Instructor Schema

The impact of a person’s schema has been highlighted in several
information processing conceptions of performance evaluation (DeNisi, et al, 1984,
Feldman, 1981). However, mefsurement of schema has not received much
attention (Fiedler, 198?). Therefore, it was of interest to explore if a good
instructor schema profile could be measured. A measure of stereotype developed
by McCauley et al. (1978, 1980) was adapted to measure quantitatively the good

instructor schema profile held by the raters.

It was expected that the attributes irrelevant to the good instructor schema
would not hold a diagnostic wvalue. According to the Bayesian procedure by
McCauley et al. (1978, 1980), a diagnostic ratio (DR) indicates the strength of
an attribute in the schema to the extent the ratio differs from 1.0. Therefore,
diagnostic ratios were computed from the probability estimates
(p(group/behavior)/p(group)) probability estimates for each of the ten attributes
included in the questionnaire. The mean DRS for the entire sample were tested
for difference from 1.0 by ¢ tests, and the results are reported in Table 8 An

examination of the pattern in the DRs indicates that because the DRs for the
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irrelevant attributes are not significantly different from 1.0 and are also much
lower in comparison to the relevant attributes, the Bayesian technique used in
this study seems a valid procedure for measuring a good instructor schema

profile.

Table 8

Mean Diagnostic Ratios in Good Instructor Schema Profile

Dimension M SD t
Social workt 1.31 1.3 1.92
Travellingt 1.42 1.8 1.91
Enthusiasm | 2.45 4.2 2.90*
Presentation 2.67 4.4 3.15%
Outgoing 2.09 3.6 2.53%
Resourcefulness - 2.57 5.0 2.66*
Preparation 2.81 5.1 2.97*
Grading 2.53 4.5 2.83%
Leadership 2.18 3.6 2.74*

" Communication 2.67 5.3 2.65%
* p<.05

T irrelevant attributes

The identification of a good instructor schema permitted further exploration

into the effect of appraisal purpose on attribute strength in the schema profile.
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Trait attributes were expected to be more salient than behavior attributes in
summative conditioh. In formative condition, behavior attributes were expected to
be more salient than trait attributes. In statistical terms, an interaction between

purpose, and trait and behavior schema scores (DRs) was expected.

The mean DR for trait items and the mean DR for behavior items were
treated as the two levels of a within-subject factor, Schema Profile, in a
repeated measures ANOVA. Appraisal Purpose was the between-subjects factor.
The main effect of Appraisal Purpose was not significant, F(1,68)=1.30. The
effect of the Schema Profile was significant, F(1,68)=5.57, p<.05. Also, there
was a significant interaction between Appraisal Purpose and ‘the Schema Profile,
F(1,68)=4.65, p<.05. The significant interaction shows that the saliency of traits
and behaviors in the good instructor Schema Profile was influenced by the

purpose for judgment.

2. Cognitive Complexity and Halo

Exploratory analysis was also done to examine the degree of halo in the
ratings of complex‘ and simple raters. In rating Task B, subjects provided
decomposed ratings on ten different dimensions. Rating Task B had a reliability
of .71 (Cronbach alpha). The vignette evaluated, contained information relating to
only five of the dimensions; information pertaining to the other five dimensions
was missing. Two average ratings were computed for each subject. One rating
was the average of ratings made on dimensions for which information was
supplied, and the other was the average of ratings for the dimensions on which

information was withheld, resulting in a pair of ratings (x,y) for each subject.
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The ratings (x,y) of the 28 subjects in the complex group and the 28
subjects in the simple group were correlated separately to obtain the degree of
halo. The corrrelations were 0.48, p<.05, for the cognitively complex raters and
0.77, p<.05 for the cognitively simple raters. Although the correlations were
significant in both groups, the halo effect, indicated by the strength of the
correlations, was weaker (lower correlation) for cognitively complex raters. The
correlations for the two groups differed significantly, 2=1.76, p<.05, when tested
by Fisher’s z transformation of r (Guilford & Frutcher, 1978). These results
show that cognitively complex individuals rated with less halo compared to the

cognitively simple raters.

In summary, the data did not support a main effect of Appraisal Purpose,
either for subjective importance ratings or for cue utilization. Nevertheless, there
was a significant effect of Cue Dimensionality, and also a significant interactive
effect of Purpose and Cue Dimentionality on both subjective importance and
utilization of information. Purpose did not influence information integration
strategies but cognitive complexity did. In exploratory analysis, a good instructor
schema was quantified, the effect of appraisal purpose on schema profiles was
detected, and the cognitively complex group rated with less halo than the simple

group. These findings are discussed in the following chapter,



V. DISCUSSION

This final chapter provides a review of the findings and their interpretation
in relation to theories and issues in research considered in earlier chapters. The
interpretation of the findings from confirmatory analysis is presented in the first
(A) and second (B) parts. Exploratory results are discussed in the third part (C).
A summary of the findings and the conclusions are presented in part four (D).
The strengths and limitations of the study are discussed in part five (E). In the
sixth (F) and seventh (G) parts, respectively, are the implications and directions

for further research.

A. IMPORTANCE AND UTILIZATION OF INFORMATION

1. Effect of Purpose

It was speculated that purpose of performance judgment will influence the
subjective importance and actual utilization of performance information. The data
did not support a main effect of appraisal purpose, either on importance ratings,

or on cue utilization.

Lack of support for a cognitive effect of appraisal has also been the case
in some of the previous studies (Murphy, et al. 1984; Mclntyre, et al.,, 1984),
but certain differences between these studies and the present are worth noting.
These researchers analyzed rating responses (the product), whereas the dependent
variables in the present study were subjective importance and weighting of

information (the processes). Because how information is mentally weighted reflects

86
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cognitive strategies, the investigation of rater cognition may be considered more
direct in the present study than in others (Murphy, et al.,, 1984; Meclntyre, et
al., 1984). However, the main effect of appraisal purpose on rater cognition was

not observed in the current study either.

Previous findings on the effect of appraisal purpose on raters’ cognition
were inconsistent (Murphy et al.,, 1984; McIntyre et al., 1984; Williams, et al.,
1985, Zedeck & Cascio, 1982). In an investigation of raters’ information
utilization policies, Zedeck and Cascio (1982) found a significant effect of purpose,
but Williams, et al. (1985) suggested the opposite. This mixed findings were from
studies that used different methodologies. As did Zedeck and Cascio (1982), policy
capturing methodology was used to investigate information utilization in the
current study as well. However, the findings in the present study are not in
agreerhent with that of Zedeck and Cascio’s (1982). Therefore, even though the
present study does not lead to a complete resolution, it does suggest that
different methodologies, that is policy capturing versus analysis of ratings, are

not underlying the inconsistent findings of previous research.

The interaction effect of purpose and cue dimensions was significant. When
the interaction effects are significant in an analysis of variance, the main effects
cannot be interpreted in isolation (Kii“k, 1982). As the predicted int';eraction of
purpose and cues was significant, the effect’ of purpose is considered further in

the discussion on the interactive effect of purpose and cue dimensionality.
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2. Effect of Cue Dimensionality

It was speculated that cue dimensionality will influence the subjective
importance and actual utilization of performance information. The data supported
the main effect of cue dimensionality. The effect of cue dimensionality on the
subjective importance of information and utilization of similar information was
uniform, but the effect was stronger in information utilization than in importance
ratings. As -estimated by n2%, 11.8% of the variance in importance ratings and

29.6% of the variance in cue utilization was associated with cue dimensions.

One explanation for the stronger effect of cue dimensionality in information
utilization lies .in the level at which information may have been processed
mentally (Craik & Lockhart, 1972). It is conceivable that actually making the
rating judgments involves deeper processing and mental concentration than
reporting the subjective importance of information. The formation of judgments
involves prototype matching processes, whereby the incoming information is given
meaning and then mentally transformed into a rating response. Therefore, the
stronger effect of cue dimensionality in information utilization allows the
speculation that if schema-induced biases enter performance judgment, they are
likely to be r-nore pronounced when one actually forms the judgment, than when

one decides what kinds of information would be valuable.

As discussed in chapter two, there are few studies that address the effect
of cue dimensionality on information processing in performance judgment. After
all, it is the content of information on which judgments are based, and the

strong influence of cue dimensionality in this study bears it out. Besides, the
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effect of cue dimensionality on inforfnation utilization is a common finding in
previous literature on human judgment research (Nisbett & Ross, 1980; Wallsten
& Barton, 1982). As cue dimensions in this study were traits and behaviors, one
aspect of cue salience appears to be the nature of the information - how

concretely the information can be mentally represented (Nisbett, et al. 1976).

An examination of the dimensional use of information showed that in both
summative and formative conditions, raters gave most weight or priority to
presentation clarity in arriving at their rating judgments. In the second place
was grading-marking for formative appraisal, but enthusiasm for summative
appraisal. In fact, grading-marking was least utilized in summative appraisal. The
raters were student teachers, and therefore, the clarity of presentation may have

been important to them.

The finding that enthusiasm was not the most weighted dimension for
either purpose of evaluation is surprising, when we consider the conclusions of
studies in the Dr. Fox tradition (Néftulin, et al.,, 1973). Researchers of the Dr.
Fox effect have suggested that expressive behavior portraying instructor
enthusiasm is an important source of variation in student ratings (Abrami, et al.,
1982). On such conclusions, the wvalidity of students’ ratings of instructors is
doubted, even though many of the Dr Fox studies lacked internal validity (Frey,
1978). In the present study, enthusiasm was important but not to the exclusion
of presentation clarity. However, in making this comparison we should keep in
mind that in Dr. Fox studies enthusiasm was manipulated behaviorally by using
video tapes of acted lectures, whereas in the present study enthusiasm was

presented as a concept and students attached their subjective meaning to it.
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Another finding in this study runs against a popular belief that casts doubt

on the validity of students’ ratings of instructors for summative evaluation. The
"grading-satisfaction” hypothesis is that students base their ratings on the grades
and marks they receive from the instructors (Cohen, 1981; Marsh & Overall,
1980). The finding in the present investigation is to fhe contrary -

grading-making was considered of least importance in summative evaluation.

Cue dimensionality had a strong effect on subjective importance and
utilization of information, but the predicted interactive effect of cue dimensionality
and purpose was significant as well. Therefore, the effect of cue dimensionality is

further discussed in the next section.

3. Interactive Effect of Purpose and Cues

As predicted, the data supported the interactive influence of purpose and
cue dimensionality on both subjective importance and actual utilization of
performance information. The main effect of cue dimensionality accounted for
11.8% of the wvariance in importance ratings and 29.6% of wvariance in cue
utilization, as estimated by n2%. Comparatively, the interactive effect of purpose
and cue dimensionality accounted for 4.1% of the wvariance in importance ratings
and 12.4% of variance in cue utilization. Although the interactive effect was
relatively weaker, it is the significance of this effect that leads to greater insight
into the nature of information processing in performance judgment, because

human resoning has multiple causes.
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It was found that raters in the formative judgment condition gave more
importance to behavior information; on the other hand, raters in the summative
judgment condition gave more importance to trait information. In an identical
analysis, similar results were obtained on information utilization, but the effect
was stronger. The stronger interactive effect (like the stronger main effect of cue
dimensionality) on information utilization may be a result of the depth of
processing (Craik & Lockhart, 1972). Actually making the rating judgments may
involve deeper processing and mental concentration than r_eporting the subjective

importance of information.

Various theoretical points of view can be drawn upon for the interpretation
of the interactive effect of appraisal purpose and cue dimensionality. It has been
suggested that appraisal purpose orients the rater to select an internal frame of
reference or schema, which guides the interpretation of performance information
(DeNisi et al., 1984). This conception implies that purpose operates as a priming
stimulus (Loftus & Loftus, 1974), and the frame of reference is the set of
mentally stored prototypes or schemata (Taylor & Crocker, 1981). Jlgen (1981)
and Ilgen .and Feldman (1983) suggested that rating judgments result from a
prototype matching or schema based interpretation and utilization of information.
Schematic processing is considered the basic cognitive mechanism in human
judgment (Bruner, 1971; Cantor & Mischel, 1977; Nisbett & Ross, 1980; Taylor
& Crocker, 1981). Schema profiles comprise traits embedded in person schema
(Cantor & Mischel, 1977) and behaviors embedded in role schema (Taylor &
Crocker, 1981). Appraisal content, too, comprises traits and behaviors (Wexley &

Klimoski, 1984).
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Therefore, it seems that pﬁrpose activates a schema profile in terms of
person and role schemata, which provides the basis for evaluating or processing
the information related to performance. The importance given to trait and
behavior information may be induced by person and role schemata, respectively.
Performance information that matches the “initialized" schema profile becomes
more salient than other information. Hence, it can be speculated that subjective
importance and utilization of that information in rating judgments is indirectly
affected by appraisal purpose. The cognitive effect of appraisal purpose appears
to be through schematic processing, and not as direct as envisaged by some
researchers (Landy & Farr, 1980; Murphy et al.,, 1984; McIntyre et al., '1984;

Williams, et al.,, 1985).

The effect of purpose on information utilization in the study by Zedeck and
Cascio (1982) may be interpreted in terms of schema utilization as well. They
did not offer any theoretical interpretation, and restricted their discussion
suggesting that subjects utilized information from manager and consumer
perspectives. The utilization of "bagging skill"‘ and "skill in buman relations" may
have resulted from schematic processing because these dimensions of information
relate to role and person schemata, respectively. If this interpretation of their
study is possible, then taken together, the findings would support the

pervasiveness of schema driven judgment in performance appraisal as well.

Certain findings in the current study (discussed in subsequent sections)
support the above interpretation of the interactive effect of cue dimensionality and
purpose. If it can be assumed that subjective importance reflected mental models

or implicit theories, then the finding of consistency between subjective importance
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and cue utilization endorses the schematic processing exﬁlanation. Likewise, the
exploratory result showing that - good instructor schema profiles varied with
appraisal purpose supports the priming function of purpose and the schematic

processing interpretation of the interactive effect of cue dimensions and purpose.

4. Subjective Importance and Utilization Consistency

The data supported the hypothesis concerning consistency between subjective
importance ratings and utilization of similar information. Canonical correlation
analysis revealed that in making the rating judgments, raters actually used the
information they reported as important prior to performing the rating task. An
indication of a substantive relationship between subjective importance and objective
weighting of the information dimensions is revealed by the fact that two
significant variates were extracted. Unless subjective importance ratings and- the
weights depicting cue utilization had a substantial relationship, obtaining two
significant variates when there were only two variables in each set of original
variables would have been difficult (Marascuilo & Leviﬁ, 1983; Pedhazur, 1982;

‘Tabachnik & Fidell, 1983).

The close relationship between subjective importance ratings and objective
weights, that is, the consistency between information reported as important and
information actually utilized, is interesting because some researchers have
concluded that people are unable to report the importance of information in their
own judgment (Nisbett & Wilson, 1977; Slovic & Lichtenstein, 1971; Schmitt &
Levine, 1977). The substantive relationship between importance ratings and

utilization of information in this study does not support such a conclusion. The-
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finding in this study is similar to that. reported in other studies, which
substituted self reports in regression equations and found median correlations
around .60 between the actual and predicted judgments (Blazer, Rohrbaugh &
Murphy, 1983; Cook & Stewart, 1975; Hoepfl & Huber, 1970). Some of these
studies have been reviewed by Surber (1988). Surber’s subjects were also able to
self-report the importance of information in judgment of children’s achievement,
which made him question the validity of extreme conclusions regarding people’s

inability to report the importance of factors in their judgment.

B. INFORMATION INTEGRATION

Psychologists have long studied judgment and decision processes (for reviews
see Einhorn & Hogarth, 1981; Pitz & Sachs, 1984; Slovic & Lichtenstein, 1971).
Most of these studies extract mathematical models of judgment made in a
multiattribute judgment task and - infer information integration from regression
analyses. In this tradition, the present study investigated how dimensions of

information were mentally combined in performance judgment.

The use of two broad categories of information integration strategies was
examined. One was the compensatory strategy where a person may trade-off
high and low levels of information between dimensions in order to simplify the
judgment task. The other was the noncompensatory strategy where a person
chooses to wuse multiple cut-off strategies to combine multiple dimensions of
information (Hogarth, 1980). The existing literature suggests that compensatory
strategies hold in a wide variety of judgment tasks (Dawes, 1979; Einhorn &

Hogarth, 1981; Pitz & Sachs, 1984; Slovic & Lichtenstein, 1971).
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Mathematical models, specifically multiple regression models, were developed

for individuals to infer their information integration strategies. A linear additive
equafion fits the compensatory strategy, whereas a nonlinear méin and interaction
effects model could reflect a noncompensatory strategy (Billings & Marcus, 1983;
Einhorn, 1970, 1971; Einhorn & Hqgarth, 1981). A comparison of the amount of
variance explained by the two models indicates which model better describes the

strategies being used (Einhorn, et al., 1979).

Overall, only 20 percent of the subjects in this study combined cues
interactively, that is, used some form of a nonlinear, noncompensatory strategy in
addition to using a compensatory strategy. This is not a surprising finding for
compensatory strategies or linear additive/averaging models hold in a large
number of judgment situations (Anderson, 1981; Dawes & Corrigan, 1974; Slovic
& Lichtenstein, 1971). Also, decision theorists recommend the use of linear,

compensatory strategies for optimal judgments (Edwards & Tversky, 1967).

The regression modeling also addresses the linear consistency in information
processing behavior. Linear consistency was indicated by the R? for each
individual. The mean R? values were .86 and .83 for formative and summative
raters, respectively. These high levels of consistency does not support Brehmer’s
(1976) suggestion that individuals may weigh cues fairly accurately but fail to
apply this knowledge consistently. However, linear consistency is likely to be a

result of the number of cues and the correlation between the cues.

Two hypotheses were tested concerning the wuse of integration strategies.

The results are discussed in the next two sub-sections.
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1. Effect of Purpose

The data did not support the hypothesis that the use of information
integration strategies will vary with purpose of judgment. Eight subjects in the
summative condition and six in the formative condition were identified as users
of both compensatory and noncompensatory strategies. For summative as well as

formative purposes, subjects generally used a compensatory strategy.

The results may be different if the number of information dimensions in
the ratee profiles are varied. There is evidence that people’s judgment strategies
vary with the cognitive demand and presentation format of the judgment task
(Crowder, 1976; Einhorn & Hogarth, 1981; Payne, 1976; Wright, 1974). When
Zedeck and Kafry (1977) presented nine dimensions, only four were effectively
utilized on the average, in their study concerning appraisal of nurses. In another
sfudy concerning selection of graduate school applicants, significant differences

existed between the two, four, and six cue conditions (Einhorn 1971).

Further, linear integration of cues is not always the case. There are
situations in which corfigural or nonlinear, noncompensatory cue integration is
present (Birnbaum & Stegner, 1981; Einhorn, 1970, 1971; Janis & Mann, 1977;
Norman & Louviere, 1974; Stumpf & London, 1981; Wallsten & Budescu, 1981).
For example, Stumpf and London (1981) found that configural or nonlinear
models were needed to account for the way student and manager subjects
evalﬁated job applicants. Moreover, it has been argued that the wide application
of the linear model may in part be a result of an artifact of regression analysis

itself (Simon, 1976). Linear multiple regression models are very robust with



DISCUSSION / 97

respect to departures from linearity (Dawes, 1979; Pedhazur, 1982).

Nevertheless, an interesting observation was that the 14 subjects who used
both compensatory and noncompensatory strategies, differed on cognitive complexity
scores from the rest of the subjects. The subjects who used both compensatory
and noncompensatory strategies were markedly more complex, and fell in the top
quartile (67 to 97) of the cognitive complexity scores. The range for the entire
sample was 67 to 188 (lower scores indicate greater complexity). The effect of
cognitive complexity on the use of information combination strategies is discussed

next.

2. Effect of Cognitive Complexity

The hypothesis that cognitively complex raters would use a noncompensatory
information integration strategy in addition to a compensatory strategy, was
supported. An analysis of the amount of wvariance accounted for by interaction
terms in the regression model revealed a significant difference between the
complex and simple rater groups. The mean variance due te interaction terms
was significantly greater for complex raters, which suggests that cognitively
complex raters seem to have a tendency to wuse both compensatory and

noncompensatory strategies.

Cognitive complexity is a developmental construct. The effect of
developmental constructs on cue integration has been generally neglected in
research on human judgment processes (Pitz & Sachs, 1984). Although cognitive

complexity has been a variable of interest in performance judgment, the emphasis’
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in the past has been mainly on psychometric properties of ratings. Few studies,
if any, have investigated the use of information integration strategies by complex
and simple raters. Yet, the finding in the present study is intriguing because of
its congruence with cognitive complexity theory (Bieri et al., 1966; Kelly, 1955;

Vannoy, 1965).

C. FINDINGS FROM EXPLORATORY ANALYSIS

1. Measurement of Schema

Numerous authors have highlighted the role of schema and schematic
processing of information in performance appraisal (DeNisi, et al. 1984; ligen &
Feldman, 1983). For example, DeNisi et al. suggested that a good worker
schema may determine information search and interpretation in performance

judgment.

Although widely accepted as a theoretical construct, measurement of schema
and its utilization has received little attention (Fiedler, 1982). Most of the studies
to dawe have taken for granted that raters apply their good worker schema in
making appraisals. This deficiency in research is perhaps due to the difficulty
associated with measuring schema. Consequently, the present study attempted to

explore the extent to which schema could be measured quantitatively.

McCauley et al. (1978, 1980) outlined a procedure for the measurement of
individually held stereotypes. In this measure, a characteristic related to the

stereotype holds a diagnostic value if its score (diagnostic ratio) differs
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significantly from one. This procedure was adapted to measure quantitativély the
good instructor schema held by subjects in this study. Since schema, as do
stereotypes, have related and wunrelated dimensions (Hastie, 1981; Taylor &
Crocker, 1981; Wyer & Srull, 1981), it was expected that dimensions irrelevant
to a good instructor schema would not hold diagnostic valﬁes, that is, would not

be considered strong attributes of the schema (McCauley, et al. 1978; 1980).

The results confirmed the expectation. Professional travelling and social
(community) work behavior were of lesser relevance to subjects’ good instructor
schemas as indicated by the pattern of diagnostic ratios in the schema profiles.
This affirmed the wvalidity of the procedure used to measure schema. It should be
mentioned, however, that the relevant attributes of a good instructor schema
were not an exhaustive list, although the dimensions included in the measure
were the ones commonly found in performance rating scales. The irrelevant

attributes were selected on an ad hoc basis.

As the data provided support for the measurement of a good instructor
schema  in quantitative terms, further exploratory analysis was undertaken to
examine if different schema profiles were activated by different appraisal
purposes. The composition of schema profiles was expected to be different in
terms of trait and behavior dimensions, and so it was for the two groups of
raters. The saliency of traits relative to behavior dimensions was notable in the
schema profiles of raters in the summative condition; the saliency of behaviors
relative to trait dimensions was notable in the schema profiles of raters in the
formative condition.‘ This f'mdiﬁg supports the inference drawn earlier in this

discussion regarding the influence of appraisal purpose being mediated by the
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schemata activated. However, firm empirical confirmation for .this line of
reasoning will have to await a search for a direct link between schema and
information utilization. It was not possible to establish the direct link between
schema profiles and information utilization in the present study because all

dimensions in the schema measure were not included in the information.

2. Cognitive Complexity and Halo

Since Schneier’s (1977) exploratory research, the impact of cognitive
complexity on performance appraisal has been emphasized by many authors
(Cooper, 1981; DeNisi, et al. 1984; Dunnette & Borman, 1979; Ilgen & Feldman,
1983; Landy & Farr, 1980). Following Schneier’s findings, numerousv researchers
investigated the relationship between cognitive complexity and halo in performance
ratings (Bernardin, et al.,, 1982; Cardy & Carlyle, 1982; Lahey & Saél,\ 1981;
Sauser & Pond, 1981). These studies generally failed to confirm that cognitive

complexity affects the amount of halo in ratings.

The findings show that the skeptical conclusions of earlier researchers about
the importance of cogntive complexity in performance evaluation, may be
premature. In ﬁomparison to the cognitively simple raters, the complex raters
rated with less halo. This is a finding consistent with Schneier’s (1977) results,
but quite contrary to the findings of others (Bernardin, et al., 1982; Cardy &
Carlyle, 1982; Lahey & Saal, 1981; Sauser & Pond, 1981). The results of the
present study tend to support the predictive power of the cognitive complexity
construct with respect to appraisal effectiveness (Cooper, 1981; DeNisi, et al.

1984; Dunnette & Borman, 1979; Ilgen & Feldman, 1983; Landy & Farr, 1980).
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In many respects, the present study was similar to those studies which did

not find a significant effect of cognitive complexity on halo. As did the other
studies, the present study also used the Role Construct Repertory (REP) grid as
a measure of cognitive complexity (Bieri, et al.,, 1966). Moreover, the desc?iptive
statistics for cognitive complexity scores compare well with the norms provided by
Schneier (1979), and the descriptive data reported in other studiest. For examplé,
96 college subjects in Sauser and Pond’s (1981) study had a range of 66 to
195, with the median at 96.. Similarly, the 70 subjects in this study had a
range of 66 to 188, with the median at 103 on cognitive complexity scores
(lower scores indicate complexity). However, an improvement in this study was
that the REP grid had roles (e.g. male teacher) and constructs (e.g.
criticalfuncrtical) that gave the measure greater face wvalidity for use in a

performance appraisal task.

A major refinement in this study that may have brought about the positive
result was the measure of halo effect. In previous studies that reported negative
results, halo effect was indexed by the standard deviation of dimensional ratings.
The inappropriateness of this index of halo has been discussed by Pulakos, et
al., (1986), who noted that the majority of published studies they scrutinized,
used the questionable standard deviation as an index of halo. As recommended
by Pulakos et al, halo effect in the present study was measured using
correlations. Additionally, as described in chapter 3, halo was measured by the
correlation between ratings for dimensions on which necessary information was

either supplied or withheld, thus, creating a situation where halo was highly

T Not all studies report the descriptive statistics for the cognitive complexity
scores of their samples
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probable. Subjects were not forced into rating every dimension, but they did so
on the basis of what was known abouf the ratee. However, the finding here
should be interpreted cautiously. because, forl exploratory purposes, only one ratee

vignette (Rating Task B) was used in assessing the halo effect.

D. SUMMARY OF THE FINDINGS AND CONCLUSIONS

This investigation began with the primary objective of examining how
appraisal purpose, cue dimensionality, and cognitive complexity affect the
subjective importance, utilization, and integration of information in judgment. The
task enviornment was performance judgment of teaching in higher education. The
effects of purpose and cue dimensionality were observed on subjective importance
and utilization of trait and role information. The use of cue integration strategies
was examined in relation to purpose and cognitive complexity. Exploratory
analysis focused on the measurement of good instructor schema profiles, and on
the effect of cognitive complexity on halo in performance ratings. The findings

and the conclusions that can be drawn from these findings, are presented below.

1. There was no appreciable effect of appraisal purpose on subjective
importance and utilization of trait and behavior information in. performance
judgment of teaching. Nor did purpose bear an influence on how
performance information was mentally combined. These findings suggest that
appraisal purpose does not have a direct impact on raters’ mental
processing of information in performance judgment. Its effect, however, may

be mediated by other factors because purpose did interact with the cues.
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Cue dimensionality had a strong impact on both subjective importance and
utilization of information; the effect was stronger in information utilization
than in importance ratings. It is the cues or information that provide the
data on which judgments are based. As a result, the nature of information
seems an important factor affecting the utilization of information in
performance judgment. Cue saliency may be a function of information
content. However, the impact of cues may vary with purpose because an

interaction between cue dimensionality and purpose was observed.

Appraisal purpose and cue dimensionality conjointly influenced subjective
importance and utilization of trait and behavior information. On the average,
raters valued (subjective importance) and utilized trait information more than
behavior information in judgments required for a summative purpose such
as personnel decisions.v For formative judgments, where the rating provided
feedback on the quality of teaching, raters utilized behavior information
more than trait information. This pattern of information utilization suggests
that saliency of information is a function of purpose as well, and that
appraisal purpose has an effect on raters’ cognition but but through the

schema it activates.

Information dimensions were weighted differently for different purposes, but
presentation clarity, an aspect of behavior informatioh, was given the most
attention in both summative and formative judgments. Grading-marking, the
other dimension of behavior information was least weighted in summative

judgment. Enthusiasm, a trait dimension, was important but not to the
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exclusion of other dimensions of information. These findings suggest that
student evaluation of instructors is rational, and may not be necessarily
affected by rewards in terms of grades, or haloed by an instructor’s

enthusiasm.

There was consistency between what raters subjectively considered important
information and their utilization of similar information in making the rating
judgments. This finding suggests that people’s judgments are consistent with
their- subjective values, and that people do have the ability to report what

factors they may consider in making judgments.

Compared to the cognitively simple raters, complex raters made use of
varied strategies in mentally combining dimensions of information related to
performance. Although the subjects mainly used compensatory strategies, the
complex individuals used noncompensatory strategies as well. This finding
indicates that cognitive complexity, the disposition to view multidimensional
stimuli in a differentiated manner, a development construct, affects the use

of strategies in mentally integrating performance information.

A- lower degree of halo effect was observed in the ratings of cognitively
complex subjects. Given their disposition to view multidimensional stimuli in
a differentiated manner, the cognitively complex individuals seem to be less
prone to halo error. Hence, cognitive complexity may also affect the
psychometric characteristics of performance ratings, especially when halo is

indexed by correlational techniques.
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8. The validity of a schema measure of a good instructor profile was
endorsed. As expected, items not related to the schema profile turned out

to be nondiagnostic. This finding indicates that a Bayesian procedure for
quantitatively measuring stereotypes (McCauley, et al.,, 1978, 1980) has the

potential to be developed as a measure of schema.

Like all research, the present investigation has some strengths and
limitations. The conclusions drawn above should therefore be entertained in light

of the strengths and limitations of the study discussed in the next part.

E. STRENGTHS AND LIMITATIONS OF THE STUDY

In ‘order to test hypotheses of theoretical significance, it was necessary to
exercise control over the information provided to the subjects. Therefore, an
experimental procedure was chosen so that some of the extraneous variables (e.g.
the amount of information) could either be controlled. Consequently, a strength of
the study was its internal wvalidity. However, internal wvalidity of a study may
compromise its external wvalidity. The controlleci setting limits the generalizability
that | can be given the resulis. In a normal appraisal setting thé raters may
have more information about the instructor, usually obtained from m.;alny sources
and different occasions. Nevertheless, as a means for investigating questions of
theoretical significance, a simulated task offered certain advantages. If the present
study were to be conducted in vivo, only a crude examination of the raters’
information processing would have beeﬁ possible, because the nature and amount

of information is usually difficult to control in a normal situation.
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The concern for external wvalidity of the present study need not be a
serious one, because findings obtained in laboratory studies of information
integration are not only meaningfully related ~to, but also, under certain
conditions, predictive of real life behavior (Levin, Louviere, & Schepa_nski, 1983).
Levin et al. have reviewed evidence of external validity of laboratory studies on
juror judgments, occupational choice, and hiring decisions. They concluded, "The
controlled laboratory setting is then the ideal place to study how the relevant
factors are evaluated and integrated to determine judgment and decisions that

affect our daily lives" (p. 191).

Besides, psychological research can pursue two different goals: the goal of
predicting behavior, and the goal of understanding behavior. As these goals may
be incompatible, "attempts to pursue both goals within one study will usually
require compromises in procedure that compromise the results, rendering them
unsatisfying for either goal” (Anderson, 1981, p. 91). Moreover, the issue of
external validity should be raised in relation to the purpose of research (Mook,
1983). It should be reiterated that the focus of this study was on information
processing, and not on estimatiﬁg population values on student evaluation of-
teaching. Description and understanding, rather than prediction, was the primary
goal. The basic intention was to clarify the effect of appraisal purpose, cue
dimensionality, and cognitive complexity on the formation of rating judgments.
However, if the findings here may vary from an actual performance evaluation,
one may dismiss the results as Jlacking in external validity, or adopt a more
progressive philosophy and search for conditions that would account -for the

differences (cf. Simon, 1968).
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The confidence in the results of a study depends on the reliability of the
instruments used to collect the data. The reliabilities of the instruments in this

investigation were respectable and ranged from moderate (.7) to high (.94).

It should be pointed out that the cues and the purpose conditions in this
study were sampled systematically in order to include those of most significance,
and the analysis followed a fixed effects rather than a random effects model.
Therefore, the results here may be due to the specification of the variables, and

generalization to other purposes and cues would require due caution.

F. IMPLICATIONS

The findings in this study have several implications. These implications
relate to the theoretical points of view that informed this investigation, relate to
research and policy on performance judgment, and relate to certain issues in

performance appraisal and human judgment in general.

The results indicate that appraisal purpose and cue dimensionality
interactively influence the subjective importance and utilization of performancé
information. This finding has implications for some of the cognitively oriented
theoretical models of performance judgment (Ilgen & Feldman, 1983; Landy &
Farr, 1980). Although these models seem credible, the effect of purpose on
raters’ cognition is not as direct as suggested by the authors. The effect of
purpose on a rater’s cognition could be viewed in terms of schematic processing.
Purpose may operate only as a priming stimulus activating particular schemata

for processing performance information (DeNisi, et al.,, 1984). Furthermore, in
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future theorizing, the effect of purpose could be discussed in relation to cue

saliency.

Cue saliency in past research‘ on human judgment has been manipulated by
varying perceptual features, frequency, and the order of information. In the
current study, trait and behavior cues had an effect on both information
valuation (subjective importance) and utilization. Therefore, theoretical developments
addressing cue saliency should consider information sﬁ*ucture in terms of semantic
dimensions as important influence on information use in judgment. Information

content may determine how concretely the cues could be represented mentally.

The concept of schema utilization as a heuristic for organizing and
retrieving information from memory is well established in the cognitive and social
psychological literature. Schema and the like concepts of stereotypes and implicit
personality theory have become key constructs in performance appraisal models as
well (DeNisi et al, 1984; Cooper, 1981; Ilgen & Feldman, 1983). Schema are
assumed to exist and operate as theorized. The present study is perhaps the
first to provide some evidence for this assumption. From the exploratory analysis
on schema measurement and utilization, we have tentativev evidence that schema
profiles could be quantified, and that appraisal };urpose appears to activate
“specific schemata. It is speculated that schema, activated by appraisal purpose,
guide the utiliiation of performance information. There is evidence that people
seek information mostly tc confirm their theories than to explore others (Shaklee
& Fischhoff, 1982). If performance judgment is schema driven, causes of
systematic biases and errors in performance appraisal may be better understood

as a product of schematic processing.
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. The cognitive effect of appraisal purpose, even if mediated through
schematic processing as speculated, has implications for .accuracy in performance
judgment. The results here | show that raters may actually require different
information to make evaluations for different purposes. Therefore, it will be
necessary to ensure that raters have access to the appropriate information to
make‘ accurate appraisals. Accuracy in performance judgment may be dependent
on accessibility of relevant information. As there ‘are many purposes of
performance evaluation documented by Bernardin and Beatty (1984), the types of
information utilized for different purposes should be clarified for the formulation

of prescriptive principles, and for the design of appropriate rating instruments.

As a study of raters’ cognition, this investigation focused on information
valuation (subjective importance), utilization, and integration. Information integration
theory (Anderson, 1981) provided this perspective. Systematic differences emerged
between individuals and groups, on how they valued and utilized information in
arriving at their rating responses. As a result, analyzing how rating judgments
are formed seems more informative than analyzing the final ratings or products,
as done in the past. Lopes (1982), for example, has shown that judgments can
be improved if one can idenﬁify how the judgments are produced. Thus, studying
how rating judgments are formed, specifically, identifying information utilization
and integration strategies, may accumulate knowledge for prescriptions to improve
rating judgments. From such knowledge might flow implications for rater training,
which in the past has mainly focused on how raters could avoid psychometric

errors (Bernardin & Pence, 1980; McIntyre, et al., 1984).

If systematic biases can be identified in judgment strategies, specifically in



DISCUSSION / 110
information valuation, utilization, and integration, they might be reduced, if not
eliminated (Fischhoff, 1982). Investigating the impact of mental models, schemata,
and implicit theories on performance evaluation will provide a Dbetter
understanding of the cognitive biases or cognitive distortions affecting judgments.
Moreover, it may contribute towayd the question as to wheﬁher factor structures
of performance rating instruments reflect implicit theories or dimensions of actual
teaching behaviors (Abrami, Leventhal, & Dickens, 1981; Larson, 1979; Whitely

& Doyle, 1976).

The results of this study also tend to support the validity of cognitive
complexity theory, given the finding that complex raters made use of both
compensatory and noncompensatory strategies. The results of the exploratory
analysis of the effect of cognitive complexity on performance appraisal provide
some support for the cognitive compatibility proposition (Schneier, 1977), for halo
in ratings was stronger in cognitively simple than in cognitively complex raters.
Thus, the importance of cognitive complexity of raters seems to be rightly
stressed in the process oriented models of performance appraisal (Cooper, 1981;
DeNisi et al. 1984; Landy & Farr, 1980). However, this conclusion is tenuous
because of the use of a single rating taék in assessing halo. Although further
research is needed to reinforce the results in this study, the conclusion of some
researchers that cognitive complexity may not be a useful variable in
performance appraisal research seems premature (Bernardin, et al.,, 1982; Cardy

& Carlyle, 1982; Lahey & Saal, 1981; Sauser & Pond, 1981).

If cognitive complexity of the rater is an important variable in. performance

judgment, it may be used in rater selection. One could also attempt to enhance
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raters’ cognitive complexity through rater training. Although growth in a person’s
cognitive complexity may not be easy to achieve, there is some evidence that it

is possible (Sprinthall & Thies-Sprinthall, 1983).

Moreover, Pitz and Sachs (1984) pointed out that there has been little
integration of research on judgment and decision processes with developmental
aspects, such as moral development (Rest, 1979), which may affect a person’s
ability to treat multidimensional stimuli. The findings in the present study imply
that the difficulty people have in using different strategies may well be a result
of their cognitive complexity, a developmental construct (Bieri, et al., 1966; Kelly,

1955).

The patterns of information use found in this study address certain
controversial issues concerning the wvalidity of student evaluation of instructors.
Arguments have been made for and against the validity of student evaluations
(Centra, 1979). The chief concern among instructors is that students may be
overly biased by how the instructors grade and mark students work, that is, the
"grading-satisfaction hypothesis" (Cohen, 1981; Marsh & Overall, 1980). In the
current study, grading-marking was not given the highest priority, either in
formative or in summative evaluation. In fact, grading-marking was the least
important dimension in summative evaluation. Nor was enthusiasm, a factor in
"educational seduction,” utilized to the exclusion of presentation clarity. Hence., the
dismay among instructors about the validity of student evaluations seems to be

overstated.

The finding of differential use of trait and behavior information in
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performance judgment raises some concern regarding evaluation of teaching at the
school level. Educators advocate that teacher evaluation ought to serve summative
and formative function at the same time, acknowledging the difficulties in
achieving the functions from organizational behavior perspectives
(Darling-Hammond, Wise & Pease, 1983; Millman, 1981). If information is utilized
in relation to the purpose of appraisal, then conducting an appraisal for both
summative and formative purpose at once poses a dilemma from a conitive
perspective as well. Neither purpose may be well served because a supervisor
might provide feedback on behaviors, but consider traits equally or even more
important in deciding the summative rating. Achieving both functions in one
judgment means greater cognitive load. Researchers have found that simplifying
heuristics which may cause erroneous judgment are used more often when task
demands are difficult (Payne, 1976, 1982). Thus, the twin function of teacher
evaluation may be difficult to accomplish without increasing the chances of. less

reasoned and unbiased evaluations.

The consistency between subjective importance of information and utilization
of similar information is a finding that addresses an issue in human judgment in
general. Some researchers have reached pessimistic conclusions concerning peoples’
ability to report the importance of information in judgment (Nisbett & Wilson,
1977; Slovic & Lichtenstein, 1971; Schmitt & Levine, 1977). Other researchers
have questioned the wvalidity of such conclusions (Ericson & Simon, 1980; Surber,
1985). The findings in this study raise doubts about the wvalidity of the extreme
conclusions concerning people’s inability to report the importance of information in
their own judgment. Another implication of this finding is that if people are

trained for performing performance evaluation, the effect of the training is likely



DISCUSSION / 113
to transfer positively, provided that such training has an impact on raters’

subjective values, schemata, or implicit theories.

The present study transferred theories and literature from the psychology of
person perception, judgment and decision making to performance appraisal, and
the results confirmed certain hypothesized relationships. Thus, the theories and
research on person perception, and judgment and decision making may be useful
in other contexts as well, where evaluative judgment is called for. The results
here also reinforce the idea that an attempt to understand raters’ cognition,
particularly information utilization and integration, is a potentially rich route to
unravel some of the causes of problems in performance judgment, or even in
other areas where rating judgments are required. Further, "lens modeling",
specifically, policy capturing methodology may be a valuable tool in such

research, and can be used for hypothesis testing.

The findings and the implications which have been drawn from the findings,
suggest additional inquiry. Some areas of additional research are discussed in the

next section.

~ G. DIRECTIONS FOR FURTHER RESEARCH

As discussed by Bernardin and Beatty (1984), performance judgment serves
several purposes. The present study wused only' two of the purposes in a fixed
effects model. Therefore, how other appraisal purposes interact with cue
dimensionality and influence utilization. of information is yet to be determined.

Similar theoretic perspectives as used in this study may be drawn upon to

~
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develop testable propositions.‘ The present study addressed cue dimensionality from
the perspective of role and person schemata, and the results were in the
predicted direction. Other theoretical bases for presenting performance information
should be explored as well. For example, a further policy captﬁring study could
be developed from attribution theory to study the utilization of consensus,

consistency, and distinctiveness information (Kelley, 1971).

As judgment strategies are quite sensitive to changes in task format,
content, and demand (Einhorn & Hogarth, 1981), whether a greater number of
information dimensions would yield different results remains to be determined.
Few studies have been done on the effect of varying numbers of cues in
performance judgment (Anderson, 1977). Ideally, the design will have to be such
that the amount of information is not confounded with the number of information
dimensions. As information load éffects judgment processes (Payne, 1976, 1980,
1982), further research may explicate the interaction between appraisal purpose
and cognitive load, because performance judgment is often conducted under time

pressures (DeNisi, et al.,, 1984).

The order in which information is presented usually has primacy and
recency effects on judgment. In the current study, the order effect was
neutralized by rotating (Latin squares) the information dimensions in the ratee
profiles. Information presented first may also have effects on subsequent
information. We may therefore determine if trait cues diluté the diagnostic value
of behavior cues, and vice versa. Such research will have implications for theory

concerning cue saliency and for the development of rating instruments.
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Thg cognitive effect of appraisal purpose on information utilization was
tested as a between-subjects factor in this study. Tﬁe findings seem to imply
that despite the recommendation of many .educators, performing both formative
and summative teacher evaluation at once may be cognitively so demanding that
errors in judgment may creep in inadvertantly. A further study would be to

address this issue by using appraisal purpose as a within-subject factor.

The speculation that the effect of appraisal purpose is mediated through
schematic processing needs empirical verification. It is suggested that schema "fill
in the gaps" in the information we receive (Taylor & Crocker, 1981). Therefore,
we may ask if schema and halo are the same phenomenon, or mutually
exclusive but which operate simultaneously. Hence, a further study would be to
compare the cognitive aspects of halo with schema utilization. Such research

would be contingent upon developing a measure of schema at an individual level.

Increasing rating accuracy is a prime goal in performance appraisal. We
may expect greater accuracy in the ratings if information is carefully scrutinized,
compared, eliminated and weighted. Hence, a further study could examine whether
rating accuracy is a function of the manner in which the cues are mentally
combined by the rater. We may test the hypothesis that raters who use both
compensatory and noncompensatory strategies, make more accurate ratings than

those who rely merely on compensatory strategies.

This is perhaps one of the first studies to explore information integration
strategies in relation to cognitive complexity. An obvious next step would be to

replicate the findings in different judgment situations with varying tasks. Such
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research would not only establish how well-founded is the theory of cognitive
complexity, but also reveal the extent to which developmental constructs may

relate to processes in human judgment.

Finally, as the results from the exploratory analysis in this investigatidn
were positive, the Bayesian measure of schema used in this study needs to be
refined through further research. The effect of cognitive complexity on halo should

also be studied further using correlational techniques to index halo.

In conclusion, it is appropriate to note that if performance judgment in
particular and human judgment in general is to be improved, we have to learn
more about how people arrive at their judgments. The findings in this
investigation speak to the need for incorporating purpose for judgment, cue
dimensionality, and the construct of cognitive complexity in research and
theorizing on judgment processes. An undérstanding of what information is utilized
and when, and what factors affect the integration of that information into
judgments, may provide a knowledge base from which conditions for decreasing

the fallibility in our judgments could be determined.
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VII. APPENDIX

A. GLOSSARY

appraisal purpose - the function which a performance judgment is intended to

serve., There are two common functions of performance evaluation of a
university instructor: summative and formative. Summative judgment is used
in making personnel decisions such as promotions. Formative judg,.emt
provides feedback to an instructor on his/her quality of teaching. In this
study formative judgment was an expression of the need to improve, and

excluded guidance and recommendations to the instructor for improvement.

central tendency error - rating toward the middle of the scale.

cognitive complexity - a person’s disposition to view Dbehavior in a

multidimensional manner, as measured by a modified version of the Role

Construct Repertory grid (Bieri, et al., 1966).

compen'sator:y strategy - a category of mental strategies of integrating different

cue

dimensions of information by trading-off between dimensions using an
additive or averaging rule. The amount of variance explained by the linear
component in the regression model indicated the use of a compensatory
strategy (Billings & Marcus, 1983; Einhorn, 1970, 1971; Weldon &
Gargano, 1985).

dimensionality - the nature of an item of information presented in a
performance profile in terms of a trait or behavior. A trait dimension
comprised an item of information concerning a personality characteristic; a
behavior dimension comprised an item of information concerning a role

(teaching) behavior.

decomposed rating - a numerical rating on one of the separate seven point

interval scales included in rating Task B.

good instructor schema - the abstract mental distribution of behavior and trait

attributes in the prototype of a good university instructor. The good
instructor schema was measured by a Bayesian procedure, adapted from the
stereotype measure outlined by McCauley et al. (1978, 1980). The attributes
or the characteristics encoded in the good instructor schema were indexed

by the diagnostic ratios in the schema measure.
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halo effect - an effect of the perceived similarity between dimensions of
information that causes the similarity in decomposed ratings. In the present
study, halo was indexed by the correlation between decomposed ratings of
separate rater groups.

information infegration - the mental combination of items of information in the
mind into a final judgment, indexed by a compensatory or a
noncompensatory strategy.

information utilization - the weight assigned to dimensions of information when
formulating the rating judgments. The regression weights in the policy
capturing analysis portrayed a subject’s information utilization policy. (Slovic
& Lichtenstein, 1971; Zedeck & Cascio, 1982; Zedeck & Kafry, 1977).

leniency error - rating on the side of leniency or favourableness.

noncompensatory strategy - a category of mental strategies of interactively
combining different dimensions of information by determining cut-off levels
and using mulitiplicative rules. The amount of variance explained by the
nonlinear component in the regression model indicated the wuse of a
noncompensatory strategy (Billings & Marcus, 1983; Einhorn, 1970, 1971;
Weldon & Gargano, 1985). '

performance profile - a profile description of a hypothetical university instructor
comprising items of performance related information in terms of traits and
behaviors.

rating judgment - an overall numerical rating given to a profile description of
a hypothetical university instructor on an 18 point interval scale, indicating
suitability for promotion or need for improvement.

stringency error - rating on the side of severity or unfavourableness.

schematic processing - schema based interpretation and utilization of information
(Taylor & Crocker, 1981) .
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B. IMPORTANT INFORMATION MEASURE

1. For Summative Condition

Different types of information can be obtained in order to make an
evaluation of a wuniversity instructor. The . information may reflect different
dimensions listed below. In making your rating judgment, you may like more
information on some dimensions than others. Because your ratings will be used
in making promotion decisions, indicate for each dimension how important will

it be for you to receive information of a particular type. Circle a number on the

scale provided to the right of each dimension. On these scales 1 = least
important, 4 = important , and 7 = most important.

Planning, preparation 1 2 3 4 5 6 7
Enthusiasm 1 2 3 4 5 6 7
Lecture presentation 1 2 3 4 5 6 7
Sociability 1 2 3 4 5 6 7
Resourcefulness 1 2 3 4 5 6 7
Grading, marking 1 2 3 4 5 6 7
Leadership 1 2 3 4 5 6 7
Communication 1 2 3 4 5 6 7 .
Warmth 1 2 3 4 5 6 7

Research activity 1 2 3 4 5 6 7
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2. For Formative Condition

Different types of information can ‘be obtained in order to make an
evaluation of a university instructor. The information may reflect different
dimensions listed below. In making your rating judgment, you may like more
information on some dimepsions than others. Because the purpose of your rating
is to express a need for Mimprovement - provide feedback, on the quality of
teaching, indicate for each dimension how important will it be for you to receive

information of a particular type. Circle a number on the scale provided to the

right of each dimension. On these scales 1 = least important, 4 = important ,
and 7 = most important.

Planning, preparation 1 2 3 4 5 6 7
Enthusiasm 1 2 3 4 5 6 7
Lecture presentation 1 2 3 4 5 6 7
Sociability 1 2 3 4 5 6 7
Resourcefulness 1 2 3 4 5 6 7
Grading, marking 1 2 3 4 5 6 7
Leadership 1 2 3 4 5 6 7
Communication 1 2 3 4 5 6 7
Warmth 1 2 3 ) 4 5 6 7

Research activity 1 2 3 4 5 6 7
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C. PERFORMANCE RATING TASK A

1. For Summative Condition

There are 27 profilest of instructors presented here, one per page. You are
asked to rate each one of these profiles on the scale at the bottom of the page.
Try not to compare one profile with another - it is important that you rate
each profile on its own merit. Do the ratings on your subjective criteria, and

use the same criteria for all the profiles.

Each profile is comprised of observations made on 4 dimensions related to
teaching, The observations are recorded at three levels: below average, average,
and above average. It is suggested that you complete the rating of these profiles

in one session. You may take as long as you wish.

It is important that you keep in mind the function your rating will serve.
Remember that your rating is required to make promotion decisions on the
instructors whose profiles are presented here. Because promotions are crucial
decisions affecting the institution as well as the individual, evaluative ratings become
imperative. In considering these instructors for promotion, the heads of the
departments and the deans will use your ratings in making their decisions.
Promotion to a higher rank means granting pay increases and perhaps tenure.

Therefore, you are asked to evaluate these instructors very thoughtfully.

Please turn over the page and begin the Rating Task A.

T Only one is included here.
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Instructor P13

Observation Recorded as "XX"

Information Below Above
Dimension _ Average Average Average
enthusiasm XX .o .e
presentation clarity .o XX .o
resourcefulness .o . XX

grading and marking XX

How suitable is this instructor for PROMOTION to a
higher rank? Circle a poirit on the scale below :

1 2-3 45 6 78 9 10111213 14 1516 17 18
A OO N IS N S N O N N o T
very poor average . outstanding

please turn over to the next page..
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2. For Formative Condition

There are 27 profilest of instructors presented here, one per page. You are
asked to rate each one of these profiles on the scale at the bottom of the page.
Try not to compare one profile with another - it is important that you rate
each profile on its own merit. Do the ratings on your subjective criteria, and

use the same criteria for all the profiles.

Each profile is comprised of observations made on 4 dimensions related to
teaching. The observations are recorded at three levels: below average, average,
and above average. It is suggested that you complete the rating of these profiles

in one session. You may take as long as you wish.

It is important that you keep in mind the function your rating will serve.
Remember that the main purpose of your rating is to express a need for
improvement or provide feedback. Evaluative ratings provide the instructors
information on their effectiveness. The ratings will not be seen by the heads of the
departments or any one else, and will not affect pay or tenure of the instructors.
However, the general evaluative feedback you will provide may lead the instructors
to improve their performance for the benefit of other students. As instructors need
evaluative feedback to self-improve, you are asked to evaluate these instructors

carefully.

Please turn over the page and begin the Rating Task A.

1+ Only one is included here.
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Instructor F24

Observation Recorded as "XX"

Information ' Below Above
Dimension . Average Average Average
grading and marking XX .o .
enthusiasm | .o .s | XX
presentation clarity XX .o .o
resourcefulness .o XX .o

Evaluaté this instructor's performance. In order to provide
him/her some FEEDBACK, circle a point on the scale below:

9 10 11 12 13 14 15 16 17 18

8
i SN N T T T O A

very‘pod: _ average outstanding

please turn over to the next page..
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3. Coding and Rotation of Profiles

ROTATION

CODING

OoALCMOACnOAC/A

pmOALCMOALCANOA

<APMOACAPNOOALMOA

O AN NOHF A NOO ™A

OCr-H AN NOH - NOO =N

O N O mMONH—OON

O NO ™~ ANO - ANO N

ACMOACAMOUACMOACAROACAOACARLA<M

CACMLACMOACNOAC

MOA<CROUALCMOACAMOAN

<CAROACOMOA<CMOA<CAO

NO A "1 NOCOANANNO™-m-ANO

NO A "1 NQOO - ANNO™-r~ANO

HONFONNHONAON—O

OrMANO T NONO-NO AN

13
14
15
16
17
18
19
20
21
22
23
24
25
26
27

0 - below average, 1 - average, 2 - above average.

Source for coding: Connor & Zelen (1959).

Values:
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D. COGNITIVE COMPLEXITY MEASURE

There are 10 different persons to rate on 10 different dimensions. The

persons are listed on top and the dimensions are listed on the right of the grid

below. In rating the persons, focus on a particular individual you may bring

to mind in each case. For each person, choose the rating category
or indecisive) that you feel is best for the individual you have in
use the scale corresponding the category (e.g. 1, 2, 3 for decisive or

indecisive) to provide a rating for that person in the appropriate cell

When you finish, all cells in the grid will be filled up with a rating,

(e.g decisive
mind. Then
4, 5, 6 for
in the grid.

decisive indecisive
-f t 4 — 1 —f
extrovert introvert
— 4 [ N
r — 4 N —
considerate inconsiderate
. 1 PG | 4 ’
¥ T — Laare t T
practical impractical
f-— 1 1 Iy
! t T - t —
independent dependent
r + + r ' —+
progressive conservative
! . <4 ——t—
uncritical critical
- + 1 - . .,
1] M 1 -
open-minded - close-minded
t + -t —_
good-humored ill-humored
[ > S L. . .
T T ; ‘ T T
systematic unsystematic
1 2 3. 4 5 6
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E. GOOD INSTRUCTOR SCHEMA MEASURE

Directions:

Attached are four sets of questions concerning university instructors. Each
question asks for your best estimate of a proportion. State your estimates as

percentages in whole numbers between 1 and 99.

You are not expected to know the exact percentages for the questions.
However, you are requested to complete every question based on your best
estimate. Make sure you understand the difference between the four different

sets of questions.

Example:
1. What percentage of students do their homework regularly? %

2. What percentage of GOOD students do their homework regularly? %
3. What percentage of ALL students who do their homework regularly are
GOOD students? %

4. What percent of ALL students are GOOD students? %

Did you notice the difference? First question is about ALL students. The
second question is about GOOD students only. The third question is about ALL
students who really are GOOD students. The final question is not specific about
doing homework but is asking for what percentage of students are GOOD

students generally.

You are requested not to come back to the completed questions. Please

turn over the page and begin with the first set of 10 questions.
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First set of 10 queations

1. What percentage of instructors show enthusiasm? %

2. What percentage of instructors present the material with clafity? %

3. What percentage of instructors have outgoing personalities? %

4. What percentage of instructors are resourceful? %

5. What percentage of instructors plan and prepare thoroughly? %

6. What percentage of instructors actively participate in social work or
community service? %

7. What percentage of instructors grade papers very well? %

8. What percentage of instructors show leadership? %

9. What percentage of instructors do a lot of professional travelling? %

10. What percentage of instructors are effective communicators? %

Please do not revise your estimates. Go onto the next page.
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Second set of 10 questions

1.

2.

10.

What percentage of GOOD instructors show enthusiasm? %

What percentage of GOOD instructors present the material with clarity?

%
What percentage of GOOD instructors have outgoing personalities? %
What percentage of GOOD instructors are resourceful? %

What percentage of GOOD instructors plan and prepare thoroughly?

K2

What percentage of GOOD instructors actively participate in social work or

community service? %
What percentage of GOOD instructors grade papers very well? %
What percentage of GOOD instructors show leadership? %

What percentage of GOOD instructors do a lot of professional travelling?
%
What percentage of GOOD instructors are effective communicators?

%

Please do not revise your estimates. Go onto the next page.
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Third set of 10 questions

1.

10.

What percentage of ALL instructors who show enthusiasm ARE good
instructors? %

What percentage of ALL instructors who present the material with clarity
ARE good instructors? %

What percentage of ALL instructors who have outgoing personalities ARE
good instructors? %

What percentage of ALL instructors who are resourceful ARE good
instructors? %

What percentage of ALL instructors who plan and prepare thoroughly ARE
good instructors? %o

What percentage of ALL instructors who actively participate in social work
or community service ARE good instructors? %

What percentage of ALL instructors 'who grade papers very well ARE good
instructors? %

What percentage of ALL instructors who show leadership ARE good
instructors? %

What percentage of ALL instructors who do a lot of professional travelling
ARE good instructors? %

What percentage of ALL instructors who are effective communicators ARE

good instructors? %

Please do not revise your estimates. Go onto the next page.



APPENDIX / 146

Fourth set - just ONE question

1. What percentage of ALL instructors are GOOD instructors? %

There are no more percentage questions. Please DO NOT REVISE your

estimates.
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F. PERFORMANCE RATING TASK B

Read the vignette of an instructor presented below. After reading the
description, rate the instructor on the dimensions following the vignette.
Dr. T comes to class on time and is always very well prepared. Dr.
T tries to present the subject matter clearly, but the students are
often left confused. As a result, many students do not turn up for
Dr. T’s classes regularly. However, they all enjoy Dr. T’s company
and speeches at functions, parties, and other gatherings. Dr. T can
accept criticism from students and also from colleagues. When asked,’
Dr. T takes up responsibilities on committees, and often does very
well. Dr. T drives a Mustang, plays tennis, loves music, and seems
to be a happy person most of the time.
Circle a number on the scales provided to the right of the dimensions. On
these scales 1 = poor, 4 = average, and 7 = outstanding.
Planning, preparation 1 2 3 4 5 6
Enthusiasm 1 2 3 4 5 6
Lecture presentation 1 2 3 4 5 6
Sociability 1 2 3 4 5 6
Resourcefulness 1 5 3 4 5 6
Grading, marking 1 2 3 4 5 6
Leadership 1 2 3 4 5 6
Communication 1 2 3 4 5 6
Dependability 1 2 3 4 5 6

Research activity 1 2 3 4 5 6




